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ABSTRACT 

 
This research investigates the determinants influencing consumers’ intention to subscribe to Over-

the-Top (OTT) services, with a particular focus on Gujarat, India. The expansion of digital 

infrastructure, coupled with low-cost internet and rising smartphone usage, has significantly reshaped 

media consumption behavior, making OTT platforms a leading source of entertainment. Although 

substantial global research exists, there is a lack of region-specific empirical evidence, especially 

within the Gujarat context. To address this gap, the study proposes and validates an extended version 

of the Unified Theory of Acceptance and Use of Technology (UTAUT3), incorporating OTT-

relevant variables such as content quality and perceived value. 

 

The study aims to evaluate the impact of technological, experiential, and perceptual factors on users’ 

behavioral intention to adopt OTT platforms. It further assesses the relative importance of these 

determinants and examines whether demographic variables, including gender and generational 

cohorts, moderate these relationships. A quantitative methodology was employed using a descriptive 

and cross-sectional research design. Data were collected through a structured questionnaire based on 

a seven-point Likert scale, targeting OTT users and potential users across major urban regions of 

Gujarat. A total of 998 valid responses were analysed, obtained through non-probability convenience 

sampling. 

 

Partial Least Squares Structural Equation Modelling (PLS-SEM) was applied to test the conceptual 

model and associated hypotheses. The measurement model demonstrated strong reliability and 

validity, with all constructs meeting acceptable thresholds for Cronbach’s alpha, composite 

reliability, as well as convergent and discriminant validity. The structural model showed substantial 

explanatory capability, with an R² value of 0.730, indicating that 73% of the variation in users’ 

adoption intention is accounted for by the proposed model. 

 

The results indicate that eight out of the nine proposed hypotheses are supported. Performance 

expectancy (β = 0.221) and perceived value (β = 0.200) emerge as the most significant drivers of 

adoption intention, highlighting the importance of functional efficiency and perceived cost-benefit 

advantages. Social influence (β = 0.168) and content quality (β = 0.143) also exhibit a strong positive 

impact, reflecting the role of peer influence and high-quality, engaging content in shaping user 

behavior. Other variables, including facilitating conditions, hedonic motivation, habit, and price 
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value, show positive but comparatively smaller effects. However, personal innovativeness does not 

have a significant impact, suggesting that OTT adoption is no longer driven by novelty but has 

become a mainstream consumption activity. 

Multi-Group Analysis (MGA) findings reveal that gender and generational differences (Generation Y 

and Generation Z) do not significantly influence the relationships within the model, indicating 

consistent behavioral patterns across user segments. Additionally, the Importance–Performance Map 

Analysis (IPMA) highlights performance expectancy and perceived value as critical areas for 

managerial focus, providing practical insights to enhance user satisfaction and increase subscription 

rates. 

 

The study makes a significant contribution by extending the UTAUT3 framework within the OTT 

domain and validating it in an emerging market environment. It emphasizes the growing relevance of 

value-oriented and experience-based factors over innovation-related aspects in determining 

technology adoption. From a managerial standpoint, the findings offer actionable recommendations 

for OTT service providers, content developers, and marketers to improve platform performance, 

strengthen content strategies, and optimize pricing models. 

In summary, the study concludes that OTT adoption in Gujarat is primarily influenced by perceived 

usefulness, value perception, and social factors, rather than individual innovativeness. While offering 

important theoretical and practical implications, the study is limited by its regional scope and cross-

sectional design. Future research may focus on longitudinal analyses, comparative regional studies, 

and the inclusion of emerging variables such as artificial intelligence-based personalization and trust 

in algorithmic systems to gain deeper insights into OTT consumption behavior. 

 

 

 

Keywords 

 

OTT Platforms, Technology Adoption, UTAUT3 Model, Performance Expectancy, Perceived Value, 

Content Quality, Social Influence, Digital Media Consumption 
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CHAPTER 1 – INTRODUCTION 

 
1.1 - Brief History of OTT Adoption 

 
Over-the-top, also abbreviated as OTT, means the direct transmission of video, audio, and other media 

content using the Internet, thus eliminating the use of the traditional broadcast, cable, or satellite 

television systems. OTT services are a notion that came into existence in the late 2000s, and it 

coincided with the spread of broadband Internet and digital streaming technologies. Netflix and Hulu 

are early entrants in the media industry, and they changed the industry by allowing users to access 

movies and TV shows on demand using subscription services. There is significant growth in the OTT 

ecosystem over the years in developing countries and this is due to the increase in the quantity of people 

with access to mobile phones and the Internet. 

 

The usage of the OTT services grew faster in the 2010s owing to the progress in technology and the 

decline in the price of smartphones and the introduction of high-speed mobile Internet technologies 

(including 4G and 5G). The development of local content and cheap subscription services became the 

key trends of impressive advance in markets in India, Southeast Asia, and Africa. According to recent 

studies, the OTT industry in India has been flourishing significantly due to the low cost of mobile data, 

the presence of multiple languages, and culturally oriented content (TIJER, 2024). 

 

The COVID-19 pandemic further enhanced the adoption of OTTs in the world in 2020. The effect of 

quarantine was the increased demand of the digital entertainment due to the constriction. With 

lockdowns, OTT services became key contributors to entertainment and education and social 

connectivity (Agize, 2016). At the start of the 2020s, the consumption of OTTs has stopped being a 

niche phenomenon and turned into a ubiquitous habit of all age groups. International research has found 

that the major long-term determinants of OTT use continuity and customer loyalty are user habits, 

social influence, and content satisfaction (GJEIS, 2022). 

 

The OTT revolution in India started in 2015 with the introduction of local platforms such as Hotstar, 

SonyLIV, and Zee5, subsequently joined by foreign entities like Netflix and Amazon Prime Video. 

The cost-effectiveness of data plans-especially following Reliance Jio's market debut in 2016-

significantly enhanced Internet accessibility and spurred widespread OTT usage. Elements include 
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Bilingual material, regional storytelling, and culturally relevant storylines substantially facilitated the 

sector's swift expansion (TIJER, 2024). The COVID-19 epidemic expedited worldwide and Indian 

adoption as lockdowns restricted individuals to their residences, heightening the desire for online 

entertainment, education, and social interaction (M. S. Kim et al., 2017). By the early 2020s, OTT 

consumption evolved from a niche activity to a ubiquitous mode of media consumption across all 

demographics (GJEIS, 2022). 

 

1.1.1 - Technological and Infrastructure Factors 

 

The willingness of technology and infrastructure is the foundation of the adoption of OTT globally. 

Penetration of the broadband systems, the speed of the Internet, the price of the device, and the stability 

of the platform play a significant role in terms of user experience. In the rich states like the United 

States, Japan, and Korea, advanced internet connection and the use of smart devices have allowed 

unbroken streaming and encouraged multi-platform watching (Maslowska et al., 2017). Additionally, 

technologies like cloud-based content delivery networks (CDNs), artificial intelligence (AI)-based 

recommendation engines, and adaptive bitrate streaming have enhanced the quality of playback and 

minimized buffering to increase the satisfaction of users(Katherine Chen, 2019). 

 

Technical quality has a significant impact on the level of customer satisfaction, and it includes such 

properties as availability of nonstop streaming, low buffering, and compatibility with a variety of 

devices (Kou et al., 2024). Based on the empirical evidence, the usage of over-the-top (OTT) services 

and the advancement of Internet access and pricing, especially in the context of mobile data and 4G 

networks, is significantly correlated, as is reported in the studies that were done in emerging economies. 

 

Technological changes, in the Indian case, have played a central role in bringing about the 

democratization of OTT access. Due to the development of 4G telecommunication networks, the 

number of Internet users has increased more than ever before, thanks to the affordability of mobile 

devices. India is considered to be one of the major leading countries in terms of mobile data utilization 

where urban and rural populations are also involved in digital media utilization. The current 

deployment of 5G networks will result in a significant improvement of streaming quality, allowing the 

creation of new streaming content like VR (virtual reality) and high-quality streaming in ultra-high 

definition (UHD). Geographic disparities have been lessened due to technological advancements 

enabling access to OTT content in the areas that had been underserved (TIJER, 2024). As a result, 
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Infrastructure building has been a key factor to the success and scalability of OTT platform on a global 

and national level. 

 

1.1.2 - Content and Service Factors 

 

The basic value proposition of OTT services is the quality and diversity of the content. Customers all 

over the world take interest in services that feature exclusive, high-quality, and culturally relevant 

content. Originality, a wide variety of genres and availability in a variety of languages are influential 

determinants of customer engagement and retention. Netflix and Disney+ are the two platforms that 

have become popular all over the world thanks to substantial investment in original content that appeals 

to both local and international audiences. 

 

As an example, the regional originals of Netflix like Squid Game (South Korea) and Money Heist 

(Spain) can highlight the way localized stories may acquire a global appeal with the help of localization. 

Further, the material quality such as visual fidelity, narrative integrity and the production values are 

paramount factors in the perceived satisfaction and trust that the users have towards a platform. 

Empirical research revealed that material quality, as well as the diversity of content, is an important 

factor in determining user engagement and retention (Journal IJAR, 2025). Another way to increase 

the perceived value is by means of flexible price structures including freemium access, ad-supported 

streaming, and cheap subscriptions. 

 

OTT platforms have found content localization critical in the Indian scenario. The linguistic diversity 

and the traditions of narratives of the regions of the country require the vernacular material. The Zee5, 

Aha, and SonyLIV platforms have anticipated the localized content in Tamil, Telugu, Bengali and 

Marathi to serve the interests of diverse viewers. Also, the Authenticity and cultural relevance in 

storytelling is also becoming a significant priority because consumers in India are growing more 

interested in the authenticity and cultural relevance of the content they consume. Material accessibility 

has been increased by pricing models, such as freemium models, ad-based levels, and mobile-only 

subscriptions (Journal IJAR, 2025). These versatile approaches give a sense of value and easy 

consumption by the price-sensitive population. 
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1.1.3 - User Motivation and Behavioral Factors 

 

 

Behavioral and psychological factors constitute a fundamental foundation for the acceptance of OTT. 

The Uses and Gratifications Theory (UGT) posits that individuals proactively pursue media material 

to fulfil their desires for amusement, diversion, information, and social interaction, rather than merely 

absorbing what is available. Worldwide, individuals prefer OTT platforms to conventional broadcast 

television mostly because of the ease, customization, and autonomy they provide. Hedonic motivations 

- the pleasure and contentment gained from usage- predominantly influence initial adoption, but the 

establishment of habits and general happiness emerge as more significant indicators of long-term 

retention. Dasgupta (2019) discovered that hedonic and habitual motivations are more predictive of 

sustained OTT usage than utilitarian elements like performance expectations. 

 

Social impact fortifies these behavioral tendencies. A person's initial encounter with an OTT platform 

is often influenced by friends, relatives, and wider social circles, and as engagement becomes habitual, 

OTT viewing is further integrated into everyday existence. In India, this phenomenon assumes a unique 

form: the amalgamation of social media and streaming has cultivated an interactive viewing culture 

where people engage in discussions, share, and critique material, hence enhancing community 

involvement. Indian audiences often engage with OTT material in a communal manner - alongside 

family or social circles - mirroring traditional watching practices adapted to a digital environment. 

Consequently, emotional and social incentives are crucial in maintaining audience allegiance, both 

locally and globally. 

 

 

1.1.4 - Economic and Market Factors 

 

 

Economic factors significantly influence the adoption of OTT services, both worldwide and inside 

India. Consumer price sensitivity, disposable income levels, and the presence of adaptable payment 

options significantly affect an individual's propensity to subscribe to and maintain OTT services. 

Worldwide, platforms have transitioned to hybrid monetization strategies that integrate Subscription 

Video on Demand (SVOD), Advertising Video on Demand (AVOD), and freemium options to cater to 

diverse purchasing capabilities across different regions (Habib et al., 2022). This variety enables 

platforms to attract both high-paying, ad-free audiences and cost-conscious consumers who choose ad-

supported or complimentary access. 
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Market rivalry serves as another essential economic catalyst. In India, over fifty OTT platforms vie for 

attention, resulting in customers encountering regular options and little switching expenses, as the 

majority of subscriptions are available on a month-to-month basis without extended commitments. This 

heightens price sensitivity and leads to "subscription fatigue," causing customers to restrict themselves 

to one or two paying services instead of several concurrent memberships. As a result, platforms are 

progressively utilizing bundling tactics - collaborating with telecom companies like Jio and Airtel to 

include OTT access in mobile or broadband packages - to diminish the apparent cost obstacle and 

enhance affordability. 

 

Trends in Average income Per User (ARPU) further elucidate the financial aspect of adoption: as 

platforms refine pricing structures and advertising resources, user income is anticipated to increase 

despite competitive subscription rates. In India, the low cost of mobile data, one of the most economical 

worldwide, has significantly facilitated the expansion of OTT services, reducing overall access 

expenses and rendering streaming feasible for economically disadvantaged and rural communities. 

Nonetheless, the commercialization of regional and vernacular material is still relatively nascent, 

indicating that although the economic accessibility of OTT has significantly advanced, the financial 

viability of catering to smaller, non-metropolitan audiences is still in development. 

 

 

 

1.1.5 - Environmental and Contextual Factors 

In addition to technology and economics, the adoption of OTT platforms is influenced by the wider 

legislative, infrastructural, and cultural contexts in which they function. Regulatory structures affect 

the speed and character of adoption: in India, OTT content is presently governed by self-regulation 

thru the Digital Media Ethics Code (2021), yet enforcement is erratic, leading to ambiguity regarding 

content standards, censorship anticipations, and platform responsibility. As international platforms 

expand into new territories, varying data privacy standards, content rules, and demands for algorithmic 

transparency increasingly influence the configuration and promotion of services in each area. 

 

 

The infrastructural landscape differs dramatically inside nations, as well as between them. In India, the 

enduring digital divide between urban and rural areas is particularly evident: urban locales enjoy robust 

4G/5G connectivity and reliable bandwidth, whereas rural areas suffer from inadequate infrastructure, 

sporadic connectivity, and diminished digital literacy, all of which hinder fair access to OTT services 

despite decreasing data prices. This contextual void indicates that national adoption figures may 
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obscure significant variations in real user experiences across different regions. 

 

Cultural and societal contexts further influence the consumption and regulation of OTT material. 

Material deemed appropriate in one cultural or political setting may attract regulatory examination in 

another, especially with issues of religion, politics, or sexuality – a trend that has been more pronounced 

in the Indian market. Simultaneously, environmental sustainability is becoming a pertinent issue for 

the industry worldwide, as apprehensions over the energy usage and carbon emissions of data centers 

and high-definition streaming systems intensify, prompting platforms to adopt more energy-efficient 

delivery methods. Collectively, these legislative, infrastructural, and cultural influences create the 

contextual framework within which technical and economic adoption elements function. 

 

 

1.1.6 - Adoption Process Stages 

 

The phases of adopting over-the-top (OTT) platforms are usually four phases including awareness, 

evaluation, acceptance and retention. The major activities, which the potential users learn about OTT 

platforms at the awareness stage, are marketing campaigns, word of mouth, and social media. The 

evaluation phase is a mechanism of evaluating various variables such as cost, usability, and the quality 

of information. Perceived accessibility and satisfaction play a big role in the perception of acceptance 

since users promise the service or start to use it on a regular basis. Information consumption, the sense 

of a consistent value, and constant innovation of content make the retention stage last. 

 

Following the maturation of OTT market places and the escalating competition, scholars have pointed 

out that retention is more decisive than initial adoption. As a result, the academic investigation and 

business strategy must have a thorough knowledge of the adoption lifecycle (ScienceDirect, 2022). 

 

1.2 - Types of Over-the-Top (OTT) Services 

 
Over-the-Top (OTT) services represent a fundamental revolution in how media and communication 

material are transmitted and consumed. These services function over the Internet, circumventing 

conventional distribution methods such as cable television, satellite broadcasting, or physical media. 

The worldwide expansion of OTT platforms is propelled by improvements in internet access, increased 

smartphone use, and customers' inclination towards tailored, on-demand entertainment. OTT services 

may be classified into many unique sorts based on their business structures, content strategy, and 

distribution techniques. 
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1.2.1 - Subscription Video on Demand (SVOD) 

 

One of the best business models in the over-the-top (OTT) industry is the subscription video on 

demand (SVOD) paradigm. This model allows the users’ unlimited access to a library of digital 

media in exchange to a recurrent membership charge, usually a monthly or yearly one. With a 

heterogeneous catalogue that includes feature movies and web series, as well as documentary 

productions, leading SVOD services have gained extensive recognition on the international level, 

such as Netflix, Amazon Prime Video, Hulu, and Disney+ Hotstar. 

 

The fact that an advertisement-free viewing experience is provided is the main feature of the SVOD 

services which increases consumer satisfaction and retention. 

To maintain competitive advantage, these services devote significant resources to content curation 

based on data and the creation of original content. It is estimated that Netflix relates to spend 

approximately US$ 8.5 billion on original content in the fiscal year 2024 25, but this time with a 

significant focus on international ideas. As a result of this trend, the SVOD models focus on the 

constant content renewal, division of the audience, and constant interaction with the customers to 

maintain the long-term customer loyalty. 

 

1.2.2 - Advertising-Based Video on Demand (AVOD) 

 

The Advertising-Based Video on Demand (AVOD) services work on the basis of a free access model, 

allowing users to stream the content free of charge, but in the middle of their viewing, advertisements 

are being delivered. This type of monetization enables platforms to increase the reach of their audience 

as well as receiving income by placing advertisements. Popular AVOD platforms, such as YouTube, 

MX player, Pluto TV, and Tubi have garnered large followings, especially in places where the price 

sensitivity is extreme. 

 

AVOD model has been successful to the emerging market like India where free access is a stimulating 

factor to adoption. Users will need to look at adverts at intervals; nevertheless, these sites use 

algorithmic ad-targeting to match adverts to the interests of users. The targeted advertisement activities 

show the most pertinent advertisements to users based on the areas of interest, location, and behavior, 

which increases the effectiveness of advertising. AVOD, therefore, balances access and profits by 

using the attention of the audience instead of asking individuals to pay. 
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1.2.3 - Transactional Video on Demand (TVOD) 

 

Transactional Video on Demand (TVOD) also known as Pay-Per-View (PPV) is a system that allows 

customers to purchase or rent certain content on a per-use basis. TVOD customers pay individually 

per movie, documentary, or live event that they decide to watch, which not the case with subscription 

arrangements is. There are such prominent examples as Apple iTunes, Google Play Movies, and 

Amazon Prime Rentals. The model is specifically applicable to material of high value, exclusive, or 

fresh material, and the standard cost of renting is between 3.99 & 6.99, and buying costs are not above 

29.99. Both the consumers and the suppliers gain the freedom to receive content without entering into 

long-term subscriptions and better prices on new or exclusive releases respectively. TVOD generally 

covers two types of pricing such as the rental (temporary access), and ownership (permanent access). 

Transactional Characteristics of TVOD attracts the customers who want to have flexibility and control 

over their spending making it a major part of the digital content economy. 

 

1.2.4 - Hybrid or Freemium Models 

 

Hybrid models also known as Freemium systems are a combination of subscription-based and 

advertising-based models. These services offer free access to a small collection of content, which is 

usually funded by advertisements, with exclusivity or ad-free content being offered to subscribers. The 

examples of this paradigm are platforms like Disney+ Hotstar, SonyLIV, Hulu, and Zee5. MX player 

can be seen to implement this strategy by combining advertising-based and subscription video-on-

demand solutions, as it thus draws in a wide range of viewer groups. The hybrid is best where there are 

variations in economic demographics of the region as the willingness to pay of customers in diverse 

regions differs significantly. The presence of premium and free options maximizes the interaction of 

the audience and provides the means of turning free members to paying ones. The freemium model 

ensures revenue diversification and brand awareness through better accessibility. Hybrid OTT models 

are therefore a strategic evolutionary development meant to appeal to mass-market customers and high-

end content viewers. 

 

1.2.5 - Live Streaming OTT Services 

 

OTT Live streaming services provide instantaneous broadcasting of events like sporting events, 

concerts, news and interactive programming. These services are different in that they focus on 

immediacy and user interaction as opposed to the on-demand services. Examples of these are Twitch, 
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ESPN +, DAZN, and SonyLIV Live Sports. The fast-growing live OTT sector can be explained by the 

predisposition of the interactive capabilities of this type of platform, which frequently includes chat-

related services, polling systems, and live commentary, thus contributing to the increased engagement 

of the audience. 

 

The co-interactive behavior, which is described as interaction in real time and simultaneous 

consumption of content, has been reported to have a significant impact on the intention of subscribers 

to join the live streaming services. 

 

The sports broadcasting, especially, has become one of the most prominent contributors to the 

phenomenon, as the DAZN has acquired the biggest portfolio of sports broadcasting rights all over the 

world, including boxing, mixed-martial arts, soccer, and many global tournaments. 

Moreover, this has broadened the scope of live OTT by incorporating live news and entertainment 

events, not just the traditional sporting arena. 

 

Twitch, a leading crowdsourced platform of live streaming, has allowed people to stream content to 

large audiences and, thus, significantly enhanced content creation and viewer interaction opportunities. 

The hybrid funding system that these services use (subscription fees and advertising revenues), thus 

illustrates a merging of live broadcasting and digital interactivity. 

 

1.2.6 - Classification Based on Content and Service Focus 

 

Besides financial means, the OTT services are also distinguished by the content type and focus on the 

offered service. Video OTT applications are focused on movies, series, and TV shows, and such 

platforms include Netflix, Disney+, and Amazon Prime Video. Spotify and Apple Music represent 

audio OTT services that offer musical and podcast streaming services. OTT messaging and 

communication applications like WhatsApp and Telegram provide real-time message exchange and 

multimedia sharing over the internet networks. WhatsApp, a mobile based application that allows 

instant messaging, replaces the traditional text messaging services that were being provided by the 

mobile network operators. Skype, Zoom, and Google Meet are voice and video communication 

technologies that can be used to hold meetings and calls through IP networks. 

 

These communication tools have been particularly valuable in the educational context, where the real-

time captioning, breakout rooms, and communication with the learning management systems features 
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allow fostering participatory and accessible learning experiences. Emerging categories include Gaming 

OTT services, such as Twitch and Google Stadia, which focus on live games streaming and passive 

viewer interactions, allowing viewers to directly impact the gameplay process by voting and interacting 

in a chat. Educational OTT/ EdTech platforms, including Coursera and Unacademy, offer educational 

material in digital form through on-demand video collections and through interactive course content. 

Such classifications show that OTT services do not solely involve entertainment but also 

communication, education, and interactivity. 

 
 

 

 Table 1.1 – Types of OTT platforms  

Type Description Examples 

Video OTT Provides on-demand or live video entertainment 

including films, series, and TV programs. 

Netflix, Disney+ 

Hotstar 

Audio OTT Focuses on music, podcasts, and radio streaming. Spotify, Apple 

Music 

Messaging OTT Offers text, multimedia, and group communication 

services over the internet. 

WhatsApp, 

Telegram 

Voice/Video Call 

OTT 

Facilitates audio and video communication using 

internet protocols. 

Skype, Zoom, 

Google Meet 

Gaming OTT Enables live game streaming and cloud gaming 

experiences. 

Twitch, Google 

Stadia 

Educational OTT 

(Ed-Tech) 

Delivers academic and skill-based learning content. Coursera, 

Unacademy 

 

Essentially, the range of content distribution modalities included in OTT services is a heterogeneous 

set, which is influenced by the technological advancement and new consumer behavior. Five key 

models of business, including SVOD, AVOD, TVOD, Hybrid (Freemium) and Live Streaming, 

exemplify the different ways to monetise and with which ways audiences can be engaged. It is 

estimated that the global OTT market will grow to reach up to 616.42$ billion dollars in 2032, with a 

compound annual growth rate (CAGR) of 21.50%. 
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At the same time, the growing use of OTT into video, audio, communication, gaming, and education 

industries highlights its growing impact on a variety of aspects of the digital economy. As the world of 

broadband becomes more and more widely spread due to the development of high-speed networks and 

the deployment of 5G technology, the OTT industry is transforming the traditional media paradigm 

and represents a flexible and user-driven content consumption model that best exemplifies the 

convergence of technology, entertainment, and interactive experience. 

 

1.3 - OTT Service history and Evolution. 

 
The Over-the-Top (OTT) history is exemplary of the future trend of convergence of digital 

communication and media in the digital age of the internet. OTT refers to deliverables that are sent 

straight to the consumers by the use of the internet by avoiding the traditional media of broadcast 

through which particular activities like cable television and satellite transmission are employed. Its 

popularity started in the early 2000s, however, its roots can be traced back to the mid-1990s, when the 

media delivery through the internet has become a viable option (Mangini et al.2023). The history of 

the OTT services development has followed through the specific stages of technological and behavioral 

development, influenced by the spread of broadband systems, the evolution of smartphones, and the 

preferences of media consumption. 

 

Early Beginnings (1990s–2005) 

The beginning of over-the-top (OTT) streaming is traced to the dot-com boom of the late 1990s, which 

saw much innovation in the digital broadcasting and video-sharing technologies. The first reception 

was hampered by technical factors, such as narrow bandwidth and slow Internet connectivity. The 

release of YouTube in 2005 came as a turning point in the history of OTT services as it offered the first 

service that could provide the opportunities to stream user-created videos to a large audience. As 

Malewar and Bajaj (2020) argue, the acquisition of YouTube in 2006 brought the company to the 

position of the most rated, advertising-supported video service in the world. At the same time, Netflix, 

which started its operations as a DVD-renting company in 1997, also took the plunge into the sphere 

of digital distribution technologies that ultimately instigated an avalanche of change in the 

entertainment sector. These technological innovations caused the end of the linear broadcast models in 

favor of on-demand content consumption. 
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Emergence of Subscription Streaming Models (2006) 

The earliest types of OTT services to be made public were offered in 2006-2010 based on subscription 

models. The concept of Subscription Video on Demand (SVOD) was predetermined by the launch of 

an Internet streaming service by Netflix in 2007. According to Mangini et al. (2023), this innovation 

has provided consumers with access to a large library of films and TV programs without having to use 

physical media or make individual downloads. At the same time, Hulu, which was formed in 2007 as a 

result of a business alliance between NBC Universal and Disney, focused on the provision of on-

demand television programs. The era is also marked by technological advancement in broadband 

Internet, data compression and imminent spread of personal computing equipment. The period saw the 

appearance of the cord cutting movement, when it had been passed by the customers, who have ditched 

the traditional type of cable subscriptions in favor of the Internet streaming. It is a trend that had a 

significant impact on the landscape of the world of entertainment (Shin et al., 2016; as cited in Malewar 

and Bajaj, 2020). 

 

The Expansion Era (2010–2015) 

There was a significant growth in the over-the-top (OTT) sector between 2010 and 2015. This is 

possible due to the high rate at which smartphones are spreading, the launch of 4G mobile networks, 

and the accessibility of cheap plans of Internet data transmissions. It was a period when 

cinematography OTTs (Netflix, Amazon Prime Video, and Hulu) expanded their operations to the 

international market (Malewar and Bajaj, 2020). The Indian ecosystem started growing with the release 

of Hotstar in 2015 that was followed by the release of Zee5 and Voot in 2016, thus covering the regions 

and language variety. Writing about the revolution in the field of data accessibility, Joy and Bahl (2018) 

claim that the entry of Reliance Jio into the Indian telecom market in 2016 resulted in the creation of 

low-cost Internet plans (as cited in Malewar and Bajaj, 2020). This evolution triggered a major launch 

of OTT service penetration. 

 

With the introduction of Netflix Originals, the global release of which started with the first episode of 

House of Cards in 2013, a new age of the development of platform-owned content has begun. By using 

the innovative content as the strategy, the streaming companies could stand out among the competition, 

been able to manage the intellectual property rights and receive the unique audience. At this time, OTT 

platforms have become an essential part of the digital entertainment value chain. 

 

Consolidation and Technological Integration (2016–2019) 

The period of the over-the-top (OTT) industry consolidation and technological integration lasted 
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between 2016 and 2019. To boost user activity, platforms have invested significantly in data analytics 

and personalized recommendation systems (Mangini et al., 2023). The growing popularity of smart 

TVs, streaming devices such as Roku and Amazon Fire Stick, and mobile applications has further 

integrated OTT services into daily life. Through the use of exclusive franchises and material backed 

by the studio, new players, i.e., Disney+, Apple TV+, and HBO Max, have further competitive pressure 

in the content-streaming market. 

 

This era was marked by a shift to advertising-driven models (AVOD) and locally-created content, 

which had increased access to the less-income earning population groups (Habib et al., 2022). These 

advancements cemented the OTT as a source of entertainment delivery and digital marketing platform. 

(AL-Nahdi et al., 2015) argued that digital marketing, promoting through social-media, and influencer 

marketing have become indispensable in customer acquisition and retention. 

 

Pandemic-driven Acceleration (2020–2021) 

 

Additionally, the COVID-19 epidemic served as a significant turning point in the development of over-

the-top (OTT) services. Consumers are increasingly turning to online streaming as a source of 

entertainment and information as a result of global lockdowns and the closing of conventional cinemas. 

Viewership of over-the-top (OTT) content increased by 34% in India in March 2020, which is an almost 

five-year acceleration of the growth that was expected (Malewar & Bajaj, 2020). Film studios started 

distributing movies directly on over-the-top (OTT) platforms, which marked the beginning of the trend 

known as "direct-to-digital release". Without a doubt, the pandemic was responsible for the 

transformation of over-the-top (OTT) services from alternative entertainment channels into 

indispensable components of everyday life. Consumers' behaviors toward subscription-based and 

hybrid streaming services were irrevocably transformed as a result of the crisis, which highlighted the 

endurance of digital media ecosystems (G. Gupta & Singharia, 2021). 

 

1.3.1 - The Modern OTT Landscape (2022–Present) 

 

The characteristics of the current over-the-top (OTT) media sector in particular are the integration of 

technological modalities, the diversification of competitive policies, and monetization hybridization. 

Machine learning algorithms and artificial intelligence (AI) are quickly being implemented by 

platforms to make recommendations more personalized, stream quality better, and anticipate the user 

preferences. (Abbasi et al., 2021) note that a trend has emerged of hybrid models combining advertising 



14  

and subscription revenues to allow services to appeal to a large range of consumer groups. As a result, 

the line between traditional OTT entertainment and social-media entertainment has become even more 

unclear, especially with the emergence of short-form content platforms like Tik Tok, Instagram Reels 

and YouTube Shorts. 

 

The recent empirical studies (Mangini et al., 2023; Habib et al., 2022) have helped to understand the 

increased relevance of brand image, online interactions, and customer satisfaction in determining the 

loyalty of OTT consumers. In addition, Liu et al. (2023) refer to the so-called Generation Z a.k.a. digital 

natives who are used to personalized and interactive media and, therefore, are the most powerful 

generation that fosters the uptake of OTT services. These results highlight the fact that OTT platforms 

have not only served as expounders of passive material; they have become fundamental platforms of 

entertainment, personal interaction, and social interaction to their users. 

 

Future Trends of OTT Services (2025–2030) 

The Over-the-Top (OTT) media industry is predicted to experience ten years of radical 

transformation, which are defined by the invention of new technologies, hybrid ways of 

monetization, and consumer’s behavior changes. It is predicted that the over Loose-over-the-top 

(OTT) ecosystem will be changed in 2025-2030 as a medium that is currently oriented towards 

entertainment into a systemic digital infrastructure, which includes entertainment, education, 

business, and interactive communications. Statista (2025) predicts the global OTT industry(which is 

projected to reach about 400 billion US dollars in 2025) to grow even higher than 600 billion US 

dollars in 2030. This is going to be fuelled by the fast introduction of 5G networks, Artificial 

Intelligence (AI), and personalised digital ecosystems. 

 

Predictive Personalization and Artificial Intelligence 

In 2030, the user experience of OTT websites will be altered by the emergence of Artificial 

Intelligence (AI) and Machine Learning (ML). The following generation of the recommendation 

algorithm is going to utilize predictive analytics to not only suggest material but also predict mood, 

time preferences, and emotional states (Mangini et al., 2023). Such customization will shift towards a 

more predictive than reactive, therefore facilitating hyper-individualization of viewing experiences 

by the platform. AI will improve automated content production and real-time placement of adverts, 

which will result in greater relevance and efficiency in the interaction with users (Habib et al., 2022). 

By the introduction of Natural Language Processing (NLP) and voice-enabled interfaces, OTT 

navigation will be more accessible, especially in multicultural and multilingual areas like India. 



15  

Abbas and Rehman (2024) state that the key element in consumer loyalty is personalization, where 

behavioral data can be used to enhance brand communication and build stronger engagement on the 

platform. 

 

Integration of 5G and Edge Computing 

The 5G networks with the introduction to the edge computing are likely to result in significant 

enhancements in the quality, speed, and reliability of the over-the-top (OTT) services due to their ultra-

low latency and broadened bandwidth (Mangini et al., 2023). The edge computing mitigates the 

content-delivery latency, and it uses data that is processed as close to the end user as possible, therefore, 

improving the stability of the streams and reducing buffering events. Such an intersection of 

technologies will help with immersive kinds of media, which include 360-degree video, holograph TV, 

and live virtual concerts. Music-streaming websites can develop into audio-visual platforms that 

include live performances in an online environment. Liu et al. (2023) point out that the need to provide 

high-quality mobile experiences that are seamless, particularly within the framework of Generation Z, 

will only increase the adoption of 5G-based OTT services in the entertainment sectors as well as in e-

learning. 

 

1.4 - The Emergence of Metaverse and Immersive OTT Experiences 

 
It can be projected that future trends in OTT will be realized in the metaverse, where virtual and 

augmented reality (VR/AR) solutions will be integrated to form immersive content platforms. 

Interactive, multisensory experiences are expected to be involved in OTT service by 2030, when it 

becomes integrated with metaverse platforms. Not merely watching but actually participating in 

content: people will visit concerts, movie releases, or sporting events in three dimensional spaces. 

Currently, the most popular streaming services are examining VR-based storytelling and interactive 

cinema where viewers can affect the storylines by taking part in them in real-time (Abbas & Rehman, 

2024). The streaming aspect of gamification fits the needs of the younger consumers to the interactive 

media. The combination of OTT with metavverse technology could make it possible to facilitate new 

economic formats, including virtual products placement, avatars-based advertisement, and NFT-based 

collectibles correlated with the exclusivity of the content. 

 

Expansion of Hybrid Monetization Models 

The over-the-top (OTT) economy in the future will be more and more based on hybrid monetization 

models, comprising elements of subscription, advertising, and micro-transactions. Traditional 
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Subscription Video on Demand (SVOD) platforms like Netflix are also introducing ad-based packages 

to reduce subscription fatigue and expand their customer base (Habib et al., 2022). Similarly, the 

Advertising Video on Demand (AVOD) platforms are becoming more ad customization so that they 

can remain relevant in a highly saturated industry. Freemium ecosystems with free basic content, 

premium upgrades are likely to become the thriving model of the emerging economies, especially in 

Asia and Africa by 2030 (Mangini et al., 2023). OTT platforms are expected to integrate influencer 

marketing, brand affiliation, and affiliate e-commerce within their business, resulting in entertainment 

and consumer engagement with each other. This overlap is expected to enhance the interdependence 

of digital marketing, brand image and purchase intention hence supporting the results of Habib et 

al. (2022) that digital interaction plays a fundamental role in OTT purchase behavior as a hub. 

 

Growth of Regional and Multilingual Content 

Localization will continue to be a fundamental component of OTT growth till 2030. Platforms are 

significantly investing in regional narratives and multilingual content production to access varied 

cultural markets. Abbas and Rehman (2024) assert that consumers in emerging economies are 

progressively inclined towards localized material that embodies their cultural values, languages, and 

social situations. The OTT market in India is anticipated to exceed INR 300 billion by 2030, with 

regional-language content comprising around 60% of overall consumption (Habib et al., 2022). 

Comparable trends are manifesting throughout Latin America, Southeast Asia, and Africa, where local 

productions are successfully competing with international franchises. AI-assisted dubbing and real-

time translation will augment accessibility, facilitating cross-border content exchange and promoting 

cultural globalization. 

 

Emergence of Sustainable and Ethical Streaming 

Sustainability is anticipated to emerge as a pivotal factor in the forthcoming stage of OTT 

advancement. The rapid expansion of digital streaming has raised apprehensions over energy usage, 

carbon emissions, and electronic waste linked to data centres and high-definition streaming (Mangini 

et al., 2023). Future OTT infrastructure will emphasize eco-friendly data centres, energy-efficient 

compression methods, and streaming networks powered by renewable energy. Ethical concerns, 

including data privacy, algorithmic transparency, and content regulation, will become increasingly 

significant. By 2030, regulatory frameworks are anticipated to enforce more stringent compliance 

mandates for OTT platforms, safeguarding user protection while preserving creative autonomy. Ethical 

AI governance and privacy-by-design methodologies will emerge as competitive differentiators in the 

worldwide streaming sector. 
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1.5 - Global Scenario of OTT Services 

 
The Over-the-Top (OTT) services industry in the world has become a critical player in the media and 

entertainment industry, which has radically introduced new content creation, distribution, and 

consumption trends on the global platform. Unlike the traditional broadcast / cable television models, 

OTT systems provide video content directly to the end-users through internet-enabled devices thus 

bypassing the existing intermediaries. In the last ten years, the model has undergone enhanced 

adoption, which is due to the advancement in technology, changing tastes and preferences of 

consumers, and the proliferation of high-speed internet connectivity. The global OTT market is 

estimated to grow to nearly USD 150.5$ billion in 2021 and reach about USD 241.6$ billion in 2030, 

and its compound annual growth rate (CAGR) is 26.4$ billion in 2023 to 2030. The trend is an 

indication of a certain world transition out of the regular television watching towards on-demand and 

customised consumption of digital media. This breakneck growth also suggests a significant consumer 

readiness to spend on the high-quality content experience, the sophisticated user interface, and access 

to it without references to the device used. 

 

International User Base Growth and Infiltration 

The increase in the number of users of the OTT services has surged to an unprecedented level. The 

number of OTT users in the world was estimated at about 1.1 billion in 2020. As of the end of 2022, 

the number of user base had reached almost 2 billion people, which translates to 82 percent growth in 

two years. It is estimated that the world will have 4.22 billion OTT users in 2027 and that there will be 

an increase in the overall user penetration beside 45.7% in 2023 to 53.0% in 2027. The adoption of this 

technology has been vigorous especially in the emerging economies, which are typified by the use of 

mobile-first internet. The decrease in the entry barriers to the consumption of digital video may be 

explained by the spread of inexpensive smartphones, the presence of competitive prices in the 

telecommunications industry, and the growth of 4G and 5G networks. As a result, OTT platforms have 

not only become accessible to not just urban and high-income populations but also more and more 

rural and semi-urban populations throughout the Asia-Pacific region, Latin America, and Africa. 
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(Figure 1.1 – Video Streaming Revenue Data) 

 

As shown in the chart, this is a drastic and stable rise in OTT revenue globally between the years 2020 

and 2024; thus, indicating the ongoing growth and consolidation of the digital streaming space. Market 

entry was at USD 24.8 billion in 2020; it recorded a significant growth to USD 26.5 billion in 2021, 

which shows that the market has an excellent growth per year. This first surge can be explained by the 

fact that the OTT platforms were quickly assimilated during the COVID-19 pandemic where mobility 

was limited, cinemas closed, and the need to significantly increase the use of digital entertainment 

drastically changed the consumer viewing behavior. The crisis acted as a booster giving both new and 

existing users impetus towards ad-based and subscription-based streaming platforms, eventually 

adding to the revenue base of the sector. 

 

This trend continued into 2022, as the revenues increased to USD 27.5 b billion, indicating that the 

pandemic-driven growth was not a one-off event but created permanent interest of the consumers 

towards the OTT services. This phase is an indicator that OTT services have become established as a 

main channel of consumption of content and not a temporary substitute in exceptional situations. 

Further development also highlights wise investments by streaming companies in original content, 

regional language content and international distribution systems, which would boost user retention and 

monetization opportunities. 

 

However, the figures indicate a progressive slowdown in the growth rate of the years which followed 

the same period under review. In 2023 and 2024, revenue slightly increased to USD 27.9 bn and USD 
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28.1 bn, respectively, which shows that the OTT industry is in the next stage of its development, i.e., 

a more mature stage. As the growth continues, dampened incremental gains indicate increasing market 

saturation in established markets, increased inter-platform competition and sensitivity to the price of 

subscriptions. The transition to this phase signifies a shift in structure whereby the rapid subscriber 

acquisition approach will be replaced by a stabilization of revenue where platforms will seek to depend 

on differentiated content strategies, hybrid monetization models, and operational efficiencies to 

continue making profits. 

 

The revenue trend from 2020 to 2024 highlights the robustness and enduring viability of the OTT 

business. The persistent upward trend, notwithstanding a deceleration in growth rate, signifies a 

fundamentally robust industry bolstered by changing consumer choices, technical innovations, and the 

worldwide transition towards on-demand digital entertainment. From a comprehensive analytical 

viewpoint, the identified trend indicates that forthcoming growth in the OTT sector will likely be 

propelled less by volume increase and more by strategic innovation, regional market penetration, and 

improved value extraction per user, signifying a shift from an expansion-driven phase to a 

consolidation-focused growth model conducive to long-term industry stability. 

 

Regional Distribution of OTT Growth 

 

North America is the biggest market in terms of the over-the-top (OTT) services in the world. This can 

be explained by the fact that it adopted such services early enough, has a large pool of internet users, 

and has a high consumer purchasing power. Embarkation of multinational OTT companies, 

development of standardized advertising models have helped in the collection of a steady revenue in 

the region. However, current statistics show that growth rates in North America are returning back to 

the historic levels with indications that the industry is at a maturation stage. 

 

India, China, South East Asia and South Korea are the major growth drivers of the OTT market in the 

Asia-Pacific region. These are the territories that contain high populations with discretionary spending 

that is being channelled more towards digital media. In addition, the demand of content that is specific 

to the major languages that are spoken in these localities is high. There is an increased adoption of 

OTT services in Latin America, which is also occurring in certain areas of the Middle East and Africa. 

The growth is based on the proliferation of mobile broadband access, as well as the strategic efforts to 

localize content. 
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(Figure 1.2 – OTT Growth Revenue Prediction) 

 

The illustration of the OTT user data up to the year 2026 and later on shows that there is a healthy and 

accelerating growth curve in the international OTT ecosystem, which highlights the fact that streaming 

services are expanding with time by increasing size and more penetration. The data reflects a consistent 

and considerable increase in user-related economic value per annum since 2022 when the figure began 

with a rate of approximately USD 200. The values increase to USD 251.6 and USD 316.76 in 2023 

and 2024, respectively, which indicates an early period of rapid adoption due to improved internet 

connectivity, lowering smartphone prices, and the general acceptance of the on-demand consumption 

of video content among different demographics. This era marks the transformation of OTT platforms 

as platforms of specialized digital options into leading providers of entertainment. 

 

The further growth is steepest in 2025, where the values get USD 399.12 and USD 503.29 suggesting 

that it is a qualitative change in the trends of user engagement and monetization. This step shows an 

increase in user base and increment in the income generated per user through subscription 

improvement, premium content offering and implementation of hybrid monetization approaches 

combining subscriptions and advertisement. The steady growth to 2027 and 2028, reaching USD 

635.16 and USD 802.2 respectively, illustrates the solidified platform ecosystems, supported by the 

investments in original content, regional and multilingual television as well as personalized 

recommendation systems that enhance user retention and watching activity. 
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The growth will be significantly higher starting in 2029 with the values related to users exceeding USD 

1,000 in 2029 and reaching USD 1,623.89 in 2031 and USD 2,057.47 in 2032. This sharp uptrend is a 

symptom of a compounding effect caused by an expansion of the market in developing economies, 

accumulation of household subscriptions, and the transformation of OTT platforms into full-service 

digital entertainment hubs, which also include films, series, live sports, and interactive content. The 

level of growth in this decade is an indicator of a growing consumer willingness to allocate money 

towards high-quality, differentiated, platform-specific content, and the growing role of data-based 

advertising incomes in ad-based OTT packages. 

 

The statistics tell a unique narrative of relentless and quickened growth in the number of OTT users, 

signifying quantitative and qualitative improvement of the user engagement. According to the trend, 

the OTT industry is entering a phase of stable acceptance and consolidation into a maturity phase of 

cyclical growth characterized by scalability, revenue diversification, and increased economic 

significance. The trend suggests that the future competitiveness of the OTT industry will rely not only 

on the user acquisition but also on the ability of platforms to increase the lifetime user value by 

introducing content innovations, integrating technologies, and using adaptive monetization tactics, 

which will entrench the critical role that OTT services will play in the evolving global media and 

entertainment market. 

 

Revenue Models and Monetization Trends 

 

The economic system of the global ecosystem of over-the-top (OTT) services is supported by numerous 

revenue systems. Substance Video on Demand (SVOD) continues to dominate the monetization model 

of the well-developed economies, with Advertisement Video on Demand (AVOD) and freemium 

models increasingly becoming popular in the price-sensitive markets. According to projections, it is 

expected that the average revenue per user (ARPU) of the OTT video industry will reach about USD 

$90.14 in 2027. This positive trend in ARPU is indicative of the increase in monetization effectiveness 

and the development of hybrid pricing mechanisms. The trend of ever-increasing popular platforms 

now uses subscription schemes that are supported by advertisements to achieve a balance between the 

cost-efficiency and commercial sustainability. The importance of this change has been further 

compounded by the fact that customers are growing more dissatisfied with subscriptions and are in 

need of cheaper options to entertain themselves. 
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(Figure 1.3 – OTT Revenue Distribution OTT/SVOD/PPV-Downloads) 

 

Over three hundred million people in India have seen videos on the internet by the time the 2019 fiscal 

year came to a close. There was a significant shift in the manner in which individuals viewed digital 

videos. It is anticipated that this number would draw close to 500 million viewers by the time the fiscal 

year 2023 rolls around. The result would be that India would become the second-largest market for 

internet video in the world, behind only China. It is anticipated that by the year 2022, the amount of 

video traffic on India's internet would have increased from 1.5 Exabyte per month to 13.5 Exabyte per 

month. This growth occurred since 2017. Video content accounts for more than 77 percent of all traffic 

on the internet. The significant expansion of video content inside India's digital ecosystem is evidence 

of the significance of this medium 

 

The forecasts of OTT video revenue between 2017 and 2025 suggest a structural shift in the revenue 

framework of the world-OTT ecosystem, as advertising-based and subscription-based business models 

showed faster growth as compared to the pay-per-view and download revenue. In 2017, the video 

advertising sales were USD 35.54billion, Subscription Video on Demand (SVOD) USD 27.68billion 
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and pay-per-view/download USD 9.30billion. At this stage, OTT business was still in its infancy; in 

the early days of its monetization, the platforms largely depended on advertisement and subscription 

as the main business model with transactional models playing a secondary role. The sales of advertising 

improved USD54.10billion to USD75.96billion and the SVOD revenues improved USD34.42billion 

to USD43.86billion in the period of 2018-2019. The OTT services are increasingly becoming popular 

among the customers and advertisers, due to the development of internet infrastructure, increased 

smartphone penetration and the shift of advertising money out of the traditional media to the digital 

video platforms. The pay-per-view and download revenues also showed slight growth, but their role 

was limited, which indicates that the consumers are switching to subscription-based access, 

government to transactional content. 

 

The COVID-19 pandemic resulted in the global change in the media consumption patterns, specifically 

in increasing the rate of change since 2020. In 2020, advertising revenues amounted to USD 

107.50‛billion and then to USD 148.60 b billion and USD 177.50 b billion in 2021 and 2022, 

respectively. This fast growth explains the increased popularity of OTT platforms as an advertisement 

channel, supported by advanced data analytics and personalized content delivery. With the adoption of 

binge-watching and on-demand viewing by consumers, revenues of the SVOD were USD 59.02billion 

in 2020 and USD 73.40billion in 2021 and USD 80.81billion in 2022. 

 

After 2023, the OTT market is consolidating and expanding. In 2023, the advertising revenues will 

amount to USD 205.10billion with potential of reaching USD 258.00billion in 2025 thus being the 

main source of income of OTT operators. This leadership is indicative of a calculated move to mixed 

types of monetization, where platforms combine ad-supported and subscription levels to capture 

maximum reach and profitability. The projections show that in 2023, the SVOD revenues will be USD 

95.35billion whereas in 2025, the revenues will be USD 118.50billion, which means that the concept 

of subscription-based consumption remains relevant to OTT monetization events despite consumer 

price sensitivity. Nevertheless, the revenue of pay-per-view and download is expected to increase by 

USD 13.43billion in 2020 to USD 17.22billion in 2025. 

 

Due to the growing popularity of subscriptions or the free access that is ad-supported, ownership-based 

or transactional content models are also in a decline in relevance. The trend in revenue distributions 

shows that OTT business is embracing scalable, recurrent, and data-driven revenue models. The 

simultaneous increase of advertisements and SVOD revenue is an indicator of market maturity, 

changing tastes, and repositioning of the platform to guarantee its survival in the long term by 
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diversifying and complementing income streams of monetization. 

 

 

Content Investment and Competitive Dynamics 

 

The global over-the-top (OTT) platforms are also dedicating a lot of resources to the creation of original 

content, which has made them stand out in an increasingly crowded market. Large platforms spend 

tens of billions of dollars a year on content, and they give much importance to original series, feature 

films, live sporting events and local programming. This investment is mostly budgeted to the 

establishment of proprietary media assets. The content localization remains one of the most important 

competitive strategies as it allows platforms to enter culturally different markets and improves user 

interaction, thus, becoming one of the crucial elements of the current competitive environment. Playing 

with platform consolidation, mergers, and strategic alliances also contribute to the competitive forces 

of this industry. 

 

OTT aggregators and bundled packages are on the rise and as customers are becoming more and more 

demanding to access a wide range of streaming services, they are seeking them and bundling them in 

an easy way. 

 

Technological Enablers 

 

The user experience has been considerably improved as a result of technological breakthroughs such 

as artificial intelligence (AI), machine learning (ML), and advanced data analytics. These 

advancements have enabled personalized suggestions, predictive watching behavior analysis, and 

targeted advertising. In addition, it is anticipated that the introduction of 5G networks would hasten the 

adoption of ultra-high-definition streaming in both 4K and 8K resolutions, as well as interactive content 

and immersive watching experiences. 

 

1.6 - Indian Scenario of OTT Services 

Market Size and Viewer Base 

India had more than 300 million online video viewers by the end of the fiscal year 2019. There was a 

significant change in the modes in which people were able to consume digital video content. It is 
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estimated that this figure would reach half a billion viewers by the end of fiscal year 2023. India would 

therefore become the second largest internet video market in the world, only second only to china. By 

2022, the monthly video traffic on the internet in India is estimated to increase by 13.5 Exabyte 

compared to its 1.5 Exabyte in 2017, with a similar tendency. In the amount of over 77 percent of all 

internet traffic, video content takes up. The intensive growth of the video content within Indian digital 
 

environment has been empirical proof of the importance of the medium. 

 

Source: ibef.org (Figure 1.4 – OTT Growth Prediction) 

 

There is an impressive trend in growth of video-on-demand and live-streaming services in India as 

demonstrated by the growth of the Indian OTT video services market. By the year 2024, the valuation 

of the industry had reached USD 4.1 billion when these platforms grew to be a legitimate source of 

entertainment. This number can be explained by the increased penetration of smartphones, the 

affordability of mobile data, and a young, digitally active audience that can absorb the consumption of 

on-demand and live-streaming entertainment, sports, and infotainment content. 

 

It is estimated that the market will reach USD 7.0 billion by 2027, which is an indication of a faster 

growth. The almost twofold increase in market worth is a growth in compound owing to the growth of 

the user base and increased monetization approaches. The projected growth is reflective of increased 
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usage of paid subscriptions, ad-supported OTT versions, and expansion of regional and vernacular 

content, therefore, making it easier to reach a wide range of audiences beyond the urban centres. Live 

streaming especially in sports, news and programmers focusing on events has increased the user 

interaction and frequency of viewing which have then increased revenue streams. 

 

Analytically, the increasing disparity between the 2024 and the 2027 forecast depicts how India has 

evolved since 2020 as an emerging market in terms of OTTs to a high-growth digital media ecosystem. 

That the expected growth is also an indicator of increased confidence on the long-term scalability of 

Indian OTT industry among investors and operators of the platform. The statistics suggest that India is 

on the verge of being among the most rapidly expanding OTT markets in the globe, due to the current 

changes in the digital infrastructure, transforming consumer preferences, and aligning the content, 

technology, and monetization structures to suit the Indian context. 

 

Drivers of OTT Growth in India 

 

The cost-effectiveness of mobile data has been the primary driver of OTT expansion in India. The cost 

of mobile data decreased from around INR 313 per GB in 2015 to INR 18.5 per GB, establishing India 

as the most affordable mobile data market worldwide. The average monthly data consumption per user 

increased from 0.88 GB in 2016 to 8.7 GB in 2018, facilitating continuous long-form video viewing. 

Moreover, smartphone penetration surged swiftly, with hundreds of millions of video-capable devices 

utilised throughout urban and rural India. Rural internet penetration rose from 13% in 2016 to 24% in 

2018, introducing new groups of first-time digital customers into the OTT ecosystem. 

 

Table 1.2 – OTT Growth Drivers 

Factor / Key Metric Details & Statistics 

 

Per Capita Consumption 

Second highest consumption of online video in the 

world 

 

Mobile Data Cost 

Cheapest mobile data in the world (INR 18.5/GB). In 

2015, it was INR 313/GB. 

Rural Internet Penetration Growth to 24% in 2018 (up from 13% in 2016) 

 

 

Smartphone Users 

Growth to ~340 Million in 2018 (up from 200 Million in 

2015). 11% growth in feature phones shipments, which 

was higher than smartphones growth in 2018. 
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Average Data Usage per Growth to 8.7 GB per month in 2018 (up from 0.88 GB 

Subscriber in 2016) 

Average Mobile Data 

Download Speed 

Growth to 9.93 Mbps in Nov'18 (up from 8.88 Mbps in 

Nov'17) 

Source: KPMG report 
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1.7 - SWOT ANALYSIS OF INDIAN OTT SECTOR 
 

 

(Figure 1.5 – SWOT Analysis of Digital Media) 
 

 

 Massive Mobile-First Audience: India has more than 700 million smartphone users and some 

of the lowest mobile data charges in the world. This makes OTT content very easy to get for a 

lot of people. 

 Localized and Multilingual Content Strategy: Disney+ Hotstar, Zee5, SonyLIV, and 

regional players like Aha, Hoichoi, and Sun NXT do well by offering material in a variety of 

Indian languages and genres that appeal to a wide range of cultural tastes. 

 Strong Domestic and International Investment: Both big companies from across the world 

(like Netflix and Amazon Prime Video) and Indian producers have put a lot of money into 

making original Indian content. This has led to new ideas and jobs in the creative field. 

 Youth-Centric Demographics: More than 60% of India's population is under 35, and OTT 

services cater to a tech-savvy, digitally native audience that likes personalized, mobile-based, 

and on-demand entertainment. 

Policy Push for Digital India: Digital India programs and more people in Tier-II and Tier-III cities 
getting online are both helping more people use digital material. 

 

 Price Sensitivity and Subscription Fatigue: Indian audiences are very aware of how much 

things cost, thus they don't want to pay for more than one subscription. A lot of people choose 

free or ad-supported content (AVOD) models. 

STRENGTHS: 

WEAKNESSES: 
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 Rural-Urban Digital Divide: Even though digitization is happening quickly, there are still 

gaps in infrastructure in rural regions that make it hard to stream HD video because of 

bandwidth limits. 

 Limited Monetization in Regional Content: People want regional material, but monetization 

strategies are still changing, and smaller language markets don't make much money. 

 Piracy and Content Duplication: Unauthorized streaming and torrenting are common, which 

hurts profits and makes it less likely that companies would invest in high-budget productions. 

 Fragmented Regulatory Environment: India doesn't have a clear, unified set of rules for OTT 

content right now. There is self-regulation under the Digital Media Ethics Code (2021), but 

enforcement is still not consistent. 

 

 Regional Market Expansion: The next step in growth is in Bharat (Tier-II and III cities), 

where more people are using smartphones and the internet is getting cheaper. This is making 

new OTT viewers. 

 Hybrid Monetization Models: In a market that cares about value, combining freemium, 

subscription, and ad-based models can help keep costs down while still making money. 

 Original Indian and Vernacular Productions: OTT platforms may set themselves apart by 

investing in culturally relevant stories, local web series, and regional movies. 

 Integration with Telecom and Smart Device Ecosystems: Working with Jio, Airtel, and Vi 

to offer bundled OTT subscriptions with mobile or broadband plans makes it easier for people 

to access and keep using the service. 

 Emergence of Sports and Interactive Entertainment: Live streaming of sports events (like 

IPL and Pro Kabaddi) and gamified viewing experiences are quickly increasing engagement 

and advertising revenue. 

 

 Intensifying Competition and Consolidation: The Indian OTT market has more than 50 sites, 

including big names like Netflix and Hotstar and smaller ones. This saturation makes it more 

expensive to get new customers and keeps them from leaving. 

 Regulatory and Political Interventions: The government is paying more attention to content 

about religion, politics, or sex, which can make it harder for creators to follow the rules and 

limit their freedom of expression. 

 Cultural and Ethical Challenges: Finding a balance between free creative expression and 

OPPORTUNITIES: 

THREATS: 
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established social and cultural standards is still a big problem, and it often leads to debates 

about censorship. 

 Economic Pressures and Ad Revenue Fluctuations: Smaller platforms that rely on AVOD 

models might be hurt by economic slowdowns and changes in the way digital ads work. 

 Technological Risks: Problems with cybersecurity, data privacy, and algorithmic transparency 

might make people less trusting and lead to harsher rules. 

 

 

 

1.8 - PROBLEM DISCUSSION AND RATIONALE OF STUDY: 

 
The introduction of Over-the-top (OTT) media services has reorganized the entertainment and 

communication industry all over the world with consumers now having the ability to circumvent the 

traditional broadcasting structures and procure on-demand and customized content through the 

Internet. The global OTT has developed at a very fast pace due to the advancement of broadband 

connectivity, the power of AI, and ubiquitous growth of smartphones; however, adoption, 

consumption, and customer retention patterns show high regional diversity. The given effect is 

particularly acute in India with one of the largest mobile-first populations in the world and the most 

affordable mobile data rates, which can be regarded as a bright example of an active and fast-growing 

OTT marketplace. However, even in the face of such a solid development, the Indian OTT ecosystem 

has many structural and behavioral issues that deserve additional academic research. 

 

This issue is connected with the lopsided distribution of the use of OTT and its sustainability in the 

Indian multifaceted socio-economic and cultural context. Despite the significant market penetration of 

such platforms as Netflix, Amazon Prime Video, Disney+ Hotstar, and regional ones such as Zee5, 

Aha, and Hoichoi, there are still visible differences related to accessibility, price, and retention of users 

in the long term. The sector is under threat bya highly competitive, price-sensitive environment which 
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is magnified by subscription fatigue and piracy. In addition, traditional adoption models, including the 

Unified Theory of Acceptance and Use of Technology (UTAUT2) and the Technology Acceptance 

Model (TAM), do not sufficiently account for OTT-specific factors, like the quality of content and 

personalization of the algorithm, and regional preferences in storytelling. This conceptual gap explains 

the importance of context specific models that consider both utilitarian and hedonic motivation that is 

relevant to the Indian market. 

 

Available literature is mainly focused on first adoption intentions instead of continued use or loyalty 

towards the platform. Given the current structure of an increasingly divided market that currently 

accommodates over fifty competing services in India, it is crucial to comprehend the psychological 

and social forces behind the continued engagement. Such aspects as habit formation, hedonic joy, and 

social connectedness have proved to be more explanatory of enduring OTT utilization compared to 

conventional elements like performance expectancy. However, such determinants have not yet been 

empirically studied in the Indian context, especially in the context of cultural features like communal 

viewing, linguistic identity, as well as family based consumption behavior. 

 

Although OTT access has already been democratized due to the implementation of 4G connectivity 

and cheap smartphones, the infrastructural differences between urban and rural settings persist. The 

rural consumers are still faced with challenges such as poor bandwidth, intermittent streaming signal 

and lack of digital literacy, which make it difficult to adopt it fairly. The growing adoption of modern 

technologies, including predictive AI-based recommender systems, streaming 5G, and immersive 

formats leads to new issues related to the privacy of data, user control, and transparency of algorithms. 

These dynamic aspects bring the need to constantly review the interaction between technological 

development, user trust, and perceived value in OTT ecosystems. 

 

The Indian OTT market is currently moving towards the phase of consolidation after the period of 

expansion, when the further development will depend upon the possibility to innovate the business 

model and to deepen the ecosystem of the regional content. Mixed monetization approaches involving 

a combination of subscriptions with advertisements (SVOD and AVOD) have also come out as viable 

mechanisms to balance accessibility and viability. However, monetization of regional and vernacular 

content, especially in smaller language markets, remains a weak point, despite its increased demand in 

the market. This mismatch points to the fact that localization efforts of content and monetization 

strategies that can be large-scale are not aligned. 
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This inquiry is impregnable in three aspects. First, it attempts to address a conceptual gap by developing 

technologies-adoption models to integrate OTT-specific factors, namely, content-quality, flexibility of 

subscription, and customization through algorithms. Second, it will provide empirical evidence on the 

behavioral, technological, and socio-cultural predictors of OTT adoption in India, which is an emerging 

digital economy that is co-present with both traditional and modern consumption of media. Lastly, the 

research presents a comprehensive addition to scholarly literature and business practice through the 

initiation of tangible solutions to user retention, content relevance, and sustainability of a platform in 

a competitive digital entertainment environment. 



33  

CHAPTER 2 – LITERATURE REVIEW 

 
2.1 - OTT Adoption: 

 
The international media and entertainment industry is currently experiencing a major paradigm shift: 

the shift of video distribution to nonlinear terrestrial and satellite delivery systems to internet-based 

and on-demand delivery models better known as Over-The-Top (OTT) platforms. This shift is often 

called cord-cutting, but it is not the shift in the technological medium of transmission only, but also a 

reconfiguration of the relationship between the consumer and the content (Sujata et al., 2015). The 

passive viewer, who was formerly constrained by programming kits and packaged cable services, has 

now become an active consumer that has the freedom to create their own program choices based on a 

widening range of service options provided by more and more companies. 

 

The rapid growth of the OTT business has created a competitive environment that is characterized by 

a high rivalry rate, high user acquisition rates, and, ironically, easy switching barrier. Unlike older 

cable subscriptions with their often-lengthy contracts and hardware needs (set-top boxes), the OTT 

subscriptions are mostly sold on a month-to-month basis, therefore, allowing consumers to change the 

available services with ease according to the existing content availability or financial factors. Based on 

this, the need to comprehend the variables that affect User Intention to Adopt and Continuous Usage 

Behavior has become not only an academic issue but also a strategy to ensure the sustainability of a 

platform. 

 

Theoretical Explanation 

 

The Unified Theory of Acceptance and Use of Technology (UTAUT) is a holistic and integrative model 

that aims at explaining the processes that underlies human acceptance and adoption of new information 

systems and technologies. The UTAUT model has been maintained in a sequence of revisions over the 

last 20 years, therefore, establishing itself as one of the most significant ones in the sphere of 

information systems research. The focus of this literature review is to consider the UTAUT3 model, the 

most recent model that takes personal innovativeness as an extra antecedent of user intention to adopt 

technology. In the UTAUT 3 model, there are eight core characteristics, used as independent variables, 

three demographic variables, used as moderators and the intention of users to adopt as a dependent 

variable. 
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2.1.1 - Evolution of UTAUT Models: From UTAUT to UTAUT 3 

Original UTAUT Model (Venkatesh et al., 2003) 

Figure 2.1 – UTAUT Model 

 

(Venkatesh & Morris, 2000) proposed the first UTAUT model in 2003 the model was a conclusion of 

an extensive synthesis of the eight technology acceptance theories that had been proposed earlier. These 

theories included the Theory of Reasoned Action (TRA), the Technology Acceptance Model (TAM), 

the Motivational Model (MM), the Theory of Planned Behavior (TPB), a TAM-TPB syndrome, the 

Model of Personal Computer Utilization (MPCU), the Theory of Innovation Diffusion (IDT), and the 

Social Cognitive Theory (SCT). The authors combined the points of view of these two theoretical 

perspectives to form a single framework which explains the behavioral intentions to use technology 

with about 70 percent and the actual use behavior with about 50 percent. 

 

The original UTAUT model identified four major constructs directly affecting the user behavioral 

intention, namely (1) performance expectancy, (2) effort expectancy, (3) social influence and (4) 

facilitating conditions. The empirical evidence suggests that these variables are the most consistent 

predictors of the technology adoption in different organisational settings, and they are based on 

previous research publications. In addition, the original model had four moderating constants; the 

gender, age, experience and voluntariness of use assuming that they would moderate the impact of the 

key constructs on behavioral intention and actual utilization. The fact that these moderators were 
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included was based on the assumption that they would soothe the effects of the core elements on 

behavioral intention and actual use behavior (Shankar et al., 2003). 

 

Extended UTAUT Model for Consumer Context (UTAUT 2, Venkatesh et al., 2012) 
 

 

Figure 2.2 – UTAUT2 Model 

 

(Venkatesh et al., 2012), revised the original UTAUT model to come up with UTAUT 2, which was 

particularly tailored towards consumer technology adoption. This was so in appreciation of the fact 

that the organizational environments are highly disparate as compared to consumer environments. The 

three new variables that were included in the extension were Hedonic Motivation, Price Value and 

Habit. These were considered especially important to the consumer behavior. When it comes to the 

issues of consumer technology adoption, marketing and consumer behavior empirical evidence 

indicated that there are variables influencing consumer technology adoption that extend past the 

utilitarian concerns that are underscored in the organization. This fact was the force behind the 

inclusion of these elements (Brown et al., 2010). 

 

The model of UTAUT 2 demonstrated better explanatory performances as compared to the former 

model and explained about 74 percent of the variation in intention to behave and 52 percent of actual 

behavior in use among consumer demographics. The addition of hedonic motivation emphasizes the 

importance of pleasure and enjoyment as the factors of technology adoption in the case of entertainment 

and consumer-focused technologies. It is the price value that brings out the serious cost-benefit 

evaluation that customers must engage in when it comes to accommodating the usage of 
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technology since they are directly responsible to the financial impact of their technology purchases. 

Finally, the notion of habit can be used in conjunction with the automaticity view, in which it is 

acknowledged that the regular use of technology may lead to automatic and unconscious patterns of 

behavior that influence technology adoption without having to rely on the intention-making 

process.(Migliore et al., 2022) 

 

UTAUT 3 Model with Personal Innovativeness (Farooq et al., 2017) 
 

Figure 2.3 – UTAUT3 Model 

 

As a continuation of the theoretic framework introduced by UTAUT and UTAUT 2, Farooq and others 

came up with UTAUT 3, which incorporates an eighth construct, Personal Innovativeness that can be 

used as a predictor of behavioral intention. Personal Innovativeness is an attribute of people that is used 

to demonstrate their readiness to adopt new ideas and technologies before others (Malewar & Bajaj, 

2020b). This variable has been incorporated as one of the factors depending on the Innovation 

Diffusion Theory of Rogers, which states that individual differences in innovation-proneness are very 

critical determinants of technology adoption decision, regardless of other factors influencing the 

decisions (Migliore et al., 2022). 

 

The first UTAUT 3 model that was tested on the use of lecture capture systems by business students 

in Malaysia explained 58.1 percent of the intention to use technology. Later empirical implementations 

and extensions of UTAUT 3 have demonstrated its greater predictive validity with recent research 

pointing at R2 values greater than 84 percent which implies that the model can explain a big part of the 

variation in technology adoption intentions in different settings (Farzin et al., 2021). 
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2.2. Core Constructs of UTAUT 3 Model 

 
Performance Expectancy 

Performance Expectancy refers to the degree to which one considers that the use of a particular 

technology will help to enhance his/her job performance or help to reach some significant goals. This 

construct outlines the expected positive outcomes of the usage of technology and summarizes the real 

advantages that users expect to receive. The prediction of performance expectancy as to behavioral 

intention has remained a significant predictor in many situations with respect to technology adoption 

(Wan et al., 2017). 

 

Empirical evidence indicates that the anticipation of improvement in performance contributes greatly 

towards the willingness of users to adopt technology especially when users are aware of specific 

improvements in performance (Yadav et al., 2023). In the organizational set-ups, probability of 

employees adopting new systems is high when employees feel that these systems will either increase 

productivity, efficiency or total performance. When people in the consumer environment find that the 

new technology will enhance their capabilities, or provide an addition to them, they are likely to accept 

the technology (Sujata et al., 2015). 

 

Effort Expectancy 

Effort Expectancy is a scale used to estimate the level of comfort when using a specific technology. 

This construct is the description of the extent to which the user can learn to use and operate the 

technology with minimal effort or frustration (Arruda Filho et al., 2019). The construct has informed 

itself on the existing literature touching on technology acceptance in the sense that the more an 

individual perceives a given technology the easier it is to have an intention of using the technology 

(Katherine Chen, 2019). 

 

The perceived ease of use of technologies makes the latter far more likely to lead people to develop 

positive behavioral intentions towards their use. This construct has great applicability to both users 

who are not necessarily technology savvy and to very complex technologies where learning processes 

are very intensive and need a lot of investment (Wedlock & Trahan, 2019.). Ease of design, availability 

of internal friendly interfaces, easy navigation and efficient training and support systems will go a long 

way when it comes to reducing the effort expectancy which in turn increases the adoption rates (Baki 

& Amoozegar, 2021). 
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Social Influence 

Social Influence refers to how individuals are aware that significant people, including family members, 

colleagues, supervisors, peers, and the society at large, have beliefs on the need to use a certain 

technology (J. Kim et al., 2016). This model summarizes the normative factors and social pressures 

that shape the decisions made by individuals to adopt. Social influence operates in different ways but 

they include subjective norms, which are perceptions about what significant other people expect of 

them; social factors, which are the direct recommendations of peers; and image considerations, which 

are the implications of technology adoption to the social status of the individual (Poulose, 2020). 

 

Social influence is also especially influential in collectivist cultures and in situations where opinion 

leaders or other influential people also demonstrate the use of technology (Maslowska et al., 2017). 

The decisions on technology adoption will likely be influenced by peer influence, organizational 

approval, and social norms in the reference groups in a significant manner. It has always been 

demonstrated that social influence has greater effects in situations of compulsory adoption, as well as 

those people, who are less intrinsically motivated towards the technologyadoption (Farzin et al., 2021). 

 

Facilitating Conditions 

Facilitating Conditions refer to the degree to which one believes that the organizational and technical 

infrastructure is in place to make it possible to make use of a particular technology (Escobar-Rodríguez 

& Carvajal-Trujillo, 2013). The conditions in question cover a range of organizational factors such as: 

institutional policies, management support and resource allocation, and, a range of technical factors 

such as: system infrastructure, technical support, training programs and compatibility with existing 

systems (Cesareo & Pastore, 2014). 

 

The presence of adequate enabling factors takes the edge off barriers to technology adoption and use. 

These factors include: the availability of technical support personnel, adequate training resources, 

compatible hardware and software and organizational policies that encourage or mandate the use of 

technology (Abdul Latiff et al., 2022). When companies put in place comprehensive facilitating 

conditions, users face reduced obstacles to technology adoption, leading to a huge jump in the rate of 

technology adoption. 

 

Hedonic Motivation 

Hedonic motivation is the fun, pleasure or enjoyment that comes with interacting with a given 
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technology. This model recognizes that the decisions made regarding how we adopt technology will 

be influenced not only by pragmatic factors but also by the factors influenced by enjoyment, pleasure, 

and emotional fulfilment (Brown et al., 2010). Hedonic motivation is a concept that is particularly 

relevant in the realm of consumer-targeted technologies, such as social media, gaming applications, 

and other technologies that add an element of experience to what they offer (Madnani et al., 2020). 

 

Findings of empirical studies suggest that hedonic motivation can have significant positive effects on 

behavioral intentions, which are often as strong as or stronger than the effects of performance 

expectancy in the consumer context (Madnani et al., 2020). A greater tendency to develop strong 

adoption intentions and adopt a consistent usage pattern is exhibited by individuals who view 

technology as fun and entertaining. Its introduction of new design, possibility of gamification, 

attractive interfaces favourable to the eyes and functions that are entertainment oriented are significant 

in the enhancement of hedonic motivation thereby making the use of technology easier(Jolley et al., 

2006). 

 

Price Value 

Price Value may be defined as the psychological evaluation that is done by consumers, where they take 

the perceived benefits of technology as opposed to the expenditure that is needed to purchase and use 

the technology (Alalwan et al., 2018). This notion takes into consideration the fact that consumers are 

engaged in a rational economic process of making decisions, which entails an evaluation of whether 

the benefits they expect to receive are well justified by the financial cost of the move (Muchlis Gazali 

et al., 2018). The importance of the price value is considerably increased during the consumer situations 

when a person directly bears financial responsibility in relation to the purchase of technology (Joshi et 

al., 2015). 

 

When people are sure that the benefits and advantages prevail over the costs people are likely to look 

at technology in a better perspective and are more likely to accept it. The price value considerations do 

not just involve the direct costs incurred in purchasing the product alone, but also the cost incurred in 

terms of subscriptions, maintenance, and the opportunity cost of the same (de Matos et al., 2018). 

Competitive pricing, strategic promotions, flexible payment systems, and open communication on the 

benefits compared to the costs are highly effective in terms of the perception of price value and 

utilization of technology (Habib et al., 2022). 
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Habit 

Habit may be described as the level to which individual persons display behaviors in an automatic 

fashion, which are determined by the previous repeated experience of a specific technology (S. Kim et 

al., 2021). This construct derives its basis on Habit/Automaticity Perspective, which holds that frequent 

interaction with technology leads to the development of automatic behavioral patterns that are 

performed without conscious attention. Contrary to other constructs in the UTAUT model that focus 

on rational decision making processes, habit captures the unconscious and automatic elements of 

technology based behavior (Abbasi et al., 2021). 

 

It has been shown that habit has direct effects on behavioral intention and usage behavior as well as 

indirect effects through learned preferences and routines (Singh et al., 2021). As soon as the habitual 

practices of technology use have been developed through a series of repeated interactions, the further 

adoption and the further involvement of the user is more likely to become more automatic which 

reduces the dependence on the influence of conscious evaluation. The habit formation process can be 

used as a tool to the permanent adoption of technology and creation of regular usage patterns (Arias-

Oliva et al., 2019). 

 

Personal Innovativeness 

Personal Innovativeness is a personality trait, which depicts the degree to which one is disposed to 

adopt innovations before others in a particular social setup. This model is based on the Innovation 

Diffusion Theory developed by Rogers that states that different people have orderly differences in their 

inclinations to innovations (Venkatesh et al., 2012). The innovative people have the tendency to take 

risks, they have the keen interest to learn more about their environment and they are welcoming to new 

experiences and this helps them adapt new technologies before their peers (Cheung & Vogel, 2013). 

 

Members with high scores on personal innovativeness are more likely to find the information about the 

new technologies, to start using new applications, and to accept the risks and uncertainties that come 

with early adoption (Nagaraj et al., 2021). These people often become powerful agents and change 

agents of their social circles and affect how other people make decisions on adoption. The integration 

of personal innovativeness to the UTAUT 3 model has demonstrated the value of personal personality 

traits and dispositional characteristics in the formation of technology adoption intentions regardless of 

contextual factors (Ryu, 2018). 
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Content Quality 

Content Quality concept includes the aspects of accuracy, completeness, reliability and relevance of 

the information being delivered through a technological system or platform. Provision of quality 

content greatly enhances users’ perception on quality and usefulness of the technology which directly 

affects their intentions towards adopting the technology (Jariyapan et al., 2022). In information 

systems, e-learning systems, online service and knowledge-based technologies, particularly in the 

business sector, content quality matters especially as the level of information quality is directly related 

to user satisfaction and trust(G. Gupta & Singharia, 2021). 

 

It has been shown that perceived value and intentions to adopt a content can be strongly predicted by 

its quality. People show increased tendencies to adopt and continue using the technologies which 

provide accurate, timely, relevant and comprehensive information (Nagaraj et al., 2021). The quality 

of the content can be improved in the organization by some stringent information validation programs, 

frequent changes of the content, user control over quality and professional checks of the content 

(Abbasi et al., 2021). 

 

2.3 - Moderating Variables: Demographic Factors in UTAUT 3 

 
Age 

Given that the component of age is the role of a demographic moderator, it influences the strength of 

the relationships between the basic constructs of UTAUT and behavioral intention (Y. H. Kim et al., 

2013). Research indicates that differences in age determine how different people respond to stimuli 

linked to the use of technology. The younger generations are often more accepting of new technologies, 

more comfortable with and using new technological interfaces, and more willing to experiment with 

new functions (Venkatesh et al., 2012). 

 

Conversely, older users might need more comprehensive training, emphasize more heavily on usability 

over added functionality and require more clearly presented performance benefits before setting up 

their intentions to adopt (Alalwan et al., 2018). Age disparities in technology adoption can often be 

attributed to the presence of cohort effects since different groups are exposed to technology at different 

stages in their lives. Also, cognitive factors including the speed of information processing and the 

working memory are also important as well as motivational variations that depict the varying priorities 

and goals existing among various age groups (Aguiar & Waldfogel, 2017). The use of age as a 
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moderating variable will help organizations tailor the use of technologies to different age groups. 

 

 

Gender 

Gender is a demographic moderator that influences patterns of technology adoption through a variety 

of processes. Studies indicate that males and females may have varying technology adoption patterns, 

risk attitudes and worry patterns towards technology use (Ramkumar & Woo, 2018). It has been shown 

that men are often more welcoming to new innovations and are generally more favourable to 

technology adoption on the whole. Studies have shown that females tend to be more sensitive to 

security and privacy issues and dangers related to technology and reliability of computer systems 

(Evens, 2014). 

 

These gender differences interact with certain UTAUT constructs in complicated and subtle ways. 

Studies have shown that gender might moderate the relationship between social influence and behavior 

intention with the results indicating that the social influence of behavioral intentions toward adoption 

is stronger in females than in males (S. Shin & Park, 2021). Considering that gender may mediate the 

relationship between performance expectancy and behavioral intention, males might be more 

responsive to messages conveying the benefits of performance, than females. However, the effects of 

gender as the moderating factor show variable effects depending on the different technologies and 

situations (J. Shin et al., 2016). 

 

Experience 

Technology use has been a major moderating variable, which determines how individuals respond to 

the basic constructs of UTAUT model. People who already have a greater amount of previous 

experience with similar technologies tend to have a lower level of necessity to be trained as a whole, 

have a faster understanding of new technology specifics, and experience less fear of technology (Moin 

et al., 2015). People who are well experienced tend to have lower expectations of effort and better 

facilitating conditions as compared to their less experienced counterparts because they are well 

equipped with the necessary technical knowledge and skills of operating the technology (Lee et al., 

2007). 

 

Experience also plays a significant role in determining the relationship between effort expectancy and 

behavioral intention because more experienced people will not be deterred by elaborate interfaces or 

major learning obstacles. Individual experience also plays a large role in the interpretation of the social 

influence and facilitating conditions, whereby experienced users tend to express more confidence in 
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their ability to overcome barriers independently (Kwak & Kim, 2020). However, the experience does 

not necessarily eliminate other barriers to adoption; even experts with considerable skills in the field 

can face resistance to change or a tendency to cling to existing systems, regardless of their level of 

technical expertise (Martins et al., 2014). 

 

Dependent Variable: User Intention to Adopt 

The desire of users to embrace technology is regarded as the key dependent variable of the UTAUT 3 

model. Behavioral intention concept refers to perceived likelihood of the individual to engage in 

technology use behavior and it captures the motivational effect(s) of different things to actual 

technology adoption (Migliore et al., 2022). The studies that are based on the Theory of Planned 

Behavior and the technology acceptance model indicate that behavioral intention is a useful predictor 

of real usage behavior but there is not a complete deterministic relationship between intention and 

behaviors (Arun et al., 2021). 

 

Behavioral intention encompasses willingness to use technology, which portrays positive intentions, 

and likelihood of actual use which portrays behavioral commitment. The results of the research show 

that the eight antecedent constructs of UTAUT 3 have an impact on user intentions on both the direct 

and indirect levels, but the latter are mediated by the attitude formation process (Jose, 2020). By 

looking at the relative role played by each construct on behavioral intention, the organizations may 

develop more focused interventions to address the most influential barriers or facilitators to adoption 

(J. Park & Ha, 2016). 

 

2.4 - Theoretical Mechanisms and Relationships in UTAUT 3 

 
Direct Effects on Behavioral Intention 

The UTAUT 3 theory assumes that all of the eight independent constructs directly determine the 

behavioral intention to use technology. Performance expectancy factors, effort expectancy factors, 

social influence factor, facilitating conditions factor, hedonic motivation factor, price value factor, 

habit factor, and personal innovativeness are all elements that influence the development of the 

intentions of people towards the usage of technology (Verhoef et al., 2010). Both the constructs 

contribute different amounts of variance to predicting behavioral intention, and the contribution of each 

construct varies with different technologies and user demographics (Baptista & Oliveira, 2015). 
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When empirical studies of UTAUT 3 are conducted, the eight constructs have significantly large share 

of behavioral intention variance, often exceeding 70 percent. The remarkably large model of UTAUT 

3 proves it to be a synthesis of multiple theoretical insights, which include the use of both utilitarian 

factors (performance expectancy, effort expectancy, facilitating conditions) and hedonic factors 

(hedonic motivation, price value, habit), which determine intentions toward the adoption of technology 

(McCarthy et al., 2017). 

 

Interaction Effects and Mediation Pathways 

Besides direct effects, UTAUT 3 acknowledges the considerations that may exist between constructs 

and which may influence behavioral intention. As an example, high hedonic motivation would 

counteract high levels of expectation of effort since people may be willing to exert effort in learning 

when they consider the technology to be interesting or enjoyable (Haritha & Joseph, 2021). Similarly, 

there is the potential possibility that with enough social influence, those worrying about performance 

expectancy might reduce their worries and avoid technologies mainly because influential peers suggest 

adoption (Woo & Ramkumar, 2018). 

 

Recent studies on UTAUT 3 extension studies have delved into the mediation effect, noting the 

influence of particular constructs on behavioral intention via their impact on other constructs. 

Indicatively, the performance expectancy and hedonic motivation constructs may contribute to the 

development of behavioral intention through influence on perceived value, which in turn impacts 

behavioral intention (Indrawati & Haryoto, 2018). The mediation pathways explain the complexity of 

psychological processes on which development of technology adoption decisions is based. 

 

Moderating Effects of Demographic Variables 

The demographic moderators in UTAUT 3 have no direct effect on the behavioral intention, rather, 

they act to moderate the relationships between the Core constructs and behavioral intention (Mary Ho 

et al., 2017). An example is that age has the potential to modulate the relationship between the 

expectancy of the effort and the behavioral intention meaning that, the effects of the effort expectancy 

would be much more established in older users than the younger ones. Similarly, gender can be used 

as a moderator of the relationship between social influence and behavioral intention, which might 

produce different effects in males and females (Pan & Jordan-Marsh, 2010). 

 

The witnessed trend of mediating influences is often indicative of differences that can be explained by 

life stage, historical cohort, and socialization differences between two or more demographic cohorts 
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(Chopdar & Tarafdar, 2021). Organizations can effectively group their users through the identification 

of the demographic groups that show a high level of influence by certain constructs. This division can 

enable the adoption of specific strategies that are tailored to specific adoption to the key decision 

drivers of each segment (Wan et al., 2017). 

 

2.5 - Empirical Applications and Validation of UTAUT 3 

 
Information Technology Contexts 

The UTAUT 3 application has been found to be effective in explaining the process of adoption related 

to different information technologies. A study on the use of electronic health record systems suggests 

that UTAUT 3 is able to explain 84.5 percent of behavioral intention variance in health professionals, 

which implies that the model is highly predictive in healthcare technology contexts (Shen et al., 2017). 

The results also suggest that the personal innovativeness, performance expectancy, and attitude are the 

strongest predictors of the electronic health record (EHR) adoption. Also, the aspect of gender was 

identified to mediate the associations between social influence, personal innovativeness and behavioral 

intention (S. Gupta, 2023). 

 

The use of UTAUT 3 in educational technologies, including lecture capture systems and digital 

learning platforms, has demonstrated the effectiveness of the model in predicting the intentions of 

students to use it (Mazambani & Mutambara, 2020). The synergistic combination of the utilitarian 

aspects of performance expectancy and effort expectancy and hedonic aspect of hedonic motivation 

has proven to play a major role in the understanding of variables that affect student adoption of learning 

technologies that integrate learning capabilities with entertainment and engagement (S. Park & Kwon, 

2019). 

 

Consumer Technology Adoption 

UTAUT 3 framework is actively applied in the domain of consumer-facing technologies, and it 

includes various domains, including mobile apps, digital payment systems, social commerce 

ecosystems, and fintech solutions (S. Park & Kwon, 2019). The applications mentioned in the current 

paper underline the importance of hedonic motivation and price value in consumer settings as these 

two constructs tend to be some of the strongest predictors of behavioral intention. The research 

conducted on the adoption of mobile payment system, social commerce platform and ride-sharing 

applications, shows that the consumer technology acceptance depends not only on hedonic factors but 
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also on utilitarian performance expectations (S. Park & Kwon, 2019). 

 

 

Cross-Cultural and Contextual Variations 

Empirical studies employing UTAUT 3 in different cultures show there is a vast difference in the 

relative importance of specific constructs. It has been found that social influence is more eminent 

within collectivist cultures than individualist cultures with a focus on cultural values related to group 

harmony and social conformity.(S. Park & Kwon, 2019) Price value consideration can become a much 

more important factor in price-sensitive markets or in lower-income populations. The identified 

differences in a given context also highlight the need to implement technology implementation plans, 

which are specific to a particular market or culture (Dhir et al., 2018). 

 

 

Table 2.1 Empirical support for each proposed predictor 

Variable Evidence in OTT / digital services Key sources 

Performance 

expectancy 

Strong positive effect on 

intention/continuance across OTT, 

streaming, banking, e-learning 

(Malewar & Bajaj, 2020b); Soren & 

Chakraborty, 2023; Wu et al., 2025; 

Zheng et al., 2025; (Alalwan et al., 2018) 

Social influence Positive impact on OTT subscription, 

purchase, continuance, and FinTech 

adoption 

Wu et al., 2025; (Shen et al., 2017)hen, 

n.d.; Santoso & Ramantoko, 2024; Xie et 

al., 2021 

Facilitating 

conditions 

Significant for intention or use behaviors 

in OTT, streaming, and e-government 

Shah & Mehta, 2022; Dharta et al., 2024; 

Nasri, 2025 

Hedonic 

motivation 

Consistent predictor of OTT intention, 

satisfaction, and commitment 

Wu et al., 2025; (Chakraborty & Ghosh, 

2021); (Malewar & Bajaj, 2020b) Saufi 

et al., 2023 

Habit Often the strongest driver of continuance 

or intention 

Soren & Chakraborty, 2023; (Malewar & 

Bajaj, 2020b); (S. Kim et al., 2021) 

Zheng et al., 2025 
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Price value / cost Positive effect of price value; negative 

effect of perceived cost on intention 

Malewar & Bajaj, 2020; Dharta et al., 

2024; Shen, n.d.; (Alalwan et al., 2017) 

Perceived value Mediates UTAUT effects on OTT and 

FinTech adoption 

Wu et al., 2025; Shen, n.d.; Xie et al., 

2021, 

Content quality Strong OTT-specific driver of hedonic 

motivation, satisfaction, trust, and 

commitment 

Bhattacharyya et al., 2021; Soren & 

Chakraborty, 2023; Saufi et al., 2023 

Personal 

innovativeness 

Significant predictor of intention in OTT, 

QR-code payments, social commerce, 

and IVA adoption 

Tsai et al., 2024; Shen, n.d.; Suo et al., 

2022; (Joshi et al., 2015) (Desirena et al., 

2019) 

 

2.6 - Hypothesis Development 

 
With the rise of over-the-top (OTT) streaming services, the application of familiar theory of technology 

adoption and media consumption in research has grown in an attempt to explain the intentions and 

actions of users. Recent studies using the Unified Theory of Acceptance and Use of Technology 

(UTAUT/UTAUT2), Technology Acceptance Model (TAM) (Venkatesh & Morris, 2000), Value-

based Adoption Model (VAM), Uses and Gratifications, and Innovation Resistance Theory (IRT) 

determine numerous cognitive, affective, and contextual antecedents contributing to the adoption and 

continued use of Over-The-Top (OTT). Among such factors, there are perceived usefulness, ease of 

use, hedonic motivation, content quality, perceived value, pricing consideration, habitual use, social 

influence, and facilitating conditions ((Podsakoff et al., n.d.) The analysis of this body of literature 

enables developing the hypotheses which can relate the key features of OTT platforms and user 

attributes to the intention to use and purchase the OTT services (Shankar et al., 2003). 

 

This body of literature provides a detailed explanation of the role of both as functional (e.g., utility, 

usability) and experiential (e.g., enjoyment, habituation) features in the decision-making process of 

users in digital media settings. OTT platforms have a notable difference with the traditional 

technologies in the sense that the content is given the priority and therefore the quality of the content 

becomes a very important determinant of the satisfaction of the user with the system, their engagement 

and loyalty towards the system (Venkatesh et al., 2012). The research on the digital media and 

streaming platforms can also indicate that the richness, relevance, and diversity of the content are the 
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contributing factors to the perceived value and attention to the users, thereby increasing the adoption 

and retention intentions (Kim et al., 2017; Soren and Chakraborty, 2023). 

 

However, even with such a strong empirical support, there are certain weaknesses in the present 

models. Many traditional adoption models like TAM and UTAUT2 were originally developed with 

utilitarian technology in mind and might be insufficient to account for the content-oriented and 

experiential nature of OTTs (Venkatesh et al., 2012). Further, content quality is often treated as an 

extrinsic variable in previous research rather than as a core aspect in the theoretical model. The 

relationship between the quality of content and other key drivers (e.g. hedonic motivation, perceived 

value, habit) does not have the required unanimity, which implies a need of further theoretical 

deepening. 

 

Additionally, the influence of content quality might not be universal across user demographics, cultural 

conditions, and content options, which means that its impact is not universal (Rogers, 2003). This 

highlights a great gap in the literature regarding the situational and contingent effect of content quality 

on OTT adoption behavior. 

 

H1: Content Quality positively influences User Intention to Adopt OTT. 

 

Past studies on OTT confirm again and again that the quality of content and its availability are the key 

determinants of platform selection and usage intention. The detailed analysis of the adoption of OTTs 

in 2007 to 2021 revealed content, entertainment value, binge-watching, and cultural inclusiveness to 

be the key factors that encouraged the adoption of streaming services (Mulla, 2022). Empirical data 

suggests that the perceived quality of video material and the availability of the latter have a significant 

impact on satisfaction, trust, commitment, and desire to use OTT platforms further (Soren and 

Chakraborty, 2023; Yoon and Kim, 2023). Qualitative research highlights content and subscription 

strategies as the key factors of adoption among the millennial clients (Dasgupta and Grover, 2019). As 

a result, the more relevant, wealthier, and emotionally appealing content increases the perceived value 

and strengthens the intention of users to adopt OTT platforms. 

 

These results show that OTT usage is not only determined by technological factors but is also based 

on content-based value generation. High-quality, relevant and emotionally appealing information 

increases the level of perceived value and strengthens the inclination of users to adopt and continue 

using OTT services. This confirms the claim that OTT platforms are hybrid systems, where technology 
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infrastructure and media content interactively influence user behavior. 

 

 

Still, even though much attention is paid to content, the contemporary research tends to devote 

insufficient attention to the facilitating role of technological and infrastructural systems, also known as 

facilitating conditions. According to the UTAUT model, facilitating factors are availability of 

resources, technological support, and user understanding, and support systems that enable effective use 

of technology (Venkatesh et al., 2003; Venkatesh et al., 2012). On the context of OTT platforms, they 

include reliable internet networks, compatibility of devices, usability of platforms, and customer 

services. 

 

Notably, despite the excellent quality of the material, a lack of favourable circumstances, such as the 

slow internet connection, unavailability of devices, or limited technical support, can have a disastrous 

effect on acceptance and use. It means that the quality of the content by itself does not suffice to support 

adoption in the absence of a favorable technological system. Furthermore, the impact of favourable 

conditions could vary across nations particularly in the developed and emerging markets where there 

are significant disparities in digital infrastructure (Rogers, 2003). 

 

As a result, the facilitating conditions play a supplementary, enabling role, which ensures unhindered 

access and further use, in contrast to content-related criteria, which are imperative determinants of OTT 

engagement. This paper informs about the importance of infrastructural and technological readiness in 

the process of user intention. 

 

 

 

H2: Facilitating Conditions positively influences User Intention to Adopt OTT. 

 

In OTT studies involving UTAUT/UTAUT2, favourable conditions (infrastructure, access, skills) have 

been found to have a positive influence on intention and use. Considering the Indian OTT consumers, 

facilitating factors, social influence, and attitude have a positive effect on intention to adopt OTT 

services in UTAUT model (Shah and Mehta, 2022). In holistic UTAUT2 frameworks of OTT video 

streaming, enabling conditions have a substantial impact on the platform preference of users and have 

been identified as a key driver of platform improvement (Tsai et al., 2024). The widespread adoption 

of OTT services suggests that rising internet connectivity and the availability of devices are some of 

the basic drivers of OTT growth (Nijhawan and Dahiya, 2020; Wang, 2025). Therefore, better 

facilitating conditions are expected to boost user intention to adopt OTT. 
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However, despite their importance, facilitating conditions are often thought of as secondary aspects 

compared to more salient predictors such as hedonic motivation or content quality. This may have the 

potential to undermine their indirect yet a crucial role in user behavior. When infrastructural 

limitations, such as limited bandwidth, unstable connection or limited access to devices, characterize 

the situation, people might not be able to engage in OTT sites to their fullest, regardless of the quality 

of the content or its perceived worth. Further, the effect of facilitating conditions is highly contingent 

on the particular context, with a high level of diversity manifested in various geographical regions, 

socio-economic classes, and technological levels of progress (Rogers, 2003). 

 

Moreover, some studies have suggested that as users become more technologically savvy, the effects 

of facilitating conditions can decrease since users are more likely to rely on their capabilities, instead 

of support systems (Venkatesh et al., 2012). This implies that the effect of facilitating conditions can 

be different across various user groups, and a more in-depth understanding of their role is required. 

 

In spite of these limitations, technology adoption requires enabling conditions, particularly in emerging 

digital ecosystems such as OTT platforms, where easy access and usability are crucial to user 

interaction. Therefore, the improved infrastructural infrastructure and technological readiness are 

expected to have a beneficial impact on user intention to adopt OTT services. 

 

H3: Habit positively influences User Intention to Adopt OTT. 

 

The issue of habit has already become an important part of the study of user behavior, particularly the 

domain of digital and media consumption, and OTT services, in particular. The UTAUT2 model 

assumes that habit represents the level to which people follow the behaviors automatically, an effect, 

which is caused by the prior learning experience and regular use (Venkatesh et al., 2012). As opposed 

to purely cognitive factors, habit captures the unconscious and routine-based nature of the technology 

usage, which makes habit especially relevant to entertainment services, such as OTT platforms. 

 

In a positive perspective, empirical studies have always found that the habit is an important determinant 

of both behavioral intention and the continued use of OTT services. To illustrate, a research study, 

which integrates UTAUT2 and commitment models, indicates that habit is an important factor that 

predicts the intention of users to use OTT platforms (Soren and Chakraborty, 2023). Habit has been 

found in cases of subscription video-on-demand (SVOD) to have a significant impact on continued 
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usage behavior, often in combination with perceived value and Personalization (Muller-Perez et al., 

2025). Moreover, the studies exploring OTT behavior during and after the COVID-19 pandemic have 

shown that the trend of streaming has become a regular occurrence in the daily lives of users and 

therefore supports the reinforcement of habitual use of the OTT platforms (Agarwal et al., 2023; 

Nijhawan and Dahiya, 2020). 

 

The findings suggest that active use of OTT services and such features as personalised 

recommendations, auto-play, and the opportunity to watch a series of content plays a role in the 

formation of a habitual usage behavior. These more so ingrained habits result in subsequent people 

developing the tendency to use OTT platforms more often without thinking of it, thereby increasing 

their desire to adopt and continue using. 

 

Nevertheless, regardless of its significant predictive power, the role of habit has some limitations. The 

fact that the strong habitual behavior may potentially overshadow the rational decision-making 

processes is also a major problem as it causes users to lose sensitivity to the differences in the content 

quality, prices, or features of the platform. This creates a possibility of inertia where users continue to 

use a platform despite the declining levels of satisfaction. Moreover, habit formation and impact may 

vary with different groups of the users, particularly between inexperienced and experienced users as 

well as between different cultural and demographic contexts (Limayem et al., 2007). In the case of 

individuals who are just getting familiar with the system, the formation of the habitual use might be in 

its early developmental phase thus reducing its immediate effect on intention to use the technology. 

 

Moreover, when in a competitive over-the-top (OTT) setting, characterized by low switching costs, the 

habitual usage of a platform might be affected by an attractive substitute, exclusive content, or 

promotion strategies offered by a competing service. This implies that habit does not guarantee long-

term loyalty in dynamic digital space even though it is a helpful way to sustain behavior. Despite these 

limitations, habit remains an important behavioral motivator which increases repeated usage and 

strengthens user engagement during a long-term period. As a result, it is believed that the changes in 

the intentions of users to implement and continue using OTT platforms will significantly improve. 

 

H4: Hedonic Motivation positively influences User Intention to Adopt OTT. 

 

Hedonic motivation, characterised by the extent of pleasure, enjoyment, and entertainment experienced 

through technology use, is pivotal in consumer-focused systems, especially within OTT platforms that 
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are fundamentally centred on entertainment (Venkatesh et al., 2012). In contrast to utilitarian 

technologies, OTT services are fundamentally structured to deliver experiential value, positioning 

hedonic motivation as a crucial factor influencing user adoption and engagement. 

 

From an optimistic viewpoint, a significant amount of research underscores hedonic motivation as a 

key predictor of behavioral intention in OTT contexts. Research utilising the UTAUT2 framework 

consistently highlights enjoyment and perceived fun as significant factors influencing users' 

willingness to adopt and persist in using streaming platforms (Bhattacharyya et al., 2021; Soren & 

Chakraborty, 2023; Tsai et al., 2024). Additionally, extensive analyses of OTT adoption highlight that 

the perceived entertainment value, user satisfaction, and immersive viewing experiences play a crucial 

role in shaping users' preferences for streaming services in comparison to traditional media (Mulla, 

2022). Evidence from TAM-based studies indicates that perceived enjoyment significantly contributes 

to user satisfaction and has a favourable impact on behavioral outcomes, including continued usage, 

willingness to pay, and repurchase intentions (Davis et al., 1992; Kim et al., 2024). 

 

The results indicate that OTT platforms utilise hedonic components-such as captivating content, binge-

watching capabilities, tailored experiences, and interactive interfaces-to foster emotionally gratifying 

experiences. The increased enjoyment users experience from these platforms significantly enhances 

their intention to adopt and maintain usage, frequently transcending mere functional considerations. 

 

Nonetheless, in spite of its significant predictive capacity, hedonic motivation is accompanied by 

specific limitations. The excessive dependence on entertainment value could result in transient 

engagement instead of long-term commitment, particularly in the fiercely competitive OTT markets 

where users have the ability to effortlessly transition between platforms depending on the availability 

of content. Furthermore, hedonic motivation is subject to variation influenced by factors such as the 

novelty of the content, genre preferences, and the mood states of individuals, resulting in a less 

consistent effect when compared to cognitive factors like perceived usefulness or value. 

 

Furthermore, an overemphasis on hedonic consumption, exemplified by binge-watching, has the 

potential to result in adverse effects, such as user fatigue or digital burnout, which may subsequently 

diminish long-term engagement with over-the-top (OTT) platforms. The impact of hedonic motivation 

is likely to differ among various demographic segments, as younger individuals generally prioritise 

entertainment value more significantly than their older or more utilitarian-focused counterparts 
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(Venkatesh et al., 2012). 

 

 

H5: Innovativeness positively influences User Intention to Adopt OTT. 

 

One of the extensions of UTAUT/UTAUT2 suggested in the absence of research on OTT has been 

personal innovativeness. Personal innovativeness significantly influences the platform selection and 

intention to use it in an extended UTAUT2 framework on the OTT video streaming, along with 

performance expectancy, facilitating conditions, and hedonic incentive (Tsai et al., 2024). The studies 

focusing on innovation in the adoption of OTT services show that individual innovation characteristics 

and barriers affect the willingness to adopt and continue using OTT services (Polisetty et al., 2023). 

Qualitative studies defining OTT users show that the tendency to become an early adopter and 

technological excitement are the important traits of heavy OTT users (Li, 2020; Dasgupta and Grover, 

2019). These findings support the hypothesis according to which more innovative users are more likely 

to use OTT services. 

 

The positive perspective is that the available literature indicates that individual innovativeness is a key 

factor affecting the intention to adopt users and their preference in a particular platform. Indicatively, 

a study that employed unified UTAUT2 models demonstrates that personal innovativeness is an 

important factor that influences the selection and use intention of OTT platforms alongside other 

important variables, including performance expectancy, enabling conditions, and hedonic motivation 

(Tsai et al., 2024). Similarly, the research on the dynamics of innovation resistance and adoption 

behavior reveals that individuals with higher rates of innovativeness can overcome perceived barriers 

and adopt OTT services easier (Polisetty et al., 2023). The qualitative data are another source that 

supports the point of view that heavy users of over-the-top (OTT) services often exhibit the 

characteristics of early adopters, who are both very interested in technology and highly inclined to 

explore new types of digital services (Li, 2020; Dasgupta and Grover, 2019). 

 

These findings indicate that people who can be described as innovative have a higher propensity to 

new OTT capabilities, such as personalised recommendations, content discovery through AI, and the 

ability to stream on multiple devices. As a result, such people are more likely to adopt OTT at an earlier 

point and be more proactive, thereby reinforcing the positive relationship between innovativeness and 

the adoption intention. However, even though it is an important role, the role of personal innovativeness 

has its limitations. An important factor is that its effects may be more pronounced during the early 

stages of technology acceptance, but they may decline as the OTT platforms reach mainstream and 
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become ubiquitous. With evolving technologies, the adoption criterion might start shifting to include 

aspects more of an innovation orientation but with a more consideration on factors like availability of 

content, perceived value on price and the existing habits (Venkatesh et al., 2012). 

 

Moreover, individual innovativeness could be intertwined with contextual influences, including socio-

economic status, digital literacy, and cultural orientation, and further escalate or constrain its effect on 

it. As an example, very innovative people can still face barriers to adoption in places with poor internet 

connectivity or where there is a poor technological infrastructure. In addition, the excessive focus on 

innovation can overlook the behavior of the late adopters who constitute a significant percentage of the 

OTT user base, and might be more influenced by social impact and perceived value than novelty 

(Rogers, 2003). 

 

H6: Performance Expectancy positively influences User Intention to Adopt OTT. 

 

Performance expectancy, often defined as perceived usefulness, denotes the extent to which individuals 

anticipate that utilising a specific technology will improve their performance or yield significant 

advantages (Davis, 1989; Venkatesh et al., 2003). In the realm of OTT platforms, performance 

expectancy denotes users' beliefs of enhanced convenience, flexibility, accessibility, and control over 

content consumption relative to traditional media. 

 

From a favorable viewpoint, comprehensive research based on UTAUT, UTAUT2, and TAM 

consistently identifies performance expectancy as a significant predictor of behavioral intention across 

diverse technological contexts. Research indicates that in OTT contexts, users are more inclined to 

embrace streaming services when they recognize distinct benefits, including on-demand access, multi-

device compatibility, personalized suggestions, and time-shifted viewing (Soren & Chakraborty, 2023; 

Tsai et al., 2024). Moreover, TAM-based studies indicate that perceived usefulness profoundly affects 

consumers' attitudes towards OTT platforms, thereby impacting their desire to embrace and persist in 

using these services (Jeong et al., 2022; Kim et al., 2024). 

 

The swift expansion of OTT usage during and subsequent to the COVID-19 epidemic highlights the 

significance of performance-related advantages, as consumers increasingly prioritise ease, flexibility, 

and seamless access to entertainment and information (Nijhawan & Dahiya, 2020). The data indicate 

that when individuals view OTT platforms as improving their overall media consumption experience, 

their likelihood of adoption significantly improves. 
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Nonetheless, despite its robust predictive capacity, the impact of performance expectancy may be 

contingent upon context and susceptible to certain constraints. As OTT services standardise, the 

apparent performance advantages among platforms may align, diminishing their impact on user 

selection. In these instances, elements such as content exclusivity, price schemes, and user experience 

may play a more significant role in shaping adoption decisions. 

 

Furthermore, performance expectancy is particularly pertinent during the early phases of adoption, as 

users assess the functional advantages of a technology. Its influence may wane over time when regular 

usage patterns and hedonic motives become dominant (Venkatesh et al., 2012). Moreover, users with 

advanced digital literacy may presuppose fundamental performance advantages, consequently 

diminishing the proportional influence of this factor on their adoption choices. 

 

H7: Perceived Value positively influences User Intention to Adopt OTT. 

 

Perceived value, based on value-based adoption theory, denotes the user's comprehensive assessment 

of a service's benefits in relation to the expenses associated with acquiring it (Kim et al., 2007). Within 

the realm of OTT platforms, perceived value involves a balance between financial expenditures (e.g., 

subscription fees), non-financial expenditures (e.g., time, effort), and perceived advantages such as 

content quality, convenience, and entertainment experience. Prior research consistently identified 

perceived value as a crucial factor influencing both uptake and continuing intention in OTT and 

subscription video-on-demand (SVOD) services. Systematic studies of OTT adoption literature 

indicate that value for money, price equity, and comprehensive cost–benefit assessments significantly 

influence consumers' decisions to subscribe to and persist in utilizing streaming services (Mulla, 2022). 

Empirical research demonstrates that perceived value frequently serves as a predominant predictor of 

continuance intention, at times exceeding the influence of personalization and habit in specific 

circumstances (Müller-Pérez et al., 2025). 

 

Furthermore, value-based adoption models indicate that perceived value serves as a mediating 

construct, connecting cognitive factors (e.g., usefulness, ease of use) and affective factors (e.g., 

enjoyment) with behavioral outcomes such as purchase intention and subscription renewal (Kim et al., 

2007; Polisetty et al., 2023). This underscores its comprehensive function in amalgamating various 

factors into a unified evaluative assessment that directly impacts user intention. Nonetheless, in spite 

of its robust explanatory capacity, perceived value remains fundamentally subjective and contingent 

upon context, thereby presenting specific limitations. The assessment of value by users can differ 
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Markedly due to a range of factors, including personal preferences, income brackets, cultural 

backgrounds, and patterns of content consumption. For example, individuals who are sensitive to 

pricing might assess the value as diminished despite the high quality of the content, whereas others 

may place greater importance on exclusive content rather than cost factors. 

 

Moreover, in the context of highly competitive OTT markets characterized by numerous platforms 

providing comparable features and pricing models, the perceived value may diminish as a 

distinguishing element. In these instances, individuals may place greater emphasis on particular 

characteristics, including unique content, brand credibility, or the impact of social circles, rather than 

conducting a comprehensive assessment of costs and benefits. Furthermore, the concept of perceived 

value is not static; it is subject to fluctuations over time as user expectations develop or as subscription 

prices rise. 

 

H8: Price Value positively influences User Intention to Adopt OTT. 

 

The notion of price value or the cognitive judgement of the user on the ratio between the perceived 

benefits of a technology and the financial cost of using the technology is presented in the UTAUT2 

framework (Venkatesh et al., 2012). In the context of the OTT platforms, the notion of the price value 

can be seen in terms of the perceptions of the users with respect to the fairness of the subscription fee, 

a package, and the flexibility in the price in connection to the quality of the content, features, and the 

overall viewing experience provided. 

 

Constructively, the available studies all suggest that price-related variables play a significant role in 

the adoption of the OTT services particularly in markets that are price sensitive. According to research 

findings, affordability, economic status, and perceived cost-effectiveness are among the factors that 

influence the tendency of users to subscribe and continue to use OTT services (Bhattacharyya et al., 

2021; Nijhawan and Dahiya, 2020). Pricing is one of the most common aspects of the impact of OTT 

adoption in many literature reviews, along with the content quality and hedonic motivation (Mulla, 

2022). 

 

Moreover, more recent cross-country research suggests that pricing flexibility, which includes tiered 

subscription plans, freemium plans, and promotional discounts, is critical in enhancing user acquisition, 

retention and willingness to pay, especially in the case of consumers in emerging economies (Sridevi 

and Sarathy, 2025). The findings reveal that having positive perception of value- 
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money in OTT services has a major impact on increasing the intentions of the users to adopt and 

continue using it in the long term. 

 

However, considering its importance, the role of price value is supported by some limitations. The 

major question to be taken into consideration is the difference in price sensitivity between the separate 

groups of users that is influenced by income level, habitual aspects of use, and cultural attitudes to 

spending on the Internet. Indicatively, some users might value affordability more highly than others, 

thus some users may tend to pay premium prices to access exclusive or quality content hence reducing 

the overall homogeneity of price value effect. 

 

Moreover, in the context of competitive OTT markets with a significant number of platforms offering 

similar pricing strategies, the price factor itself might not be a strong differentiating factor. An 

alternative approach to basing their decisions is through content exclusivity, brand recognition or 

general user experience. Furthermore, the aggressive pricing and, in particular, extensive discounts can 

be applied, which can increase the short-term adoption rates. Nonetheless, these strategies may not 

ensure long-term retention without the support of the steadyqualityof content and satisfaction of users. 

 

H9: Social Influence positively influences User Intention to Adopt OTT. 

 

Social influence denotes the degree to which individuals recognise that significant others such as 

family, friends, peers, and society hold the belief that they ought to adopt a specific technology 

(Venkatesh et al., 2003). Within the framework of OTT platforms, social influence is evident through 

peer recommendations, prevailing social trends, online reviews, and the overarching cultural dynamics 

that inform users' perceptions and decisions regarding adoption. 

 

From an optimistic standpoint, existing studies consistently highlight social influence as a crucial factor 

in the adoption of technology, especially within consumer-focused and socially prominent platforms. 

Research based on the UTAUT framework indicates that social influence, in conjunction with 

facilitating conditions and user attitudes, has a positive impact on users' intention to adopt OTT services 

(Shah & Mehta, 2022; Bhattacharyya et al., 2021). In a similar vein, extended UTAUT2 models 

underscore the significant impact of social influence on platform preferences and usage intentions, 

particularly within contexts marked by intense competition and diverse content (Tsai et al., 2024). 
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Furthermore, studies informed by Uses and Gratifications Theory and qualitative analyses indicate that 

Word-of-mouth communication, peer recommendations, and discussions on social media play a crucial 

role in the initial adoption of OTT platforms (Katz et al., 1973; Dasgupta & Grover, 2019; Li, 2020). 

The impact of this phenomenon is notably pronounced within younger demographics, as factors such 

as social validation and collective viewing experiences play a significant role in the choice of platforms. 

Furthermore, recent research highlights the significance of social and psychological influences, 

particularly the fear of missing out (FOMO), which drives individuals to engage with OTT services to 

maintain social connections and cultural relevance (Przybylski et al., 2013; Hutapea et al., 2025). 

 

Nonetheless, despite its significance, the effect of social influence is not consistent across various 

circumstances. A primary restriction is that its impact is more pronounced during the initial phases of 

adoption but may wane as users acquire expertise and cultivate autonomous preferences (Venkatesh et 

al., 2012). Furthermore, in highly tailored OTT environments where computers suggest content based 

on personal watching history the dependence on social cues may diminish over time. 

 

Moreover, the potency of social influence may differ among cultures, as collectivist civilisations 

generally have more pronounced social conformity effects than individualistic cultures (Rogers, 2003). 

Excessive dependence on social influence may result in herd behavior, when users select platforms 

based on trends rather than genuine value or enjoyment. 

 

 

 

 Table2.2: Hypotheses and Supporting References 

 

Hypothesis 

 

Brief description 

Main supporting 

references (APA 

style) 

 

 

 

 

H1 

 

 

 

Content Quality positively influences User 

Intention to Adopt OTT. 

Better content, 

diversity, relevance 

increase OTT 

adoption/continuanc 

e 

Mulla, 2022; 

Soren & 

Chakraborty, 

2023; Yoon & 

Kim, 2023; 

Dasgupta & 

Grover, 2019 
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H2 

 

 

 

 

 

Facilitating Conditions positively influences 

User Intention to Adopt OTT. 

Infrastructure, 

access, skills enable 

OTT intention/use 

Shah & 

Mehta, 2022; Tsai 

et al., 2024; 

Nijhawan & 

Dahiya, 2020; 

Wang, 2025 

 

 

 

H3 

 

 

 

 

 

Habit positively influences User Intention to 

Adopt OTT. 

Repeated OTT 

use becomes routine, 

strongly driving 

intention 

Soren & 

Chakraborty, 

2023; Müller-

Pérez et al., 2025; 

Nijhawan & 

Dahiya, 2020 

 

 

H4 

 

 

 

 

Hedonic Motivation positively influences 

User Intention to Adopt OTT. 

Enjoyment/fun 

is a central driver of 

OTT use 

Bhattacharyy 

a et al., 2021; Kim 

et al., 2024; Mulla, 

2022; Tsai et al., 

2024 

 

 

H5 

 

 

Innovativeness positively influences User 

Intention to Adopt OTT. 

More 

innovative users 

more likely to adopt 

OTT 

Tsai et al., 

2024; Polisetty et 

al., 2023; Li, 2020 

 

 

 

H6 

 

 

Performance Expectancy positively 

influences User Intention to Adopt OTT. 

Perceived 

usefulness/benefits 

predict intention to 

use OTT 

Soren & 

Chakraborty, 

2023; Jeong et al., 

2022; Kim et al., 

2024; Tsai et al., 

2024 

 

 

H7 

 

Perceived Value positively influences User 

Intention to Adopt OTT. 

Higher value 

for money increases 

adoption/continued 

Use 

Müller-Pérez 

et al., 2025; Mulla, 

2022; Polisetty et 

al., 2023 
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H8 

 

 

Price Value positively influences User 

Intention to Adopt OTT. 

Positive price–

benefit trade-off 

raises intention 

Bhattacharyy 

a et al., 2021; 

Mulla, 2022; 

Sridevi & Sarathy, 

2025; Nijhawan & 

Dahiya, 2020 

 

 

 

 

H9 

 

 

 

Social Influence positively influences User 

Intention to Adopt OTT. 

Peers, norms 

and 

recommendations 

support OTT 

adoption 

Shah & 

Mehta, 2022; Tsai 

et al., 2024; 

Dasgupta & 

Grover, 2019; 

Hutapea et al., 

2025; Li, 2020 

 

 

2.7 - MULTIGROUP ANALYSIS AND OTT 

 
To find out whether or whether the structural linkages between specific groups differ, a 

complicated statistical test is applied, and this is referred to as Multigroup analysis. The authors Klesel 

et al. (2022) explored numerous MGA strategies in the context of PLS path modelling. They discovered 

that some standard omnibus tests are not as useful in finding small group differences. Cheah et al. 

(2020) give a series of procedural guidelines to conduct MGA using SmartPLS. These directions stress 

the necessity of considering the measurement invariance through MICOM method prior to making 

group comparisons. Cheah, Amaro, and Roldan (2023) then broadened this discussion by proposing 

solutions to family-wise error rates and fully comparing the model (Cheah et al., 2023). This broadened 

the discussion to involve MGA with a number of groups. 

 

To investigate the effect of demographic and behavioral variables on user perceptions and satisfaction, 

many studies that focus on over-the-top (OTT) use statistical methods, including analysis of variance 

(ANOVA) and regression, which theoretical framework is identical to regression analysis (MGA). As 

Varalakshmi et al. (2023) results suggest, demographic variables, including age, occupation, and 

income, affect user satisfaction with over-the-top (OTT) platforms significantly. Conversely, gender 

and education level do not play a dominant role in influencing the satisfaction levels of the user to OTT 
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platforms. Through Factor analysis and analysis of variance, Yadav et al. (2023) managed to determine 

that gender and employment are the key determinants that yield the outcome that follows the use of 

over-the-top (OTT) services. Formal Multigroup Analysis (MGA) methods may be advantageous to 

such studies because these techniques provide the possibility to evaluate the structural differences 

between more than two demographic groups within a common model. 

 

The fact that the various perspectives should be taken into consideration is underscored by studies 

carried out on the products habits of the youth. A research by Singh (2024) examined the role that 

young viewers played in watching over-the-top (OTT) services and determined that the factors that 

influenced the viewing habits and the psychological state were the accessibility, the cost, and the 

diversity of content. Perhaps the integration of MGA in this study will reveal the variation in these 

relations among various income level groups and gender. 

 

The recent study has brought about the expansion of over-the-top (OTT) analysis to an array of 

elements related to technology, including artificial intelligence (AI) and personalization. Chahwala et 

al. (2025) carried out a study with regard to AI-based recommendation systems and discovered that 

significant disparities existed between age groups but not between genders in terms of user enjoyment 

and engagement (Chahwala et al., 2025). Such studies can be advanced with the help of MGA which 

would enable the researchers to examine whether the effect of artificial intelligence on engagement 

depends on the user demographics or cultural features. 

 

2.8 - IPMA ANALYSIS AND OTT ADOPTION 

 
Partial Least Squares Structural Equation Modelling (PLS-SEM) has also evolved to become an 

important development of Importance- Performance Map Analysis (IPMA). This growth enables the 

researcher to no longer rely on significance testing but to investigate the significance (path coefficient) 

as well as the performance (mean latent variable scores) of constructs. In this manner, they can end up 

providing good information to managers that they can apply in their practice. The work by Ringel and 

Sarstedt (2016) preconditions the IPMA as the means of linking the statistical analysis to strategic 

decision-making. This paper has highlighted the importance of IPMA in establishing the factors that 

have the greatest impact on critical outcomes although they demonstrate poor performance in the field 

(Ringle and Sarstedt, 2016). Later research studies were able to improve the level of methodological 

rigor of IPMA by creating a stronger framework. Streukens, Leroi-Werelds and Willems (2017) put 
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forward structures to resolve nonlinearity in interactions. These models enabled the more accurate 

determination of the meaning of constructs (Streukens et al., 2017). 

 

The technology has improved through the use of the auxiliary techniques including Necessary 

Condition Analysis (NCA) and Artificial Neural Networks (ANN). The idea of combined IPMA 

(cIPMA), where the sufficiency and necessity logics are reconciled to more specifically distinguish 

between the must-have and should-have performance outcome drivers, was introduced by both Hauff 

et al. (2024) and Sarstedt et al. (2024) (Hauff et al., 2024; Sarstedt et al., 2024). Zabukovšek et al. 

(2022) together with ANN and IPMA integrated to shed light on nonlinear and complex relationships. 

The work under consideration is an illustration of how artificial intelligence can be used to increase the 

interpretative accuracy of IPMA when it comes to technology adoption. 

 

Other research findings on the usefulness of IPMA in management have been applied in numerous 

areas of business and service and can be considered as validation of the potential of IPMA. Indicatively, 

Gim and Cheah (2020) had to use IPMA to establish the dimensions of pay satisfaction that hold the 

greatest significance to organizational trust (Gim and Cheah, 2020). Equally, Yapp and Yeap (2023) 

applied IPMA to find out the most influential customer-perceived values in e-hailing services (Yapp 

& Yeap, 2023)? In a similar way, Haverila et al. (2023) demonstrated how IPMA can be connected 

with the idea of multigroup segmentation to demonstrate the differences in the perception of service 

quality among the groups based on marital status (Haverila et al., 2023) The findings are also similar 

to the presented one. These studies enable researchers to incorporate statistical data into their strategic 

priorities, and all these studies combine to outline the academic and practical importance of IPMA. 

 

IPMA has not been fully studied in the context of the research on the digital media and over-the-top 

(OTT) platforms, where it is necessary to understand the multidimensional views of the users, although 

the scope of its applicability is growing. With the combination of IPMA and Multigroup Analysis 

(MGA), one would be able to determine both high-impact and underperforming aspects of a service 

among demographic or regional categories (i.e., quality of content, personalization, and fairness in 

price, etc.). This would enable multidimensional knowledge concerning user satisfaction. MGA and 

IPMA usage as a pair is one of the potential analytical frameworks that could be used to bring together 

data-intensive knowledge and effective actions in the digital consumer experience management. This 

is especially applicable considering the fact that the scope of the OTT services is widening and the 

level of competition is getting tougher. 
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Conceptual Model: 
 

 

Conceptual model developed from UTAUT 3 theory 

 

 

2.9 - Research Gap: 

 
Despite the growing body of literature in the field of OTT platform usage, there are still great gaps in 

the present research. Most of the past research empirically relies on theoretical models on generalized 

technology adoption, including UTAUT2, TAM, which does not fully cover the specifics of any of the 

mentioned aspects of OTT, including the quality of its content, its flexibility of subscriptions, 

customization of its algorithm, and cultural relatability. Current assessment incorporates Content 

Quality as an additional concept; however, there is not enough empirical evidence of its 

implementation within UTAUT3 framework at the levels of different OTT. 
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The existing studies have almost the entire research industry confined to specific areas, such as India, 

East Asia, and North America, thus limiting the usability of the findings across cultures. Even the 

effects of such variables as a social influence and pricing value differ significantly in terms of 

collectivist and individualist civilizations; however, there is few studies on it as a whole. Past research 

is primarily concerned with the preliminary adoption intention other than persistence or persistence 

intention. Experts challenging will consider the switch-cost of off-the-top (OTT) ecosystem to be 

dynamic and low in nature, which makes this narrow-minded view incomplete given that the post-

adoption attributes like binge-watching behavior, the need to feel satisfied with the content regardless, 

the reinforcement of the habit and continued platform payment essential in sense making about the 

long-term consumer engagement and retention. 

 

Chapter summary: 

 

An extensive literature review of the literature on the usage of OTT platforms was made in the chapter 

by examining the development of major technological acceptance theories, namely UTAUT, UTAUT2, 

and UTAUT3, and their relevance in explaining user behavior in the context of digital media. It focused 

on the fact that, as functional and cognitive factors are sufficiently covered in conventional models, 

they are not sufficient in order to cover the experience- and content-related aspects of OTT platforms. 

The chapter discussed the key constructs, including and not limited to performance expectancy, 

facilitating conditions, hedonic motivation, habit, innovativeness, perceived value, price value, social 

influence, and content quality, which have a significant but relative influence on user intention to adopt 

OTT services. 

 

It also marked the moderating effects of the demographic factors that include age, gender and 

experience and analyzed advanced techniques of analysis like MGA and IPMA to gain deeper insight. 

Nine hypotheses were developed and included into an integrated conceptual framework founded on 

the synthesis of existing empirical data. Finally, major research gaps were identified, including the low 

level of OTT-specific factors inclusion in UTAUT3, the inadequate emphasis on the continuing 

behavior, and the lack of cross-contextual validation, which, therefore, ensure the need of the present 

research. 
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CHAPTER 3: RESEARCH METHODOLOGY 

 
3.1 - Introduction 

 
This chapter presents the methodological framework to be used in the study of the determinants of the 

adoption and continuance of Over-the-Top (OTT) in Gujarat. The proposed study is rooted in the 

longstanding Unified Theory of Acceptance and Use of Technology (UTAUT3), with additions of the 

OTT-specific variable Content Quality. It has described the research design, sampling strategy, data 

collection process, and statistical procedures used in the study by the methodology. Since the OTT 

consumption behaviors is multidimensional in nature, the quantitative cross-sectional research design 

was chosen, and Structural Equation Modelling (PLS-SEM) with Multi-Group Analysis (MGA) were 

used to test the hypothesized relationships and group differences. 

 

3.2 - Research Problem Statement 

 
The rapid rise of Over-the-Top (OTT) streaming is an event that has transformed the digital 

entertainment industry making streaming services to be one of the primary sources of communication 

among various age groups. However, in spite of the continued increase in the use of OTTs, empirical 

understanding is not clear on the key factors that influence the intentions of users to adopt and continue 

using OTTs, particularly, in the new digital markets. 

 

The up-to-date studies regarding the adoption of technology have been skewed, to the point of giving 

generalized models such as UTAUT2 and TAM and yet nothing has been done to address the factors 

of experience, perception, social, and technological factors in the context of OTT service. Factors such 

as Content Quality (CNQ), Facilitating Conditions (FCO), Habit (HAB), Hedonic Motivation (HEM), 

Innovativeness (INO), Performance Expectancy (PEX), Perceived Value (PRV), Price Value (PVL), 

and Social Influence (SOI) could collectively contribute to User Intention to Adopt (UIA); 

nevertheless, the relative importance, forecasting ability and their relationship have not been well 

examined in an overall structural framework. 

 

Also, although demographic factors such as gender and generational group (Gen Y and Gen Z) are 

often assumed to have an impact on digital adoption behaviors, empirical evidence on such a significant 

change in structural connection in OTT adoption by demographic factors remains inconclusive. This 
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creates a theoretical and administrative gap in the understanding of whether adoption drivers are 

different between the groupings of demographics or are typically applicable. 

 

3.3 - Research questions: 

 
RQ1. How do technological factors such as performance expectancy influence users’ intention to adopt 

OTT platforms? 

 

RQ2. What is the impact of experiential factors (e.g., content quality, entertainment value, user 

interface experience) on users’ intention to adopt OTT platforms? 

 

RQ3. How do perceptual factors such as perceived value and social influence affect users’ intention to 

adopt OTT platforms? 

 

RQ4. Which among the technological, experiential, and perceptual predictors exerts the strongest 

influence on user adoption intention toward OTT platforms? 

 

RQ5. What is the relative importance of performance expectancy, perceived value, content quality, and 

social influence in shaping OTT adoption intention? 

 

RQ6. Does gender moderate the relationship between technological, experiential, and perceptual 

factors and users’ intention to adopt OTT platforms? 

 

RQ7. Does generational cohort (e.g., Gen Z, Millennials) moderate the relationship between predictors 

and user adoption intention? 

 

RQ8. Are there statistically significant differences in adoption intention across demographic groups 

(gender and generation)? 

 

RQ9. Which constructs demonstrate high importance but low performance in influencing OTT 

adoption intention based on Importance–Performance Map Analysis (IPMA)? 

 

RQ10. What managerial priorities can be derived from IPMA results to enhance user adoption and 
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Engagement on OTT platforms? 

 

 

RQ11. How can OTT service providers strategically allocate resources based on the relative 

performance and importance of key adoption determinants? 

 

RQ12. To what extent do demographic characteristics strengthen or weaken the predictive relationships 

within the proposed OTT adoption framework? 

 

3.4 - Research Objectives 

 
 To examine the influence of technological, experiential, and perceptual factors (e.g., 

performance expectancy, perceived value, content quality, social influence) on users’ intention 

to adopt OTT platforms. 

 To analyse the relative significance of individual predictors in shaping user adoption intentions. 

 To evaluate the moderating relationships of demographic factors (gender, generation) between 

predictors and user intention to adopt OTT platforms. 

 To identify key managerial implications using Importance–Performance Map Analysis (IPMA) 

for improving user adoption and engagement on OTT services. 

 

 

 

 

Research Objective Corresponding Research Question(s) 

 

 

 

 

RO1: To examine the influence of 

technological, experiential, and perceptual 

factors (e.g., performance expectancy, 

perceived value, content quality, social 

influence) on users' intention to adopt OTT 

platforms. 

RQ1: How do technological factors such 

as performance expectancy influence 

users' intention to adopt OTT platforms? 

 

RQ2: What is the impact of experiential 

factors (e.g., content quality, 

entertainment value, user interface 

experience) on users' intention to adopt 

OTT platforms? 

 

RQ3: How do perceptual factors such as 

perceived value and social influence 
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Research Objective Corresponding Research Question(s) 

 affect users' intention to adopt OTT 

platforms? 

 

 

 

 

 

 

RO2: To analyse the relative significance of 

individual predictors in shaping user adoption 

intentions. 

RQ4: Which among the technological, 

experiential, and perceptual predictors 

exerts the strongest influence on user 

adoption intention toward OTT 

platforms? 

 

RQ5: What is the relative importance of 

performance expectancy, perceived 

value, content quality, and social 

influence in shaping OTT adoption 

intention? 

 

 

 

 

 

 

 

 

 

 

 

RO3: To evaluate the moderating relationships 

of demographic factors (gender, generation) 

between predictors and user intention to adopt 

OTT platforms. 

RQ6: Does gender moderate the 

relationship between technological, 

experiential, and perceptual factors and 

users' intention to adopt OTT platforms? 

 

RQ7: Does generational cohort (e.g., 

Gen Z, Millennials) moderate the 

relationship between predictors and user 

adoption intention? 

 

RQ8: Are there statistically significant 

differences in adoption intention across 

demographic groups (gender and 

generation)? 

 

RQ12: To what extent do demographic 

characteristics strengthen or weaken the 

predictive relationships within the 

proposed OTT adoption framework? 



69  

 

Research Objective Corresponding Research Question(s) 

 

 

 

 

 

 

 

RO4: To identify key managerial implications 

using Importance–Performance Map Analysis 

(IPMA) for improving user adoption and 

engagement on OTT services. 

RQ9: Which constructs demonstrate 

high importance but low performance in 

influencing OTT adoption intention 

based on IPMA? 

 

RQ10: What managerial priorities can be 

derived from IPMA results to enhance 

user adoption and engagement on OTT 

platforms? 

 

RQ11: How can OTT service providers 

strategically allocate resources based on 

the relative performance and importance 

of key adoption determinants? 

 

 

 

3.5 - Research Approach 

 
The present study uses the quantitative research methodology to examine factors which determine the 

desire among consumers to subscribe to the over-the-top (OTT) services with specific reference to the 

state of Gujarat. Since the aim of the research is to experimentally test hypothesized relationships 

between latent dimensions including performance expectancy, perceived value, content quality, social 

impact and user intention, a quantitative research is the best approach to be used. 

 

This research is based on an improved UTAUT3 framework. In this context, various independent 

variables are put through statistical processing to determine to what extent the variables can offer 

accurate predictions of the dependent variable, which is User Intention to Adopt OTT. Considering the 

fact that the goals are as follows (i) to establish the strength of relationships, (ii) to compare the relative 

importance of predictors, (iii) to analyses the moderating factors of demographic variables, and (iv) To 

Implement Importance-Performance Map Analysis (IPMA), a quantitative paradigm ensures the 

objectivity, measurement accuracy, and generalizability. 
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The study is carried out with the help of a deductive reasoning approach, whereby the hypotheses are 

taken based on the well-established theories including UTAUT, TAM, and Value-Based Adoption 

Models and tested experimentally on the basis of primary survey data. The application of Partial Least 

Squares Structural Equation Modelling (PLS-SEM) can also offer additional aid in selecting a 

quantitative explanatory framework due to the fact that it allows assessing both measurement and 

structural models simultaneously. Consequently, the quantitative approach is suitable, as it seeks to 

give statistical validation of theoretical imaginations, objective testing of hypothesis, and rigor 

prediction modelling in the environment of the behavior of over-the-top (OTT) uptake in Gujarat. 

 

3.6 - Research Design: 

 
The current investigation makes use of a descriptive, cross-sectional research approach in order to 

investigate the factors that influence consumers' desire to subscribe to over-the-top (OTT) platforms in 

the state of Gujarat. According to Creswell and Creswell (2018), research design takes the form of a 

blueprint that guides the process of data gathering, measurement, and analysis. This blueprint ensures 

that the research questions are answered in a methodical and scientific manner. In accordance with the 

goals of testing hypothesized correlations among numerous latent constructs within an expanded 

UTAUT3 framework, it was determined that a descriptive and explanatory design would be the most 

suitable approach to use. 

 

Descriptive research design: 

 

A descriptive study design is applied, in the purpose of the systematic description and analysis of the 

relationships between technical, experiential, and perceptual variables, as outlined by the performance 

expectancy, perceived value, content quality, social impact, and habit, and user intention to use over-

the-top (OTT) services. Descriptive research aims at rendering a realistic description of individuals, 

events, or situations without trying to control the contextual environment in which the research is 

carried out (Saunders, Lewis, and Thornhill, 2019). 

 

In the present study, the objective would not be to manipulate independent variables by using 

experimental means, instead, the researcher would study the perceptions and behavioral intentions of 
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the respondents in their natural occurring condition. The constructs under investigation do have a 

psychological and perceptual aspect and the best manner of capturing it is by use of structured survey 

tools. Descriptive design facilitates the quantification of such impressions and facilitates easier 

statistical testing of hypothesized structural correlations. 

 

Moreover, this design can also be used to evaluate the relative value of predictors which is one of the 

main objectives of the study. The study explores the route coefficients, effect sizes, and the explained 

variance (R2), which are compatible with the explanatory-descriptive research traditions (Hair, Hult, 

Ringle, and Sarstedt, 2021). This is achieved with the help of Partial Least Squares Structural Equation 

Modelling (PLS-SEM). Thus, although it is defined as descriptive, an explanatory orientation also 

exists in the design, as it focuses on explaining the difference in the adoption intention with referring 

to the presence of predictors based on theory. 

 

Cross-sectional design: 

 

The cross-sectional design was applied in this research, and the data collected process involved 

information collection of respondents at a certain time of the year (July 2024 and December 2024). A 

cross-sectional research is carried out when it is necessary to study the relationships among various 

variables and collect data about a population or a section of it that is characteristic of the population at 

a certain moment (Bryman, 2016). 

 

The design is well suited because of a number of reasons. The main aim of the research is to gather the 

current attitudes and intentions of users in terms of over-the-top (OTT) platforms, as opposed to tracing 

their temporal evolution. Second, technology adoption studies most often rely on cross-sectional 

surveys in order to test theoretical models like TAM and UTAUT. 

 

This is so because such surveys facilitate efficient collection of massive data in order to model a 

structure (Venkatesh et al., 2003). Third, given the highly dynamic and constantly evolving character 

of the over-the-top (OTT) ecosystem, the study attempts to provide an image of the factors that dictate 

adoption within a specific time period. Sekaran and Bougie (2016) note that the cross-sectional design 

will be sufficient to validate the theory and test structural connections. Conversely, longitudinal designs 

can be applied in looking at the ongoing behavior and habit formation over time. It increases the 

statistical strength, and the credibility of cross-sectional inferences, due to the large number of cases 

being studied (n = 998). 
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Justification of the Selected Design 

 

Both theoretical and practical considerations give the decision to select a descriptive, cross-sectional, 

and non-experimental design support. The empirical hypothesis testing is more suitable than the 

exploratory qualitative enquiry because the theoretical purpose of the study is to substantiate and 

generalize UTAUT3 to over-the-top (OTT) services. In practice, the high and geographically spread 

target population of Gujarat would be in need of a systematic survey methodology providing statistical 

generalization. 

 

Moreover, the cross-sectional survey methodology resembles the preceding studies in the area of 

technology adoption (Venkatesh et al., 2003; Williams, Rana, and Dwivedi, 2015), which increases the 

comparability of the methodology as well as the academic rigour of the study. 

 

The research design, in a short, provides an adequate guideline on how the factors affecting the urge 

to use over-the-top (OTT) services can be investigated. Through embracing descriptive measurement, 

cross-sectional data collection, and explanatory structural modelling, the design ensures that all the 

study objectives, theoretical basis, and methods of analysis are in alignment with each other. 

 

3.7 - Population and sampling selection 

 
3.7.1 - Target Population 

 

The population of interest of the research study consisted of individual consumers who live in Gujarat 

and are those who have access to internet-enabled devices and have been introduced to or had an 

experience with at least one over-the-top (OTT) platform. The population was made up of working 

professionals and students aged 18 years and above up to 55 years old due to the fact that the age 

groups are the most active users of digital media. 

 

Due to the high level of digital penetration, booming urbanisation and the use of over-the-top (OTT) 

services in the major cities, such as Ahmedabad, Gandhinagar, Vadodara, Surat, and Rajkot, the choice 

of Gujarat as the geographical focus can be justified. In this research, the unit of analysis was the 

individual user or potential user of over-the-top (OTT) services and each respondent was a sample unit. 

It was only eligible to those respondents who had at least one year of experience in use of digital 
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services. This was so as to ensure that the comments made by the respondents were well educated and 

substantial about their behavior towards the consumption of over-the-top (OTT) services. 

 

3.7.2 - Sampling Technique: 

 

Sampling can be described as the process of selecting a few people out of a group of many people in 

order to make meaningful inferences about that group. Sampling strategies assist researchers to acquire 

precise and representative data as often it is impossible to investigate a complete population due to 

time constraints, financial limitations, and access ((Spreng et al., 1960)). Validity, reliability and 

generalizability of the study results depend on the sampling strategy chosen. Broadly speaking, there 

are two major categories of sampling methods; probability sampling and non-probability sampling. 

(Chang & Chen, 2008) state that the methods that belong to the category of probability sampling are 

those where all members of the population are known to have a non-zero probability of being selected. 

 

Such processes are rigours statistically and allow generalising the results to the whole population and 

others (Etemad-sajadi & Ghachem, 2015). Some of the most frequently used forms of sampling include 

simple random sampling, where all individuals get an equal opportunity of being picked; systematic 

sampling, where all kth people on a population list are selected; stratified sampling, where the 

population is subdivided into homogeneous subgroups and the respondents are randomly selected out 

of such a group; and cluster sampling, where the whole population is subdivided into clusters, and one 

of them is picked at random. Although probability sampling enhances representativeness and reduces 

effects of selection bias, it requires a detailed sample frame, and substantial level of resources, which 

are not always available (Mccarthy et al., 2017). 

 

(Mccarthy et al., 2017) argues that non-probability sampling does not provide a known chance of 

selection to every member of the population. This is as opposed to that of probability sampling. It is 

common to find these methodologies being applied in the social science, marketing and technology 

adoption research, especially where sample frames are inaccessible or in the dynamic population 

scenario. Convenience sampling is the most general type of sampling, where the respondents are picked 

based on their availability; purposive sampling also referred to as judgmental sampling, which involves 

participants being picked using a set of parameters; quota sampling, which means that some features 

will be represented; and snowball sampling whereby the respondents used will refer other respondents. 

When the intended use is theory testing and predictive modelling as opposed to estimating correct 

population parameters, non-probability sampling is widely tolerated ((Hair, Ringle, et al., n.d.)). This 
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can be done even though it can decrease the statistical generalizability of the results. 

 

 

The non-probability sampling is often more practical than probability sampling in the context of 

applied behavioral research. This is particularly the case in the study of digital platforms, including the 

use of over-the-top (OTT) service usage, since there exist no centralised databases and the number of 

users is always changing. Consequently, the choice of a sampling method depends on the objectives of 

the study, the resources, and accessibility of population. There are methodological advantages as well 

as disadvantages of each methodology (Friedrich et al., 2019). 

 

Given that no easily accessible and comprehensive sampling frame of over-the-top (OTT) consumers 

is available in Gujarat, the study employed non-probability convenience sampling method. Saunders, 

Lewis, and Thornhill (2019) argue that convenience sampling is the most appropriate under the 

circumstances when the population under study is large, immeasurable, and hard to list. This is 

particularly so in cases of the consumption of digital where there is no centralised database of consumer 

(Fiedler, 2010). In the case of over-the-top (OTT) services, the personal data of subscribers are not 

freely available to the population and belong solely to the possession of the streaming services of the 

private category. Consequently, both probability-based sampling are not feasible or possible. 

 

This study aligns with the earlier studies on technology adoption, which concentrated on testing the 

theoretical model estimate but not on estimating the population parameters (Hair, Hult, Ringle, and 

Sarstedt, 2021). Convenience sampling is appropriate in this study and fits the research. Achieving 

representativeness in the strict probabilistic sense is less important than achieving adequate sample 

size, construct validity and statistical power (Voss et al., 2003). The reason is that the research aims to 

confirm and enlarge an already existing theoretical framework (UTAUT3) through the use of Structural 

Equation Modelling. Moreover, convenient sampling has facilitated the successful collection of data 

within the limits of time and money allocated, and at the same time ensured that the respondents met 

the pre-established eligibility criteria that pertained to the behavior of OTT users (Bradley & Lafleur, 

2016). 

 

In the field of behavioral and information systems research, non-probability sampling is frequently 

accepted when theory validation and predictive modelling are the primary aims (Vivek et al., 2012)). 

This is despite the fact that it may restrict the generalizability of findings to the full population of 

Gujarat. A further enhancement of the research's external validity is provided by the wide and 

diversified sample size within the setting of the investigation. 



75  

3.7.3 - Sample size justification: 

 

The two methods that were used to calculate whether the sample size was sufficient were the 10-times 

rule (Hair & others, 2021) and statistical power analysis utilizing G*Power. These two approaches are 

both known in the Partial Least Squares Structural Equation Modelling (PLS-SEM). According to the 

10-times rule, which was promoted by (Hair, Ringle, et al.), the minimum sample size is ten times the 

number of structural routes directed to every latent construct in the model. According to this rule, the 

sample size must be not less than 10. In the present study, there is the dependent construct, User 

Intention to Adopt, which is influenced by eight independent variables. 

 

These variables are performance expectancy, perceived value, content quality, social impact, habit and 

pricing value among other key determinant variables. Based on the rule of ten times, the minimum size 

of the sample that could be required is ten times eight, 80 in total, that is, eighty individual respondents. 

The sample of 998 respondents, which is the final sample and uses, is well beyond this limit and, 

consequently, meets the minimum requirements that are presented in the analysis of PLS-SEM. Though 

the 10-times rule is a helpful rule-of-thumb methodology, more recent studies of its methodology 

suggest that it can be inadequate to estimate the sample sizes required in more complex models or to 

detect smaller effect sizes, which necessitates a tighter study of statistical power. 

 

To provide a more solid empirical support, statistical power analysis developed under the methodology 

described by (Cohen et al., 2013) was considered, and the concepts that provide the foundations of 

G*Power computations were used. As a technique, statistical power analysis calculates the minimum 

sample size that will be required in order to establish a significant effect given a specific effect size 

(f2), significance level (a), statistical power (1-B), and a set of predictors. When an accurate knowledge 

on the previous empirical estimates is unavailable it is conventional in behavioral studies to suppose 

that the effect size is medium (f2 = 0.15). 

 

Under the assumptions that the significance level was 0.05, the desired statistical power was 0.80 

(meaning that there was an 80 per cent chance of finding a real impact), and the number of predictors 

(in this case, eight) that had an effect on the dependent variable, a linear multiple regression model 

would need a minimum sample size of about 109 respondents. Due to this, the sample size that was 

achieved which is equivalent to 998 respondents is considerably large compared to the lowest threshold 

that is required to detect the medium effects with adequate level of statistical precision. In reality, the 

power that would have been achieved by such a large sample would be much greater than 0.95 which 
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would assure a very large probability of finding meaningful correlations in circumstances where such 

correlations exist (Cohen et al., 2013). 

 

The combination of both the 10-times rule and the statistical power analysis can be used to prove that 

the sample size the research used in this study is not only statistically reliable, but also 

methodologically acceptable. Through a large sample size, the consistency of estimating the parameters 

is maintained, the accuracy of the process of bootstrapping in PLS-SEM is increased, the possibility of 

Type II error is reduced, and reliability of subgroup comparison implemented by Multi-Group Analysis 

(MGA) is enhanced. It can be concluded that the 998 respondent’s size is more than enough to confirm 

the proposed structural model and test the hypothesized correlations (Sarstedt et al., 2009). 

 

3.8 - Research Instrument Development 

 
The significant research development technique that was applied in this study was a structured 

questionnaire. The questionnaire was designed to measure the dimensions which are related with the 

desire to use over-the-top (OTT) services. Due to its ability to allow systematic data collection, 

standardisation of responses, and statistical analysis of latent constructs, in most cases, a structured 

questionnaire is used in a quantitative study (Creswell and Creswell, 2018). This is due to the fact that 

it enables the consideration of the latent constructs. Given that the study is grounded in the extended 

UTAUT3 model, the questionnaire was put together on the basis of the previously validated scales of 

the existing literature. This was to ensure that the questionnaire content was valid and it was in line 

with the theory. 

 

The instrument was comprised of several different pieces. To make it easy to analyse the subgroups 

and test moderation, the initial section contained demographic data, including gender, age group, 

occupation, and generation. The second portion was measurement items which refer to technical 

dimension, experiential dimension as well as the perceptual dimension. These were performance 

expectation, perceived value, content quality, social impact, and habit, hedonic motivation, pricing 

value and user intention to adopt over-the-top (OTT) platforms. To provide the guarantees of construct 

reliability and comparability, every item was based on the prior empirical works in the domain of 

technologies acceptance and research of technology acceptance and digital services (Hair, Hult, Ringle, 

and Sarstedt, 2021; Venkatesh et al., 2003). 
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The level of assent that the respondents agreed with the statement was measured on a Likert scale with 

seven points, which were Strongly Disagree (1), Strongly Agree (7). The Likert scale is a perfect tool 

of obtaining attitudes, perceptions, and behavioral intentions since it provides ordinal data that can be 

used in multivariate statistical methods, including PLS-SEM (Sekaran and Bougie, 2016). To avoid a 

biased response and maximize the proportion of individuals who complete the questionnaire, it was 

designed to be plain, to the point and easily understood. 

 

Before the data were collected in bulk, a pilot test was conducted on the tool to make sure that it was 

understandable, clearly written, and applied to the subject. Then, reliability and validity were checked 

consecutively through the use of Cronbach’s alpha, composite reliability, Average Variance Extracted 

(AVE), Fornell-Larcker and HTMT ratio during the measurement model evaluation. The constructs 

were ensured to be internally consistent, convergent, and discriminant valid because of the techniques 

that were used. 

 

 

 

Table 3.1 Variable wise Measurement Statements 

Variable Code Measurement Statement Source 

 
PEX1 

Using OTT platforms improves my 
entertainment experience. 

 

 

Performance 
PEX2 

OTT platforms allow me to watch content 
more conveniently than traditional media. 

Venkatesh et al. 

(2012); Venkatesh, 

Expectancy 
PEX3 

OTT services help me access content anytime 
and anywhere. 

V., Thong, J. Y. L., 

& Xu, X. (2016) 

 
PEX4 

Using OTT platforms enhances my overall 
viewing efficiency. 

 

 

 

 

Content 

Quality 

CNQ1 
OTT platforms provide high-quality video and 
audio content. Soren & 

Chakraborty 

CNQ2 
OTT platforms offer diverse and engaging 
content. (2023), S Nagaraj, 

S Singh, VR 

CNQ3 
The original content available on OTT 
platforms is appealing. Yasa,2021) 

Perceived PRV1 OTT subscriptions provide good value for Davis, 1989; 
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Value  Money. Agarwal & 

Karahanna, 2000; 

Venkatesh, V., 

Thong, J. Y. L., & 

Xu, X. (2016) 

PRV2 
The benefits of OTT services justify the 
subscription cost. 

PRV3 
OTT platforms provide better value 

compared to traditional television services. 

 

 

 

 

Social 

Influence 

SOI1 
People important to me encourage me to use 
OTT platforms. 

 

 

 

 

Venkatesh et al. 

(2003) 

SOI2 
My friends and family influence my decision 

to subscribe to OTT services. 

SOI3 
Recommendations from others affect my 

OTT subscription decisions. 

SOI4 
Social media discussions influence my 
interest in OTT platforms. 

 

 

 

 

Facilitating 

Conditions 

FCO1 
I have the necessary resources (devices and 
internet) to use OTT platforms. 

 

 

 

 

Venkatesh et al. 

(2003) 

FCO2 
I have the knowledge required to use OTT 

services. 

FCO3 
OTT platforms are compatible with the 

devices I use. 

FCO4 
Technical support for OTT services is easily 
available when needed. 

 

 

Hedonic 

Motivation 

HMO1 I find using OTT platforms enjoyable.  

 

Venkatesh et al. 

(2012) 

HMO2 
OTT platforms provide a pleasurable viewing 
experience. 

HMO3 
I feel excited while exploring new content on 
OTT platforms. 

 

 

Price Value 

PVA1 OTT subscription prices are reasonable. 
 

Nijhawan & Dahiya 

(2020), Agarwal & 

Prasad (1998) 

PVA2 OTT platforms offer flexible pricing plans. 

PVA3 
The price of OTT subscriptions is acceptable 
given the content quality. 

Personal PIN1 I like experimenting with new digital  
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Innovativeness  Technologies.  

PIN2 
I am usually among the first to try new online 
services. 

 

 

Agarwal & Prasad 

(1998), Tsai et al. 

(2024) 

PIN3 
I enjoy exploring new streaming platforms 

and applications. 

PIN4 
I feel confident using new digital 
technologies. 

 

 

User Intention 

to Adopt 

UIA1 
I intend to continue using OTT platforms in 

the future. 

 

 

Venkatesh et al. 

(2012) UIA3 
I plan to increase my usage of OTT platforms. 

UIA4 I intend to maintain my OTT subscription. 

 

 

 

 

 

 

 

Habit 

HAB1 
Watching content on OTT platforms has 

become a habit for me. 

 

 

 

 

Venkatesh et al. 

(2012); Soren & 

Chakraborty 

(2023) 

HAB2 
I use OTT platforms automatically without 

thinking much about it. 

HAB3 
Using OTT platforms is part of my daily 
routine. 

HAB4 
I feel uncomfortable if I cannot access OTT 
platforms regularly. 

HAB5 
I frequently watch content on OTT platforms 
whenever I have free time. 

 

 

 

Pre-Testing and Pilot Testing 

 

The study instrument was pre-tested and pilot tested before data collection on larger scale was 

conducted in order to enhance its clarity, reliability and validity. According to Creswell and Creswell 

(2018), the initial phase of refining the instruments involves the pre-testing. At this phase, evaluation 

of the questionnaire will be in terms of its clarity in terms of phrasing, logical sequence, its 

comprehensibility and its applicability to the situation. This is whereby the draft questionnaire was 

reviewed by subject matter experts in the field of management and information systems, as well as the 
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Experienced research academics who were conversant with frameworks on adoption of technology. To 

achieve the goal of making sure every item conveyed its target idea, was not ambiguous or dual-

barrelled, and fit the demographic of users of OTT under consideration, the objective was to ensure 

that every item is appropriate. To align the scale items that had been previously proven in the context 

of the OTT experience without compromising the conceptual meaning of the items in question, the 

given endeavour was given special attention. Due to the remarks given by the specialists, slight 

modifications were carried out to enhance sentence arrangement, eliminate those aspects that were 

redundant, refine terminology, and make the piece easier to read in general. This process enhanced the 

content validity of the study and ensured that both the theoretical constructs and the measuring items 

were harmonized respectively. 

 

After pre-testing, the pilot study was performed with a sample of 98 respondents selected in the target 

population, which included working professionals and students in Gujarat with a previous experience 

of exposure to OTT platforms and a year of experience of using digital services. These respondents 

were individuals who had already experienced digital service usage and were exposed to the over-the-

top (OTT) services. The objectives of the pilot testing were to know whether the questionnaire was 

feasible or not, to get an approximate idea of the time that will be required to respond to the 

questionnaire, to detect the possible problems during the process, and to get the preliminary reliability 

test. Strong encouragement was created that the respondents should provide remarks concerning the 

clarity of the questions, response options, the survey flow, and difficulties they faced when filling out 

the survey. Cronbach alpha was used to analyse the pilot data to identify the internal consistency 

reliability. 

 

This was in order to make sure that the constructs met the relevant levels of reliability (a > 0.70), which 

are recommended by Nunnally and Bernstein (1994). The products with low item total correlations or 

insufficient contribution of reliability were put under thorough review and persuasion without affecting 

the integrity of the theoretical framework used. The task of pilot testing also helped to verify that the 

survey could be completed in a reasonable time (approximately 15-20 minutes), which contributed to 

the minimization of weariness on the side of the respondents and enhanced the quality of the answers 

provided. 

 

It was assured that the final instrument was conceptually sound, culturally suitable, and statistically 

reliable by the combination of the pre-testing and pilot testing techniques. During these stages, the 

robustness, accuracy, and credibility of the empirical enquiry were considerably improved. This was 
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accomplished by detecting and fixing any potential measurement mistakes that may have occurred 

prior to the wide-scale administration. 

 

Table 3.2 – Internal Consistency 

 Cronbach's 

alpha 

 

(rho_a) 

No of 

Items 

CNQ 0.893 0.895 3 

FCO 0.914 0.915 4 

HAB 0.891 0.913 5 

HEM 0.914 0.915 3 

INO 0.919 0.919 4 

PEX 0.905 0.906 4 

PRV 0.841 0.858 4 

PVL 0.931 0.931 3 

SOI 0.827 0.827 4 

UIA 0.864 0.865 3 

 

 

3.9 - Data Collection Tools: 

 
To ensure that the proposed research model is theoretically informed as well as empirically confirmed, 

data collection of the current research was conducted with the help of primary and secondary sources. 

The inclusion of these two sources of information led to the enhancement of the extent of research, 

reliability as well as contextual sensitivity. 

 

Secondary Data Collection: 

 

Secondary data were obtained during the initial stages of the research process in an effort to establish 

the theoretical foundation and conceptual framework of the study. The literature that was reviewed was 

the relevant literature that contained peer reviewed journal, conference proceedings, doctorate theses, 

industry reports, government publications, and authorised internet information sources. To find the 

past empirical research related to the over-the-top (OTT) adoption, digital streaming services, and 

technology acceptance models (UTAUT, UTAUT2, TAM, and Value-Based Adoption Models), 



82  

academic databases (Scopus-indexed journals, Web of Science, and Google Scholar) and available 

resources of institutional libraries were used. 

 

Also, the market research and industry coverage were researched with the aim of understanding the 

global and Indian over-the-top (OTT) trends, the rates of digital penetration, pricing patterns, and the 

consumption patterns among users. These sources were useful because they helped in the identification 

of research gaps, refining the study objectives, formulating hypotheses, and the choice of validated 

measuring scales to operationalize the construct. Consequently, secondary data played a vital role in 

the development of the instrument, setting of theoretical orientation, and offering contextual support 

of the investigation. 

 

Primary Data Collection: 

 

To carry out the empirical test of the proposed research method, a structured questionnaire survey was 

used as the tool of obtaining primary data. The reason why Saunders, Lewis, and Thornhill (2019) 

selected the survey method is that it is appropriate in collecting standardised information that involves 

many respondents in a short period. This is what made the survey method to be chosen. The 

questionnaire was designed to help establish how the respondents are impressed with the technological, 

experiential and perceptual issues that lead to the (Nagaraj et al., 2021a) their inclination to adopt over-

the-top (OTT) services (Elagin et al., 2019). 

 

The survey of major urban centres of the state of Gujarat was conducted over a period of one hundred 

and eighty days and the survey commenced in July 2024 and ended in December 2024. Such centres 

were Ahmedabad, Gandhinagar, Vadodara, Surat and Rajkot. The target respondents were people aged 

18 to 55 and able to use internet-enabled devices and at least one over-the-top (OTT) platform familiar 

with or experienced with at least one. The scarcity of easily available sampling frame of over-the-top 

(OTT) users in Gujarat led to the need to use non-probability convenience sampling method. 

 

The number of questionnaires mailed was 1,168 and 1,077 replies were received. Upon examination 

of the data and discarding 91 incomplete replies, there were 998 valid questionnaires retained with an 

aim of carrying out the final analysis. The subject of the study was explained to the participants and 

they were assured of their privacy and confidentiality (G. Gupta & Singharia, 2021b). The potential 

risk of response bias was minimized because the entire participation process was voluntary, with no 

monetaryand material incentives provided. The structured questionnaire utilized a Likert scale of seven 
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points to the end of the purpose of measuring latent constructs. It made it possible to statistically 

analyse it with the help of Partial Least Squares Structural Equation Modelling (PLS-SEM). The large 

size of the sample was statistically significant and ensured the study hypothesis testing, reliability 

measurement, and multi-group analysis were conducted with utmost reliability. 

 

Statistical Tools and Techniques: 

 

Descriptive and multivariate statistical analysis was employed in combination with each other to 

analyse data collected and give the hypotheses that were put forward to test. The SPSS (statistical 

package of the social sciences) and SmartPLS software packages were used in order to carry out the 

statistical analysis. This process made sure that the measurement as well as the structural models were 

evaluated in detail. The nature of the study objectives, the theoretical backbone (expanded UTAUT3), 

and the complexity of interactions between latent constructs were the main principles that inform the 

choice of statistical methods (Ringle, n.d.). 

 

3.10 - Preliminary Data Analysis 

 
To start with, SPSS statistical package was used to screen and process the data. Some of the items that 

were verified through this process were incomplete replies, coding errors, and gaps in data entry. To 

obtain an insight into general pattern of answers and a general overview of demographic characteristics 

of the respondents, descriptive statistics were calculated respectively, frequency distribution, mean, 

and standard deviation. These studies gave a summary of the sample profile and the appropriateness of 

the data to more advanced modelling was confirmed. 

 

Reliability and Validity Analysis 

 

The assessment of reliability and validity were conducted within the PLS-SEM framework with the 

help of SmartPLS as a way to test the nature of the measurements of the constructs. Cronbach alpha 

and Composite Reliability (CR) were applied with the aim of testing the internal consistency reliability 

of the constructs. (Hair et al., 2019) discussed the values exceeding 0.70 as acceptable ones, which 

reflected that the internal consistency was rated as satisfactory. Factor loadings as well as the Average 

Variance Extracted (AVE) method were used to test convergent validity. The fact that the constructs 

accounted a large percentage of the variance in their indicators was evidenced by the fact that they had 
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larger indicator loadings (more than 0.70) and had larger AVEs (more than 0.50). To establish the 

discriminant validity of the test, Fornell-Larker criteria and Heterotrait-Monotrait (HTMT) ratio were 

used. The lower values of the HTMT below 0.90 indicated satisfactory values of the discriminant 

validity that guaranteed the difference in the conceptions. 

 

Structural Equation Modeling (PLS-SEM) 

 

The PLS-SEM is the abbreviation of partial least squares structural equation modelling and it was 

applied to determine whether the correlations between the constructs were true or false as hypothesized. 

The PLS-SEM was selected as the means of analysis because of its flexibility in making predictive 

research, complex models that contain several constructs, and non-normal distribution of data (Hair et 

al., 2019) It is particularly appropriate when the aim of the study is to elaborate on the existing theories 

and give explanations to variation as opposed to comparing the appropriateness of models in relation 

to the data. Evaluation of the structural model was carried out with the help of path coefficients (values 

of the β), t-statistics, and p-values which were evaluated with the help of bootstrapping processes. To 

test the model in its explanation capacity of the data, the coefficient of determination (R2) was tested. 

This value is used to show what percentage of the change in User Intention to Adopt can be explained 

by the variables that are used as predictors. The effect size (f 2 ) and predictive relevance (Q 2 ) were 

also considered to define the contribution of certain constructs and the extent to which they predict. 

 

Multi-Group Analysis (MGA) 

 

Multi-Group Analysis (MGA) was conducted within the framework of PLS-SEM, to examine the 

moderating influence of demographic issues like gender and generation (Gen Y- Gen Z). A technique 

called the permutation test was employed whereby route coefficients were compared across the various 

groups and it was determined whether or not there were significant differences in the structural linkages 

between the subgroups. With the use of MGA, the effects of demographic moderation were able to be 

tested and still retain the statistical analysis reliability (Sarstedt et al., 2009). 

 

Importance Performance Map Analysis (IPMA) 

 

Importance Performance Map Analysis (IPMA) was conducted along with the structural connection 

test to obtain insight into the management. IPMA is an extension of the results of PLS-SEM that does 

not only assess the significance (total effects) of each construct on the target variable, but also their 
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performance (average latent variable scores). This study will enable the managers of OTT platforms to 

make more informed strategic decisions, which helps identify constructs that are interesting by their 

high relevance but poor performance. 
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CHAPTER – 4 - DATA ANALYSIS 

 
The chapter on data analysis is an essential component of any thesis. It offers a comprehensive 

analysis of the data that was gathered in order to answer the research questions or hypotheses stated 

in the thesis. The purpose of this chapter is to act as a link between the theoretical framework and the 

findings, ensuring that the findings are not only reported but also contextualized within the context of 

the study goals. 

 

The objective of this chapter is to develop meaningful conclusions by methodically presenting, 

analysing, and interpreting the data that was acquired. This will be accomplished by applying proper 

procedures. In this chapter, the analysis is aligned with the goals of the research, which guarantees that 

the results are based on evidence and are scientifically valid. 

 

4.1 - DEMOGRAPHIC ANALYSIS: 

 
Figure 4.1 – Age Classification 
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Table 4.1 – Age Classification 

 Frequency Percent 

18-21 288 28.9 

22-25 378 37.9 

26-35 212 21.2 

36 Above 120 12 

Total 998 100 

 

The age distribution of the research participants (N = 998) indicates a predominance of younger 

demographics. The predominant segment of respondents is the 22–25 age bracket, consisting of 378 

persons (37.9%) of the sample. The subsequent age group, 18–21, has 288 respondents (28.9%), 

signifying that over two-thirds of the sample (66.8%) are aged between 18 and 25 years. Individuals 

aged 26–35 constitute 21.2% (n = 212) of the total, and the group aged 36 and above comprises the 

smallest segment, with just 12% (n = 120) of the respondents. 

 

Figure 4.2 – Gender Classification 
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Table 4.2 – Gender Classification 

 Frequency Percent 

MALE 522 52.3 

FEMALE 476 47.7 

Total 998 100 

 

 

The sample consists of 998 participants, with 52.3% male (n = 522) and 47.7% female (n = 476), 

indicating a somewhat greater proportion of males in the dataset. The gender distribution is virtually 

even, facilitating adequate comparability between the two groups in subsequent gender-focused 

analyses. 

 

Figure 4.3 – Education Qualification 
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Table 4.3 – Education Qualification 

 Frequency Percent 

Undergraduate 183 18.3 

Graduate 249 24.9 

Postgraduate 417 41.8 

Professional Degree 139 13.9 

Other 10 1 

Total 998 100 

 

The dataset included responses from 998 individuals, reflecting the distribution of educational 

attainment across five broad categories. The largest segment of respondents consisted of 

Postgraduates, representing 41.8% (n = 417) of the whole sample. This indicates a highly educated 

sample with superior academic qualifications. Subsequently, Graduates constituted the second largest 

demographic at 24.9% (n = 249), signifying that more than two-thirds (66.7%) of participants 

possessed at least a graduate-level degree. The Undergraduate group included 18.3% (n = 183), whilst 

Professional qualifications (e.g., certifications, chartered credentials) represented 13.9% (n = 139), 

underscoring a cohort of persons possessing specific competence that may not conform to traditional 

academic trajectories. A negligible 1.0% (n = 10) identified as belonging to the “Other” group, 

potentially encompassing informal schooling or occupational training, which may not correspond 

directly with conventional academic classifications. 
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Figure 4.4 – Occupation Classification 
 

 

 

 

 

 

 

Table 4.4 – Occupation Classification 

 Frequency Percent 

Self Employed 252 25.3 

Private Employee 304 30.5 

Government Employee 46 4.6 

Student 370 37.1 

Housewife 16 1.6 

Retired 5 0.5 

Others 5 0.5 

Total 998 100 

 

An examination of the occupational distribution among the 998 participants indicates that students 

comprise 37.1% (n = 370) of the sample. This notable representation may indicate either the academic 

focus of the study or deliberate sampling tactics aimed at younger or currently enrolled populations. 

Employees in the private sector constitute the second-largest demographic, accounting for 30.5% (n = 
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304), while self-employed individuals represent 25.3% (n = 252). Together, these two economically 

engaged groups comprise over 55% of the respondents, indicating a workforce-oriented sample with 

diverse experiences in organizational and entrepreneurial sectors. In contrast, government personnel 

constitute a mere 4.6% (n = 46), possibly reflecting restricted public sector involvement within the 

sample or demographic-specific trends such as age or area. Housewives, retirees, and other groups 

represent a negligible fraction, totalling merely 2.6% of the sample (n = 26), with housewives 

comprising 1.6% (n = 16), and both retirees and other categories at 0.5% (n = 5 each). 

 

 

 

Figure 4.5 – Income Classification 

 

 

 

Table 4.5 – Income Classification 

INCOME 

 Frequency Percent 

 Below 1,00,000 358 35.87 

1,00,000-3,00,000 202 20.24 

3,00,000- 5,00,000 248 24.85 

5,00,000-7,00,000 174 17.43 

Above 7,00,000 16 1.6 

Total 998  
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The income distribution of responses reveals that a substantial fraction falls into the lower-income 

bracket, with the largest number (35.87%) earning less than ₹1,00,000 per annum. Subsequently, 

24.85% of respondents belong to the ₹3,00,000–₹5,00,000 income band, while 20.24% fall within the 

₹1,00,000–₹3,00,000 category, indicating a significant representation of lower-middle-class persons. 

Furthermore, 17.43% of respondents belong to the ₹5,00,000–₹7,00,000 income bracket, indicating a 

moderate-income demographic. Conversely, just 1.6% of respondents earn above ₹7,00,000, signifying 

a minimal presence of high-income persons. The data indicates that the sample primarily consists of 

poor and middle-income respondents, potentially affecting the study findings by promoting price-

sensitive and budget-conscious behavior habits. 

 

Figure 4.6 – Device Used for OTT 
 

 

 

 

Table 4.6 – DEVICE USED FOR OTT 

 Frequency Percent 

Smartphone 533 53.4 

Smart TV 261 26.2 

Laptop 144 14.4 

Tablet 32 3.2 

Desktop Computer 22 2.2 
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Streaming Device (e.g., 

Amazon Fire Stick) 
6 0.6 

Total 998 100 

 

The study indicates that OTT content consumption is mostly mobile-centric, with smartphones being 

the favoured device (53.4%) owing to their mobility, affordability, and extensive internet accessibility. 

Smart TVs account for 26.2%, indicating a rising preference among consumers for immersive, large-

screen watching experiences facilitated by linked television technologies. Laptops (14.4%) are a 

secondary option, although tablets (3.2%) and desktop PCs (2.2%) exhibit minimal involvement, 

presumably due to reduced convenience and mobility. Streaming gadgets like the Amazon Fire Stick 

represent just 0.6%, signifying limited adoption or awareness. Smartphones and smart TVs collectively 

account for nearly 80% of OTT usage, highlighting a dual trend of personalised mobile viewing and 

communal home entertainment. This indicates that OTT platforms and advertisers should focus on 

optimising content and interfaces for these two primary device categories. 

 

Figure 4.7 – Weekly Time Spend 
 

 

 

 

Table 4.7 – WEEKLYTIME SPEND 

 Frequency Percent 

Less than 5 hour per 353 35.4 
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week   

5-8 hours per week 301 30.2 

9-12 hours per week 199 19.9 

13-16 hours per week 52 5.2 

17-20 hours per week 47 4.7 

More than 20 hours 

per week 
46 4.6 

Total 998 
100 

 

The study reveals that a significant percentage of respondents (35.4%) allocate fewer than five hours 

weekly to OTT platforms, indicating a casual interaction with limited material, such trending series or 

short-form entertainment. Another 30.2% of respondents report 5–8 hours of weekly viewing, 

reflecting moderate usage. Collectively, these two categories account for 65.6% of the sample, 

indicating that the majority of OTT users allocate fewer than eight hours per week to streaming, 

underscoring the dominance of moderate consumption over excessive binge-watching. 

 

Approximately 19.9% of respondents fall within the 9–12 hour range, indicating moderate-to-heavy 

users who consistently engage with serialized content. In contrast, a minor segment-5.2%, 4.7%, and 

4.6%-reported viewing for 13–16, 17–20, and over 20 hours per week, respectively, signifying heavy 

viewers typically linked to binge-watching culture. The research indicates that OTT consumption is 

modest among the population, with a small percentage of heavy users, suggesting that although OTT 

platforms are incorporated into users' routines, the majority of viewers balance streaming with other 

media and offline activities. This trend underscores the opportunity for content producers to augment 

persistent engagement via techniques such as serial releases, tailored suggestions, and adaptive 

watching experiences designed to transform moderate users into frequent consumers. 
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Figure 4.8 – Using OTT Since 
 

 

 

 

Table 4.8 - USING OTT SINCE 

 Frequency Percent 

Less than 6 months 163 16.3 

6 months to 1 year 257 25.8 

1 to 3 years 319 32 

3 to 5 years 170 17 

More than 5 years 89 8.9 

Total 998 
100 

 

The analysis reveals that a majority of respondents (57.8%) have been using OTT platforms for one 

year or less, indicating a strong surge of new adopters driven by factors such as affordable data plans, 

increased internet accessibility, and the widespread availability of smartphones and smart TVs. The 

largest single group, representing 32% of respondents, has used OTT services for one to three years, 

suggesting that a significant proportion of users have integrated streaming platforms into their regular 

entertainment routines. Meanwhile, 17% of respondents fall within the three to five-year usage bracket, 

reflecting individuals who likely adopted OTT platforms during their early popularization, particularly 

around the pandemic period when digital entertainment demand intensified. Only 8.9% of users 
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reported using OTT services for more than five years, identifying them as early adopters with 

established viewing habits and potential brand loyalty. Overall, the data indicates a rapidly expanding 

and maturing user base, where new and moderately experienced users dominate, signifying that OTT 

consumption has transitioned from an emerging trend to a mainstream mode of entertainment. This 

pattern highlights the need for OTT service providers to focus on retention strategies-such as 

personalized recommendations, engaging content libraries, and cost-effective subscription models-to 

sustain long-term audience engagement and loyalty. 

 

4.2 - CROSS TABULATION: 

 
Cross tabulation, or contingency table, is a statistical method employed to analyze the connection 

between two or more categorical variables by structuring data into a matrix of rows and columns. Every 

cell in the table denotes the frequency or proportion of observations within a particular combination of 

categories, enabling researchers to condense extensive information and visually see patterns, 

correlations, or disparities across variables. It is extensively utilized as a fundamental instrument in 

research for the analysis of categorical data and the facilitation of subsequent statistical testing 

 

Table 4.9 - INCOME * DEVICE USED FOR OTT 

 DEVICE USED FOR OTT 

 

Smartphone 

 

Smart TV 

 

Laptop 

 

Tablet 

Desktop 

Computer 

INCOME Below 1,00,000 185 107 51 7 8 

1,00,000-3,00,000 117 52 24 7 2 

3,00,000- 5,00,000 122 62 45 11 8 

5,00,000-7,00,000 103 38 23 6 4 

Above 7,00,000 6 2 1 1 0 

Total 533 261 144 32 22 

 

A cross-tabulation of income and devices used for over-the-top (OTT) consumption makes it 

abundantly evident that smartphones are the most popular devices for accessing OTT platforms across 

all income brackets. This is because smartphones are the primary medium via which users may access 

OTT platforms regardless of their economic standing. Despite the fact that this choice is most prevalent 

among those with lower incomes, it continues to be constant even among those with greater incomes. 
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The use of smart televisions is becoming increasingly visible among respondents with middle-incomes, 

which suggests that there is a tendency toward greater watching experiences as purchasing power 

improves. Smart TVs rank as the second most favoured item. Laptops are used by a modest number of 

people across all demographics, which reflects their secondary role as versatile gadgets rather than only 

as entertainment tools. Tablet computers and desktop computers, on the other hand, have relatively low 

usage across all income levels, which indicates that there is a limited desire for over-the-top (OTT) 

watching on these platforms. 

 

Furthermore, the distribution of respondents is concentrated between the lower and middle-income 

categories, with just a limited representation from the highest income group; yet, the patterns of choice 

for devices have remained fairly consistent. The table reveals that, in general, there is a significant 

dependence on mobile-based over-the-top (OTT) consumption, with only a slow transition toward 

larger-screen devices accompanying an increase in wealth 

 

Table 4.10 - Chi-Square Tests – Income * Device used for OTT 

 
 

Value 

 

df 

Asymptotic 

Significance (2-sided) 

Pearson Chi-Square 31.556a 20 .048 

Likelihood Ratio 23.326 20 .273 

Linear-by-Linear Association .573 1 .449 

N of Valid Cases 998   

 

H0: There is no significant association between income level and the device used for OTT 

consumption. 

H1: There is a significant association between income level and the device used for OTT consumption. 

 

Given that the Pearson Chi-Square value is 31.556 with 20 degrees of freedom and a p-value of 0.048, 

which is lower than the conventional significance level of 0.05, the results of the chi-square test indicate 

that there is a statistically significant association between income level and the device used for OTT 

consumption. This is because the p-value is lower than the conventional significance level. The fact 

that this is the case shows that the choice of device for over-the-top (OTT) platforms is not independent 

of the level of wealth, and that fluctuations in income do impact device selection to some degree. The 
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Likelihood Ratio test, on the other hand, reveals a p-value of 0.273, which is not statistically significant. 

Furthermore, the Linear-by-Linear Association value (p = 0.449) likewise suggests that there is no 

significant linear trend between income and device usage. In light of this, it may be deduced that 

although there is a general correlation, it might not adhere to a linear pattern that is constant across all 

economic categories. An additional factor that contributes to the credibility of the study is the total 

number of valid instances, which is N = 99 8. A small but statistically significant association between 

wealth and desire for over-the-top (OTT) devices appears to exist, according to the data as a whole. 

 
 

 

Table 4.11 - INCOME * WEEKLYTIME SPEND 

 WEEKLYTIME SPEND 

Less than 5 hour 

per week 

5-8 hours per 

week 

9-12 hours per 

week 

13-16 hours per 

week 

INCOME Below 1,00,000 131 109 75 18 

1,00,000-3,00,000 69 69 42 10 

3,00,000- 5,00,000 79 65 53 13 

5,00,000-7,00,000 71 53 29 10 

Above 7,00,000 3 5 0 1 

Total 353 301 199 52 

 

The cross-tabulation of income levels and the amount of time spent on over-the-top (OTT) platforms 

on a weekly basis reveals that the majority of respondents come from all income brackets and spend 

less than five hours per week on OTT platforms. This is followed by those who spend between five 

and eight hours per week, indicating a general pattern of moderate OTT consumption. The groups with 

lower incomes, namely those with less than ₹1,000,000, had the highest frequency across all time 

categories, particularly in the shorter watching durations. 

 

This indicates that they have limited free time or restricted access. There is a minor trend toward larger 

watching durations as income grows, particularly among middle-income groups including individuals 

with incomes ranging from ₹3,000,000 to ₹5,000,000, which indicates significantly more involvement 

with over-the-top (OTT) platforms. However, the category with the most time spent, which ranges 

from 13 to 16 hours per week, continues to be the least prevalent across all income levels. This 

demonstrates that excessive usage is restricted regardless of earnings. Despite the fact that their 
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viewing duration appears to be relatively low, the highest income category, which is above ₹7,000,000, 

displays small representation overall, which makes it difficult to build a significant trend. As a whole, 

the chart indicates that over-the-top (OTT) consumption is typically modest across all income 

categories. The data also indicates that there is only a gradual increase in watching time as income 

increases, rather than a significant change toward significant usage. 

 

Table 4.12 - Chi-Square Tests – Income * Weekly Time Spent on OTT 

 
 

Value 

 

df 

Asymptotic 

Significance (2-sided) 

Pearson Chi-Square 30.010a 20 .070 

Likelihood Ratio 30.999 20 .055 

Linear-by-Linear Association 1.172 1 .279 

N of Valid Cases 998   

 

 

H0: There is no significant association between income level and weekly time spent on OTT platforms. 

H2: There is a significant association between income level and weekly time spent on OTT platforms. 

 

The chi-square test results demonstrate no statistically significant correlation between income level 

and weekly time spent on OTT platforms, as the Pearson Chi-Square value is 30.010 with 20 degrees 

of freedom and a p-value of 0.070, exceeding the conventional significance threshold of 0.05. This 

indicates that fluctuations in income do not markedly affect the duration respondents engage with OTT 

platforms. The Likelihood Ratio test produces a p-value of 0.055, beyond 0.05, hence reinforcing the 

lack of a statistically meaningful link. The Linear-by-Linear Association test reveals a p-value of 0.279, 

signifying the absence of a significant linear correlation between income levels and time allocated to 

OTT consumption. The study is statistically credible, encompassing a total of 998 valid instances. The 

data indicate that OTT watching time is reasonably uniform across income levels and is not 

significantly influenced by economic disparities. 
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Table 4.13 - INCOME * USING OTT SINCE 

 
USING OTT SINCE 

Less than 6 

months 

6 months to 1 

year 

 

1 to 3 years 

 

3 to 5 years 

INCOME Below 1,00,000 54 93 118 64 

1,00,000-3,00,000 34 54 72 27 

3,00,000- 5,00,000 38 61 72 46 

5,00,000-7,00,000 34 48 53 31 

Above 7,00,000 3 1 4 2 

Total 163 257 319 170 

 

According to the cross-tabulation that was performed between different income levels and the length 

of time consumers have been using over-the-top (OTT) platforms, the majority of respondents across 

all income categories have been using OTT platforms for between one and three years, making this the 

most prevalent category. It would appear from this that over-the-top (OTT) services had a considerable 

surge in popularity during this time period across all economic sectors. The second biggest 

concentration is shown in the category that spans from six months to one year, followed by the group 

that spans from three to five years, which indicates a steady adoption trend over the course of time. 

The groups with lower incomes, namely those with less than ₹1,000,000, exhibit the highest 

frequencies across all duration categories, notably in the segment spanning from 1 to 3 years, which 

reflects a larger adoption in this particular category. 

 

Additionally, those with a middle-income follow a pattern that is comparable, exhibiting continuous 

involvement throughout a variety of time periods, which indicates persistent and sustained 

consumption. There are comparatively fewer users who are new adopters of over-the-top (OTT) 

platforms, as indicated by the fact that the percentage of respondents that fall into the category of less 

than six months is the lowest. It is difficult to draw definitive conclusions about this sector due to the 

fact that the highest income category, which is above ₹7,000,000, has a relatively low representation 

across all categories. In general, the table demonstrates that the majority of users have not just begun 

using over-the-top (OTT) services. A sizeable fraction of users have moderate to long-term experience 

with OTT services, notably within the range of one to three years across all income levels. 
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Table 4.14 – Chi Square Test – Income * Duration of OTT 

  

 

Value 

 

 

Df 

Asymptotic 

Significance (2-sided) 

Pearson Chi-Square 16.538a 16 .416 

Likelihood Ratio 16.738 16 .403 

Linear-by-Linear Association .447 1 .504 

N of Valid Cases 998   

 

H0: There is no significant association between income level and duration of OTT usage. 

H3: There is a significant association between income level and duration of OTT usage. 

 

The chi-square test results demonstrate no statistically significant correlation between income level 

and duration of OTT usage, as the Pearson Chi-Square value is 16.538 with 16 degrees of freedom and 

a p-value of 0.416, significantly exceeding the conventional significance threshold of 0.05. This 

indicates that the duration of respondents' usage of OTT platforms is unrelated to their economic level. 

The Likelihood Ratio test corroborates this conclusion with a p-value of 0.403, suggesting non-

significance. The Linear-by-Linear Association test yields a p-value of 0.504, indicating the absence 

of a significant linear correlation between income and length of OTT usage. The analysis, comprising 

998 genuine examples, yields statistically credible results. The data indicate that OTT adoption has 

progressed uniformly across all income categories, with no substantial variance attributable to 

economic disparities. 

 

Table 4.15 - AGE * DEVICE USED FOR OTT 

 DEVICE USED FOR OTT 

 

 

 

 

Smartphone 

 

 

 

 

Smart TV 

 

 

 

 

Laptop 

 

 

 

 

Tablet 

 

 

Desktop 

Computer 

Streaming 

Device (e.g., 

Amazon Fire 

Stick) 

AGE 18-21 161 68 41 11 5 2 

22-25 193 119 43 9 13 1 

26-35 118 52 35 2 2 3 
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 36 Above 61 22 25 10 2 0 

Total 533 261 144 32 22 6 

 

According to the cross-tabulation that was performed between different age groups and the devices 

that were used for over-the-top (OTT) consumption, smartphones are the most preferred device across 

all age categories. The highest usage was observed particularly among individuals aged 22–25 and 18–

21, which indicates that younger users have a strong tendency toward mobile-based viewing. Smart 

televisions have emerged as the second most widely used gadget, particularly among individuals in the 

age range of 22 to 25 years old, which indicates that in this demographic, there is a rising demand for 

better watching experiences. 

 

When it comes to over-the-top (OTT) consumption, laptops are used by people of all ages in a modest 

manner, which reflects their function as secondary devices. Tablet computers and desktop computers, 

on the other hand, have a low incidence of usage across all categories, which indicates that there is a 

restricted preference for these devices. According to the results of the survey, streaming gadgets like 

the Amazon Fire Stick have the lowest total usage, which indicates that respondents have low adoption 

levels. Furthermore, younger age groups are the most likely to consume over-the-top (OTT) content in 

terms of overall frequency, whereas older age groups, notably those aged 36 and above, have somewhat 

lower involvement. In general, the table demonstrates that the consumption of over-the-top (OTT) 

services is primarily driven by the use of smartphones, with a progressive diversification to include 

Smart TVs and other devices. There is a significant concentration of OTT use among younger 

audiences. 

 

Table 4.16 – Chi Square Test – Age * Device used for OTT 

  

 

Value 

 

 

Df 

Asymptotic 

Significance 

(2-sided) 

Pearson Chi-Square 38.172a 15 .001 

Likelihood Ratio 36.697 15 .001 

Linear-by-Linear Association 1.066 1 .302 

N of Valid Cases 998   
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H0: There is no significant association between age and the device used for OTT consumption. 

H4: There is a significant association between age and the device used for OTT consumption. 

 

The results of the chi-square test reveal that there is a statistically significant correlation between age 

and the device used for OTT consumption. This is because the Pearson Chi-Square value is 38.172 

with 15 degrees of freedom and a p-value of 0.001, which is significantly lower than the significance 

level of 0.05. It is evident from this that the desire for devices that are compatible with over-the-top 

(OTT) platforms differs dramatically across various age groups. A further confirmation of the strength 

of the link is provided by the Likelihood Ratio test, which demonstrates a p-value of 0.001 and provides 

additional support for this conclusion. The Linear-by-Linear Association test, on the other hand, 

produces a p-value of 0.302, which indicates that although there is a link between the two variables, it 

does not follow a linear trend that is consistent across all age groups. Due to the fact that the research 

comprised 998 genuine instances, the findings may be considered statistically credible. The data, taken 

as a whole, indicate that age is a key factor in deciding the choice of device for over-the-top (OTT) 

usage. 

 

Table 4.17 - AGE * USING OTT SINCE 

 USING OTT SINCE 

Less than 6 

months 

6 months to 1 

year 

 

1 to 3 years 

 

3 to 5 years 

More than 5 

years 

AGE 18-21 49 77 97 40 25 

22-25 54 101 123 66 34 

26-35 41 53 63 41 14 

36 

Above 

19 26 36 23 16 

Total 163 257 319 170 89 

 

According to the cross-tabulation that was performed between age and the length of time that one has 

been using over-the-top (OTT) platforms, the majority of respondents across all age groups have been 

using OTT platforms for one to three years, making this category the leading one. The fact that this 

tendency is more noticeable among younger respondents between the ages of 22 and 25 and 18 and 21 

supports the hypothesis that these age groups constitute the primary user base of over-the-top (OTT) 

platforms that have sustained engagement over time. A progressive adoption pattern among users is 
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shown by the fact that the next largest frequencies are recorded in the category ranging from six months 

to one year, followed by three to five years on average. A relatively lower frequency is shown in the 

category of less than six months, which indicates that there have been less new adopters in recent period 

of time. Additionally, longer-term consumption of more than five years is generally restricted across 

all age categories, although it is significantly more noticeable among those who are younger and those 

who are middle-aged. Participants aged 36 and older had a lower total involvement across all 

categories, which indicates that they have a somewhat lower level of interaction with over-the-top 

(OTT) platforms generally. In general, the chart demonstrates that the majority of over-the-top (OTT) 

usage is concentrated among younger age groups that have moderate to long-term experience, 

particularly within the range of one to three years, which reflects sustained and broad acceptance. 

 

 

 

Table 4.18 – Age * Duration of OTT usage 

  

 

Value 

 

 

Df 

Asymptotic 

Significance (2-

sided) 

Pearson Chi-Square 10.710a 12 .554 

Likelihood Ratio 10.585 12 .565 

Linear-by-Linear Association 1.190 1 .275 

N of Valid Cases 998   

 

HO: There is no significant association between age and duration of OTT usage. 

H5: There is a significant association between age and duration of OTT usage. 

 

Because the Pearson Chi-Square value is 10.710 with 12 degrees of freedom and a p-value of 0.554, 

which is much greater than the conventional significance level of 0.05, the findings of the chi-square 

test show that there is no statistically significant correlation between age and the length of time spent 

using over-the-top (OTT) services. According to this, it appears that the amount of time that users have 

spent using over-the-top (OTT) platforms does not considerably differ between the various age groups. 

With a p-value of 0.565, the Likelihood Ratio test provides additional evidence that this conclusion is 

supported, further showing that there is no significant link between the two variables. As an additional 

point of interest, the Linear-by-Linear Association test reveals a p-value of 0.275, which indicates that 
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there is no significant linear trend between age and the duration of time spent using OTT services. Due 

to the fact that the research comprised 998 genuine instances, the findings may be considered 

statistically credible. It seems from the data that the adoption of over-the-top (OTT) services 

throughout the course of time has been pretty consistent across all age groups. 

 

Table 4.19 – EDUCATION * DEVICE USED FOR OTT 

 DEVICE USED FOR OTT 

 

Smartphone 

 

Smart TV 

 

Laptop 

 

Tablet 

Desktop 

Computer 

EDUCATION Undergraduate 98 38 24 15 8 

Graduate 135 80 25 0 9 

Postgraduate 217 110 71 9 4 

Professional 
Degree 

74 32 24 8 1 

Other 9 1 0 0 0 

Total 533 261 144 32 22 

 

The result of a cross-tabulation between the level of education and the devices used for over-the-top 

(OTT) consumption is that smartphones are the most favoured device across all educational categories. 

This is an indication of the fact that smartphones are universally accessible and convenient. This 

preference is more obvious among postgraduates and graduates, who also demonstrate a somewhat 

higher usage of smart televisions and computers. 

 

This suggests that there is a predisposition toward more varied and better watching experiences as one's 

level of education grows. Reflecting a preference for improved screen quality and immersive watching, 

smart TVs emerge as the second most widely used device across all demographics, particularly among 

postgraduates. This preference is especially prevalent among televisions. It is possible that the dual 

functionality of laptops, which allow them to be used for both work and enjoyment, is the reason for 

the modest and visible usage of laptops among postgraduates and professionals. Tablet computers and 

desktop computers, on the other hand, have a low utilization rate across all educational levels, which 

indicates that they have little significance for over-the-top (OTT) consumption. The general level of 

engagement among respondents who are classed as having "Other" education is quite low. Despite the 

fact that smartphone usage is prevalent across all educational levels, the table demonstrates that higher 

levels of educational attainment are connected with a greater utilization of numerous devices for over- 
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the-top (OTT) consumption. 
 

 

Table 4.20 - Chi-Square Tests – Education * Device used for OTT 

  

 

Value 

 

 

df 

Asymptotic 

Significance (2-

sided) 

Pearson Chi-Square 63.166a 20 .000 

Likelihood Ratio 70.698 20 .000 

Linear-by-Linear Association 1.118 1 .290 

N of Valid Cases 998   

 

H0: There is no significant association between education level and the device used for OTT 

consumption. 

H6: There is a significant association between education level and the device used for OTT 

consumption. 

 

The chi-square test findings demonstrate a statistically significant correlation between education level 

and the device utilized for OTT consumption, as evidenced by a Pearson Chi-Square value of 63.166, 

20 degrees of freedom, and a p-value of 0.000, which is substantially lower than the 0.05 significance 

threshold. This indicates that educational qualifications substantially affect the selection of devices for 

accessing OTT services. The Likelihood Ratio test corroborates this conclusion, presenting a p-value 

of 0.000, so affirming the robustness and dependability of the connection. The Linear-by-Linear 

Association test produces a p-value of 0.290, suggesting that while a link is there, it does not exhibit a 

consistent linear pattern across educational levels. The analysis includes 998 genuine examples, 

rendering the conclusions statistically robust. The data indicate that individuals with varying 

educational backgrounds display markedly distinct preferences for OTT watching devices. 

 

Table 4.21 – EDUCATION * WEEKLYTIME SPEND 

 WEEKLYTIME SPEND 

Less than 5 

hour per week 

5-8 hours per 

week 

9-12 hours per 

week 

13-16 hours per 

week 

EDUCATION Undergraduate 52 51 45 15 
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 Graduate 82 72 59 7 

Postgraduate 150 137 67 25 

Professional 
Degree 

63 40 25 5 

Other 6 1 3 0 

Total 353 301 199 52 

 

The cross-tabulation of education level and weekly time spent on OTT platforms reveals that most 

respondents in all educational categories allocate less than 5 hours per week, with a significant number 

spending 5–8 hours per week, indicating a general trend of moderate OTT consumption. Postgraduates 

exhibit the highest prevalence across all temporal categories, especially in the lower and mid-range 

watching durations, indicating enhanced involvement with OTT platforms within this demographic. 

Graduates and professionals display a same pattern, with greater concentrations in the lower time 

intervals and relatively fewer responses in the higher viewing categories. Undergraduates have a more 

even distribution across temporal categories, while their engagement diminishes as watching duration 

escalates. The highest watching group of 13–16 hours per week has the lowest prevalence across all 

educational levels, suggesting that extensive OTT use is rather rare irrespective of educational 

attainment. Participants categorized as “Other” education exhibit little overall engagement. The data 

indicates that OTT use is modest across all educational levels, with only minor variations in watching 

duration and no significant trend towards excessive usage within any specific category. 

 

Table 4.22- Chi-Square Tests- Education * Weekly Time Spent on OTT 

 
 

Value 

 

Df 

Asymptotic 

Significance (2-sided) 

Pearson Chi-Square 41.982a 20 .003 

Likelihood Ratio 44.847 20 .001 

Linear-by-Linear Association 15.352 1 .000 

N of Valid Cases 998   

 

H0: There is no significant association between education level and weekly time spent on OTT 

platforms. 

H7: There is a significant association between education level and weekly time spent on OTT 

platforms. 
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The chi-square test results demonstrate a statistically significant correlation between education level 

and weekly time spent on OTT platforms, with a Pearson Chi-Square value of 41.982, 20 degrees of 

freedom, and a p-value of 0.003, which is below the conventional significance threshold of 0.05. This 

indicates that the duration users engage with OTT platforms differs markedly among various 

educational cohorts. The Likelihood Ratio test corroborates this conclusion with a p-value of 0.001, so 

strengthening the strength of the link. The Linear-by-Linear Association test reveals a highly 

significant p-value of 0.000, signifying a substantial linear correlation between education level and 

time allocated to OTT platforms. The analysis includes 998 genuine examples, rendering the 

conclusions statistically credible. The data indicate that educational qualifications significantly 

influence OTT viewing time. 

 

Table 4.23 - OCCUPATION * DEVICE USED FOR OTT 

 DEVICE USED FOR OTT 

Smartphone Smart TV Laptop Tablet 

OCCUPATION Self Employed 131 64 39 11 

Private Employee 137 91 50 11 

Government Employee 8 23 5 7 

Student 247 67 50 3 

Housewife 0 16 0 0 

Retired 5 0 0 0 

Others 5 0 0 0 

Total 533 261 144 32 

 

The cross-tabulation of occupation and devices utilized for OTT consumption reveals that smartphones 

are the predominant choice among all occupational categories, with notably elevated usage among 

students and private employees, highlighting the extensive accessibility and convenience of mobile 

viewing. Students are the predominant user demographic, exhibiting a pronounced preference for 

smartphones, accompanied by moderate utilization of Smart TVs and laptops. Private sector employees 

and self-employed persons exhibit considerable use of Smart TVs and laptops, indicating a propensity 

for varied viewing experiences in conjunction with mobile usage. Government personnel exhibit 

diminished smartphone usage yet have a pronounced preference for Smart TVs, suggesting a potential 

predisposition towards conventional or stationary screen watching. Housewives predominantly utilize 
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Smart TVs, with no documented use of smartphones or laptops, whilst retired folks exhibit modest 

participation, restricted solely to smartphone usage. Tablets continue to be the least favoured device 

among all occupational groups, signifying minimal adoption for OTT consumption. The data indicates 

that although smartphones prevail in all occupations, device choices exhibit modest variations based 

on occupational roles, with working professionals and students demonstrating more diverse usage 

patterns 

 

 

 

Table 4.24 - Chi-Square Tests – Occupation * Device Used for OTT 

  

 

Value 

 

 

df 

Asymptotic 

Significance (2-

sided) 

Pearson Chi-Square 154.413a 30 .000 

Likelihood Ratio 151.004 30 .000 

Linear-by-Linear Association 20.396 1 .000 

N of Valid Cases 998   

 

H0: There is no significant association between occupation and the device used for OTT consumption. 

H8: There is a significant association between occupation and the device used for OTT consumption. 

 

The results of the chi-square test reveal that there is a highly statistically significant correlation between 

occupation and the device used for OTT consumption. This is because the Pearson Chi-Square value 

is 154.413 with 30 degrees of freedom and a p-value of 0.000, which is significantly lower than the 

significance criterion of 0.05 to indicate that the association is statistically significant. The fact that 

various occupational groups have dramatically varying preferences for the devices they use to access 

over-the-top (OTT) services is well demonstrated by this. This discovery is also supported by the 

Likelihood Ratio test, which showed a p-value of 0.000, indicating the strength and consistency of the 

association between the two variables. Additionally, the Linear-by-Linear Association test reveals a 

significant p-value of 0.000, which indicates the existence of a substantial trend in the utilization of 

devices across all occupational groups. As a consequence of the inclusion of 998 genuine instances in 

the research, the findings are statistically robust and credible. The data, taken as a whole, indicate that 

occupation is a significant factor that plays a role in determining the device that is used for over-the- 
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top (OTT) consumption. 
 

 

Table 4.25 - OCCUPATION * WEEKLYTIME SPEND 

 WEEKLYTIME SPEND 

Less than 5 hour 

per week 

5-8 hours per 

week 

9-12 hours per 

week 

OCCUPATION Self Employed 85 70 54 

Private Employee 95 104 52 

Government Employee 7 16 8 

Student 166 98 72 

Housewife 0 7 9 

Retired 0 5 0 

Others 0 1 4 

Total 353 301 199 

 

A cross-tabulation of occupation and the amount of time spent on over-the-top (OTT) platforms on a 

weekly basis reveals that the majority of respondents across the majority of occupational groups fall 

within the lower and moderate viewing categories. More specifically, less than five hours per week 

and five to eight hours per week are the categories that fall into this category. This indicates that the 

overall pattern of consumption is moderate. Student users make up the largest group of people who use 

over-the-top (OTT) services. 

 

They have the highest frequency across all time categories, particularly in the shorter watching 

durations, which indicates that they use the service often but not excessively. The distribution of private 

employees is well balanced, with a little larger concentration in the category of time spent working 

between five and eight hours, which indicates moderate participation. Individuals who are self-

employed also exhibit consistent engagement across all time ranges, including a noteworthy presence 

in the higher watching group of 9–12 hours per week, which suggests that they have substantially 

greater flexibility in viewing time. While housewives have a propensity for moderate to higher 

watching durations rather than shorter ones, government personnel have a relatively lower participation 

rate across all categories (compared to other groups). Individuals who are retired or who are employed 

in other jobs have a low level of comprehensive participation. All things considered, the table indicates 

that patterns of consumption of over-the-top (OTT) content differ among different professional groups, 
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although they continue to be mostly focused within moderate viewing durations, with just a modest 

representation in higher time-spent categories. 

 

 

 

Table 4.26 - Chi-Square Tests – Occupation * Weekly Time Spent on 

OTT 

  

 

Value 

 

 

Df 

 

Asymptotic 

Significance (2-sided) 

Pearson Chi-Square 94.840a 30 .000 

Likelihood Ratio 93.526 30 .000 

Linear-by-Linear Association 7.573 1 .006 

N of Valid Cases 998   

 

H0: There is no significant association between occupation and weekly time spent on OTT platforms. 

H9: There is a significant association between occupation and weekly time spent on OTT platforms. 

 

The chi-square test findings demonstrate a highly statistically significant correlation between 

occupation and weekly time spent on OTT platforms, with a Pearson Chi-Square value of 94.840, 30 

degrees of freedom, and a p-value of 0.000, well below the 0.05 significance threshold. This illustrates 

that the duration of time users engage with OTT platforms differs markedly among various job 

categories. The Likelihood Ratio test corroborates this conclusion with a p-value of 0.000, proving the 

robustness and constancy of the association. The Linear-by-Linear Association test reveals a p-value 

of 0.006, which is statistically significant, demonstrating a substantial trend in OTT watching time 

across various vocations. The study comprises 998 genuine examples, rendering the conclusions 

statistically robust and dependable. The results indicate that profession significantly influences the 

duration of time spent on OTT platforms. 

 

4.3 - NON NORMALITY OF DATA: 

 
A Q–Q plot analysis reveals that the data does not precisely follow a normal distribution. This is the 

conclusion that can be drawn from the normality evaluation. In a typical Q–Q plot, the data points are 

supposed to lie along a straight diagonal line. However, in this specific instance, numerous points stray 
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from this line, notably at the ends, which indicates that there is some deviation from normalcy. This 

pattern demonstrates that the distribution is slightly uneven, with certain values not fully fitting with 

the trend that was anticipated. In spite of this, the deviations are not exceptionally significant, which 

indicates that the data, despite the fact that it is not entirely normal, does not exhibit serious anomalies. 

On the whole, the Q–Q plots indicate that the data have a slight degree of non-normality. 

 

 

 

Figure 4.9 – Normal Q-Q plot of Innovativeness 
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Figure 4.10 – Normal Q-Q plot of Price Value 
 

 

 

 

Figure 4.11 – Normal Q-Q plot of Performance Expectancy 
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Figure 4.12 – Normal Q-Q plot of Facilitating Conditions 
 

 

 

 

 

Figure 4.13 – Normal Q-Q plot of Social Influence 
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Figure 4.14 – Normal Q-Q plot of Hedonic Motivation 
 

 

 

 

Figure 4.15 – Normal Q-Q plot of Habit 



116  

 

 

 

Figure 4.16 – Normal Q-Q plot of Content Quality 
 

 

 

 

Figure 4.17 – Normal Q-Q plot of Perceived Value 



117  

 

 

 

Figure 4.18 – Normal Q-Q plot of Users Intention to Adopt 

 

H0: Performance Expectancy adheres to a normal distribution. 

H1: Performance Expectancy does not conform to a normal distribution. 

 

 

H0: Content Quality adheres to a normal distribution. 

H2: Content Quality does not conform to a normal distribution. 

 

 

H0: Perceived value adheres to a normal distribution. 

H3: Perceived value does not conform to a normal distribution. 

 

H0: Social Value adheres to a normal distribution. 

H4: Social Value does not conform to a normal distribution. 

 

H0: Facilitating Conditions adheres to a normal distribution. 

H5: Facilitating Conditions does not conform to a normal distribution. 

 

H0: Hedonic Motivation adheres to a normal distribution. 

H6: Hedonic Motivation does not conform to a normal distribution. 
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H0: Price Value adheres to a normal distribution. 

H7: Price Value does not conform to a normal distribution. 

H0: Personal Innovativeness adheres to a normal distribution. 

H8: Personal Innovativeness does not conform to a normal distribution. 

 

H0: Habit adheres to a normal distribution. 

H9: Habit does not conform to a normal distribution. 

 

H0: User Intention to adopt adheres to a normal distribution. 

H10: User Intention to adopt does not conform to a normal distribution. 
 

 

 

 

Table 4.27 - Tests of Normality 

 Kolmogorov-Smirnova Shapiro-Wilk 

Statistic Df Sig. Statistic df Sig. 

UIA .109 771 .000 .952 771 .000 

INO .168 771 .000 .901 771 .000 

PVL .193 771 .000 .881 771 .000 

PEX .169 771 .000 .900 771 .000 

FCO .142 771 .000 .933 771 .000 

SOI .173 771 .000 .905 771 .000 

HEM .161 771 .000 .931 771 .000 

HAB .106 771 .000 .965 771 .000 

CNQ .106 771 .000 .961 771 .000 

PRV .140 771 .000 .933 771 .000 

a. Lilliefors Significance Correction 

 

 

A strong indication that the data does not follow a normal distribution is provided by the findings of 

the normality tests that were conducted using both the Kolmogorov-Smirnov and Shapiro-Wilk 

methods. The significance values for each and every variable are 0.000, which is lower than the 

threshold of 0.05 that is currently considered acceptable. This indicates that the premise of normalcy 
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is not held true in this situation. To put it another way, the data does not necessarily follow a pattern 

that is completely balanced or symmetrical. In spite of the fact that the sample size is rather big, which 

frequently results in these tests being more sensitive, the fact that the findings are consistent across all 

variables demonstrates that the data exhibits behavior that is not normal. As a result, it is possible to 

draw the conclusion that the dataset does not follow a normal distribution, and it is recommended that 

appropriate methodologies be examined for future investigation about this circumstance. 

 

 

 

Table 4.28 – Descriptive Statistics 

 
 

N 

Minimu 

m 

Maximu 

m 

 

Mean 

Std. 

Deviation 

 

Skewness 

 

Kurtosis 

 

Statistic 

 

Statistic 

 

Statistic 

 

Statistic 

 

Statistic 

 

Statistic 

Std. 

Error 

 

Statistic 

 

Std. Error 

INO 998 1.00 7.00 4.5877 1.49005 -.741 .077 -.521 .155 

PVL 998 1.00 7.00 4.7452 1.61597 -.732 .077 -.646 .155 

PEX 998 1.00 7.00 4.6688 1.45797 -.736 .077 -.550 .155 

FCO 998 1.00 7.00 4.7505 1.38867 -.788 .077 -.174 .155 

SOI 998 1.00 7.00 4.5598 1.44460 -.708 .077 -.476 .155 

HEM 998 1.00 7.00 4.8681 1.48053 -.723 .077 -.358 .155 

HAB 998 1.00 7.00 4.4068 1.37831 -.392 .077 -.723 .155 

CNQ 998 1.00 7.00 4.6890 1.42162 -.539 .077 -.472 .155 

PRV 998 1.00 7.00 4.6754 1.35502 -.695 .077 -.335 .155 

UIA 998 1.00 7.00 4.7709 1.40316 -.628 .077 -.345 .155 

Valid N (list 

wise) 

998         

 

According to the descriptive statistics, all of the variables have the same amount of replies, and the 

values range from one to seven, which implies that a rating scale was utilized. The ratings, on average, 

range from around 4.4 to 4.9, indicating that the majority of respondents provided replies that were 

rather favourable. There is a modest amount of diversity in the replies, which indicates that the 

reactions are slightly dispersed but not very severe. Taking a look at the distribution, the majority of 

the values are somewhat skewed toward the upper end, which indicates that a greater number of 

individuals selected higher ratings. However, this tilt is not particularly powerful, and the data does 
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not exhibit any patterns that are particularly uncommon or dramatic. From a general standpoint, the 

data seems to be well-balanced and dispersed, which means that it may be regarded typical and 

appropriate for future investigation. 

 

Linearity and deviation from linearity: 
 

Table 4.29 - ANOVA Table 

   Sum of 

Squares 

 

df 

Mean 

Square 

 

F 
 

Sig. 

UIA * 

INO 

Between 

Groups 

 

(Combined) 

 

630.754 

 

23 

 

27.424 

 

27.453 

 

0.000 

  Linearity 602.086 1 602.086 602.713 0.000 

  Deviation from 

Linearity 

 

28.668 

 

22 

 

1.303 

 

1.304 

 

0.159 

 Within 

Groups 

 
 

746.223 

 

747 

 

0.999 

  

UIA * 

PVL 

Between 

Groups 

 

(Combined) 

 

722.203 

 

17 

 

42.483 

 

48.856 

 

0.000 

  Linearity 658.976 1 658.976 757.832 0.000 

  Deviation from 

Linearity 

 

63.227 
 

16 
 

3.952 
 

4.545 
 

0.000 

 Within 

Groups 

 
 

654.774 

 

753 

 

0.870 

  

UIA * 

FCO 

Between 

Groups 

 

(Combined) 
 

626.881 
 

23 
 

27.256 
 

27.143 
 

0.000 

  Linearity 558.135 1 558.135 555.832 0.000 

  Deviation from 

Linearity 

 

68.746 
 

22 
 

3.125 
 

3.112 
 

0.000 

 Within 

Groups 

 
 

750.096 
 

747 
 

1.004 

  

UIA * 

SOI 

Between 

Groups 

 

(Combined) 
 

801.398 
 

17 
 

47.141 
 

61.672 
 

0.000 

  Linearity 761.070 1 761.070 995.668 0.000 
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  Deviation from 

Linearity 

 

40.328 
 

16 
 

2.521 
 

3.297 
 

0.000 

 Within 

Groups 

 
 

575.579 
 

753 
 

0.764 

  

UIA * 

HEM 

Between 

Groups 

 

(Combined) 
 

515.522 
 

17 
 

30.325 
 

26.507 
 

0.000 

  Linearity 452.269 1 452.269 395.329 0.000 

  Deviation from 

Linearity 

 

63.253 
 

16 
 

3.953 
 

3.456 
 

0.000 

 Within 

Groups 

 
 

861.455 

 

753 

 

1.144 

  

UIA * 

HAB 

Between 

Groups 

 

(Combined) 

 

358.824 

 

27 

 

13.290 

 

9.698 

 

0.000 

  Linearity 284.964 1 284.964 207.953 0.000 

  Deviation from 

Linearity 

 

73.860 

 

26 

 

2.841 

 

2.073 

 

0.001 

 Within 

Groups 

 
 

1018.153 

 

743 

 

1.370 

  

UIA * 

CNQ 

Between 

Groups 

 

(Combined) 

 

669.508 

 

18 

 

37.195 

 

39.536 

 

0.000 

  Linearity 638.836 1 638.836 679.047 0.000 

  Deviation from 

Linearity 

 

30.672 
 

17 
 

1.804 
 

1.918 
 

0.014 

 Within 

Groups 

 
 

707.469 
 

752 
 

0.941 

  

UIA * 

PRV 

Between 

Groups 

 

(Combined) 
 

796.884 
 

22 
 

36.222 
 

46.706 
 

0 

  Linearity 783.535 1 783.535 1010.328 0 

  Deviation from 

Linearity 

 

13.348 

 

21 

 

0.636 

 

0.82 

 

0.697 

 Within 

Groups 

  

580.094 
 

748 
 

0.776 

  

 Total  1376.977 770    
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The results of the analysis of variance (ANOVA) linearity demonstrate that all of the independent 

variables (INO, PVL, FCO, SOI, HEM, HAB, CNQ, and PRV) have a relationship with UIA that is 

statistically significant. This is because the significance values for linearity are 0.000 in every instance, 

which confirms the existence of a meaningful correlation. However, when looking at deviation from 

linearity, only INO (p = 0.159) and PRV (p = 0.697) exhibit values that are not significant, which 

indicates that their connections with UIA are linear in the correct sense. In contrast, the variables PVL, 

FCO, SOI, HEM, HAB, and CNQ display a substantial departure from linearity (p < 0.05). This 

indicates that although these variables are associated with UIA, their interactions are not completely 

linear and may include some degree of curvature or complexity. Overall, the data indicate that although 

all factors have a considerable impact on UIA, only INO and PRV exhibit a clear linear pattern. The 

remaining variables, on the other hand, exhibit partial non-linearity in their connections with one 

another. 

 

Table 4.30 - Model Summary 

 

 

 

 

Mode 

l 

 

 

 

 

 

R 

 

 

R 

Squar 

e 

 

 

Adjuste 

d R 

Square 

Std. 

Error of 

the 

Estimat 

e 

Change Statistics 
 

Durbin 

- 

Watso 

n 

R 

Square 

Chang 

e 

 

 

F 

Change 

 

 

 

 

df1 

 

 

 

 

df2 

 

Sig. F 

Chang 

e 

1 
.852a 0.726 0.723 0.70349 0.726 

224.59 

4 
9 761 0.000 1.474 

a. Predictors: (Constant), PRV, HAB, HEM, FCO, CNQ, INO, PVL, SOI, PEX 

b. Dependent Variable: UIA 

 

A high R value of 0.852 indicates that the model reveals a significant association between the 

independent variables and UIA. This is demonstrated by the existence of the model. Approximately 

72.6 percent of the variance in UIA can be attributed to the combined impact of PRV, HAB, HEM, 

FCO, CNQ, INO, PVL, SOI, and PEX, as indicated by the R Square value of 0.726. This indicates that 

the combined effect of these variables possesses a high level of explanatory power. An adjusted R 

Square of 0.723 indicates that this strength has not changed at all, even after the adjustment has been 

made. The standard error of the estimate is relatively low, which indicates that the values that were 

predicted are relatively close to the values that were actually observed. The fact that the F change value 
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is extremely significant and has a p-value of 0.000 demonstrates that the model as a whole is 

statistically significant and that the predictors have an impact on UIA in conjunction with one another. 

It should also be noted that the Durbin-Watson score of 1.474 suggests that there are no significant 

problems associated with autocorrelation. In general, the model is robust and trustworthy, and it 

provides an explanation for a significant amount of the variation in UIA. 

 

Table 4.31 - Coefficientsa 

 

Model 

 Standardized 

Coefficients 

 

t 

 

Sig. 

Collinearity 

Statistics 

 

 Beta   Tolerance VIF 

1 (Constant) - 

0.068 
0.121 

 
-0.559 0.576 

  

INO 0.005 0.029 0.005 0.175 0.861 0.366 2.735 

PVL 0.071 0.026 0.084 2.738 0.006 0.378 2.643 

PEX 0.204 0.033 0.217 6.178 0.000 0.291 3.440 

FCO 0.083 0.028 0.082 2.989 0.003 0.482 2.075 

SOI 0.174 0.035 0.170 5.035 0.000 0.315 3.174 

HEM 0.077 0.024 0.080 3.284 0.001 0.608 1.644 

HAB 0.074 0.022 0.074 3.428 0.001 0.765 1.307 

CNQ 0.145 0.028 0.146 5.272 0.000 0.468 2.136 

PRV 0.198 0.036 0.190 5.580 0.000 0.311 3.214 

a. Dependent Variable: UIA 

 

When all of the variables are taken into consideration together, the coefficients table illustrates how 

each independent variable contributes to the outcome of the experiment. Among all of the predictors, 

the ones that have the most significant positive effect on UIA are PEX, PRV, CNQ, and SOI. This is 

demonstrated by the fact that their beta values are greater and their p-values are significant (less than 

0.05). In addition, variables such as FCO, HEM, HAB, and PVL have a favourable and statistically 

significant impact, despite the fact that their influence is rather moderate. INO, on the other hand, does 

not have a significant influence on UIA since its p-value is large (0.861), which indicates that it does 

not add to the model in a meaningful way. Moreover, the constant word does not hold any significance. 

Furthermore, the collinearity statistics demonstrate that all of the VIF values are lower than the 

permissible threshold, which indicates that there are no significant multicollinearity concerns among 
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the variables. PEX emerges as the best predictor, whereas INO appears to have no substantial impact 

on UIA. In general, the majority of factors have a significant and positive influence on UIA. 

 

4.4 - RELIALIBILITY AND VALIDITY ANALYSIS 

 
In the process of assessing the measurement model in Partial Least Squares Structural Equation 

Modelling (PLS-SEM), the evaluation of reliability and validity is a critical stage. The primary goal of 

this evaluation is to ascertain if the observed indicators (items) included in the model are consistent, 

accurate, and valid representations of their respective latent constructs (Hair & others, 2021) 

 

Table 4.32 – Reliability and Validity 

CONSTRUCT ITEMS FL ALPHA CR AVE VIF 

 

CNQ 

CNQ1 0.919 0.893 0.895 0.824 2.888 

CNQ2 0.892    2.425 

CNQ3 0.912    2.788 

 

 

FCO 

FCO1 0.881 0.914 0.915 0.796 2.713 

FCO2 0.886    2.666 

FCO3 0.901    3.063 

FCO4 0.900    2.987 

 

 

HAB 

HAB1 0.812 0.891 0.913 0.691 2.879 

HAB2 0.849    2.780 

HAB3 0.849    2.790 

HAB4 0.822    2.982 

HAB5 0.822    3.230 

 

HEM 

HEM1 0.914 0.914 0.915 0.854 2.909 

HEM2 0.933    3.499 

HEM3 0.924    3.243 

 

 

INO 

INO1  0.919 0.919 0.804 3.070 

INO2 0.898    3.464 

INO3 0.902    3.233 

INO4 0.878    2.629 

PEX PEX1 0.911 0.905 0.906 0.781 3.542 
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 PEX2 0.911    3.679 

PEX3 0.795    1.734 

PEX4 0.912    3.596 

 

 

PRV 

PRV1 0.670 0.841 0.858 0.683 1.335 

PRV2 0.869    2.286 

PRV3 0.885    2.643 

PRV4 0.862    2.259 

 

PVL 

PVL1 0.936 0.931 0.931 0.879 3.727 

PVL2 0.941    4.022 

PVL3 0.936    3.680 

 

SOI 

SOI1 0.873 0.827 0.827 0.743 2.113 

SOI2 0.875    2.162 

SOI3 0.836    1.624 

 

UIA 

UIA1 0.896 0.864 0.865 0.786 2.338 

UIA2 0.897    2.425 

UIA3 0.867    2.005 

 

4.5 - FACTOR LOADING 

 
Factor loading denotes the degree of correlation that exists between an observed indicator (item) and 

the latent construct it is intended to represent. In the context of structural equation modelling (SEM), 

and more specifically within Partial Least Squares SEM (PLS-SEM), factor loadings serve as a critical 

metric for evaluating the reliability of indicators. This assessment is essential for understanding the 

extent to which each observed variable effectively contributes to the measurement of the theoretical 

construct it is intended to represent. A greater factor loading value suggests that the indicator accounts 

for a larger share of its variance in relation to the latent construct, thereby offering more substantial 

support for measurement reliability (Hair & others, 2021) 

 

The squared factor loading (λ²) quantitatively indicates the extent to which the variance in the indicator 

is accounted for by the underlying latent construct. For example, a loading of 0.80 indicates that 64% 

(0.80²) of the variance in that item can be attributed to the construct, whereas the remaining 36% 

represents unexplained variance or measurement error. Consequently, items exhibiting high loadings 

suggest a more robust representation of the construct and a reduction in measurement error.(Hair, 
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Ringle, et al., n.d.) 

 

 

Established guidelines indicate that the acceptable threshold for standardized factor loadings is 0.70 or 

higher, as this signifies that more than 50% of the variance in the observed item is accounted for by the 

construct (Hair et al., 2021; Chin, 1998). Nonetheless, items exhibiting loadings within the range of 

0.40 to 0.70 may be preserved, provided that their exclusion does not lead to a substantial enhancement 

in composite reliability (CR) or average variance extracted (AVE). Items exhibiting loadings below 

0.40 are generally discarded, as they demonstrate insufficient association with the underlying 

construct.(Hair et al., 2019) 

 

The factor loadings derived from the PLS-SEM analysis varied between 0.67 and 0.94, with all values 

meeting or surpassing the suggested threshold of 0.70, except for one minor instance. The majority of 

indicators exhibited loadings significantly exceeding the optimal threshold, suggesting that they serve 

as robust and dependable measures of their corresponding constructs.(Hair et al., 2010) 

 

The constructs CNQ, FCO, HEM, PEX, and PVL exhibited notably high loadings ranging from 0.88 

to 0.94, thereby affirming that the items associated with these constructs possess outstanding 

measurement reliability. The data pertaining to the items categorized under CNQ (CNQ1 = 0.919, 

CNQ2 = 0.892, CNQ3 = 0.912) indicate robust correlations with the underlying construct, thereby 

implying that these indicators are proficient in encapsulating the essence of content quality. In a similar 

vein, the indicators associated with FCO (spanning from 0.881 to 0.901) and PVL (extending from 

0.936 to 0.941) reinforce the reliability of the construct, suggesting a high degree of cohesion and 

representativeness in the measurement approach. 

 

The construct HAB exhibited loadings that varied from 0.812 to 0.849, suggesting a high level of 

reliability. Although these loadings are marginally lower than those of the highest-performing 

constructs, they remain significantly above the acceptable threshold, indicating that each item plays a 

meaningful role in elucidating the latent construct of habit. Similarly, the PRV values, which ranged 

from 0.670 to 0.885, encompassed one item that was marginally below the established threshold (PRV1 

= 0.67). Nevertheless, given that the overall composite reliability (CR = 0.858) and average variance 

extracted (AVE = 0.683) fell within acceptable thresholds, the item was retained, as it does not 

compromise the measurement integrity of the construct. 
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The constructs SOI (0.836–0.875) and UIA (0.867–0.897) demonstrate robust and consistent factor 

loadings, suggesting that the items accurately reflect their respective constructs. The indicators 

associated with INO (0.878–0.919) exhibit a high degree of reliability, thereby supporting the validity 

of the construct within the model. 

 

In summary, the constructs exhibit robust indicator reliability, with the majority of items achieving or 

surpassing the suggested threshold of 0.70. Furthermore, the items with slightly lower loadings do not 

detract from the psychometric integrity of the constructs. The findings suggest that each construct 

within the measurement model is assessed with precision and reliability via its respective indicators. 

 

4.6 - Reliability: 

 
Cronbach’s Alpha (α) serves as a prominent metric for evaluating internal consistency reliability within 

the realms of psychometric and behavioral research. This analysis evaluates the degree of relatedness 

among a collection of items as a cohesive unit, thereby examining the consistency of results produced 

by indicators that measure a latent construct (Cronbach, 1951). This assessment determines if various 

items intended to measure the same construct produce consistent or coherent responses. A high 

Cronbach’s Alpha value suggests a strong correlation among the items, indicating their reliability in 

effectively capturing the construct In the context of PLS-SEM and various structural modelling 

methodologies, Cronbach’s Alpha serves as a crucial metric for validating the internal consistency of 

the scale items associated with each latent construct. 

 

The calculation relies on the mean inter-item correlation, under the premise that each indicator 

contributes uniformly to the construct (Hair et al., 2021). Nonetheless, this assumption may prove to 

be limiting, as empirical data frequently exhibit items with diverse loadings. Consequently, Cronbach’s 

Alpha is frequently analysed alongside additional reliability metrics, including Composite Reliability 

(CR) and rho_A, which contribute to a more comprehensive evaluation of reliability. 

According to (Nunnally, 1978) and (Hair & others, 2021)), values above 0.70 are considered acceptable 

for most research contexts, while values above 0.80 indicate good internal reliability. 

 

The reliability table indicates that the Cronbach’s Alpha values for all constructs varied between 0.827 

and 0.931, which suggests that each construct demonstrates a high level of internal consistency 

reliability(Cronbach, 1951). In particular, constructs such as PVL (α = 0.931), FCO (α = 0.914), and 
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HEM (α = 0.914) demonstrate a high degree of reliability, suggesting that the items within these 

constructs are strongly interrelated and consistently measure the underlying construct. The observed 

values surpass the established benchmark of 0.80, which is categorized as “good to excellent.” This 

finding substantiates that the indicators associated with these constructs function cohesively in 

reflecting their theoretical dimensions. 

 

The constructs CNQ (α = 0.893), PEX (α = 0.905), and INO (α = 0.919) exhibit robust reliability, 

indicating that the items associated with these constructs consistently contribute to their measurement. 

In a similar vein, the reliability coefficients for PRV (α = 0.841), SOI (α = 0.827), and UIA (α = 0.864) 

are all within the acceptable range, indicating that these indicators possess adequate reliability for 

subsequent analysis. While the Alpha values observed are marginally lower than those of the highest-

performing constructs, they nonetheless surpass the minimum threshold of 0.70, thereby satisfying the 

criteria for internal consistency. 

 

All constructs demonstrated Cronbach’s Alpha values that met or exceeded the recommended 

threshold, indicating the stability and reliability of the measurement scales employed. This indicates 

that the survey items were effectively constructed and uniformly understood by participants, leading 

to consistent response patterns across all constructs. 

 

4.7 - Composite Reliability (CR) 

 
Composite Reliability (CR) serves as a sophisticated and favoured metric for assessing internal 

consistency reliability in Structural Equation Modelling (SEM), especially within the context of the 

Partial Least Squares (PLS-SEM) methodology. In contrast to Cronbach’s Alpha, which operates under 

the assumption that all indicators contribute equally to the measurement of a construct, Composite 

Reliability takes into consideration the actual loadings of each indicator. This approach yields a more 

precise and realistic assessment of construct reliability (Hair & others, 2021). 

 

CR assesses the degree to which a collection of items reliably reflects the same underlying latent 

construct. This assessment evaluates the internal consistency of a construct by analysing the magnitude 

and relevance of indicator loadings, thereby ensuring that constructs with differing contributions from 

indicators are accurately evaluated. Essentially, CR assesses the reliability of the observed variables 

within the model, ensuring they are consistent and not significantly affected by measurement error. 
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According to (Hair, Ringle, et al., n.d.) And (Fornell & Larcker, 1981b), Values above 0.70 are 

typically considered acceptable for established constructs, while exploratory studies may tolerate 

slightly lower values. 

 

The findings indicate that the Composite Reliability (CR) values for all constructs fell within the range 

of 0.827 to 0.931, thereby affirming that each construct demonstrates robust internal consistency 

reliability. The constructs PVL (CR = 0.931), FCO (CR = 0.915), and HEM (CR = 0.915) exhibit high 

reliability, indicating that their measurement items maintain a strong degree of consistency and are 

significantly correlated with the respective latent variable they represent. The elevated CR values 

suggest that the indicators linked to these constructs exhibit a significant degree of shared variance, 

thereby collectively offering a precise depiction of the latent construct (Hair, Hult, et al., n.d.). 

 

In a similar vein, the constructs CNQ (CR = 0.895), INO (CR = 0.919), PEX (CR = 0.906), and PRV 

(CR = 0.858) demonstrate satisfactory reliability, as indicated by their CR values surpassing the 0.80 

benchmark. This indicates that the measurement items associated with these constructs demonstrate 

stability and possess internal cohesion. The constructs SOI (CR = 0.827) and UIA (CR = 0.865) 

demonstrate acceptable reliability standards, suggesting their adequacy for incorporation into the 

measurement model due to their sufficient consistency. 

 

It is noteworthy that all constructs demonstrated CR values that met or surpassed the established 

threshold of 0.70, indicating that each latent construct fulfils the reliability criteria necessary for 

confirmatory analysis. The elevated and consistent CR values observed across all constructs serve as 

evidence indicating that the measurement scales employed in the model exhibit both stability and 

reliability. The observed consistency indicates that the data collection instrument employed in this 

study successfully captured the intended theoretical constructs while minimizing measurement 

error.(Hair et al., 2010) 

 

4.8 - Convergent Validity: 

 
The Average Variance Extracted (AVE) serves as a critical metric for assessing convergent validity 

within the measurement framework of Structural Equation Modelling (SEM). Convergent validity 

evaluates the extent to which various indicators intended to measure the same construct indeed 

converge or exhibit a significant degree of shared variance (Fornell & Larcker, 1981). The AVE value 
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indicates the mean proportion of variance in the indicators that is accounted for by the latent construct, 

in relation to the variance that can be ascribed to measurement error. An elevated AVE value signifies 

that the indicators account for a greater share of the construct's variance, implying that the construct 

effectively embodies the theoretical concept it aims to represent.(Hair et al., 2019) 

 

The findings indicate that the Average Variance Extracted (AVE) values for all constructs fell within 

the range of 0.683 to 0.879, significantly exceeding the recommended threshold of 0.50. This indicates 

that all constructs within the model exhibit robust convergent validity. 

The constructs PVL (AVE = 0.879) and HEM (AVE = 0.854) exhibited the highest AVE values, 

suggesting that approximately 88% and 85% of the variance in their respective indicators is accounted 

for by their underlying latent constructs. The findings indicate that the items assessing Price Value (PVL) 

and Hedonic Motivation (HEM) exhibit a strong representation of their respective constructs, 

accompanied by minimal measurement error. 

 

In a similar vein, CNQ (AVE = 0.824), INO (AVE = 0.804), and PEX (AVE = 0.781) exhibited robust 

convergent validity, with over three-quarters of the indicator variance accounted for by their 

corresponding constructs. The constructs FCO (AVE = 0.796) and PRV (AVE = 0.683) surpassed the 

0.50 threshold, thereby affirming that their indicators effectively converge in encapsulating their 

conceptual significance. Despite PRV (0.683) and HAB (0.691) showing lower AVE values in 

comparison to other constructs, they nonetheless indicate acceptable convergence levels, given that 

their CR and Cronbach’s Alpha values exceed 0.80. This provides additional evidence for the internal 

validity of the constructs. In conclusion, the constructs SOI (AVE = 0.743) and UIA (AVE = 0.786) 

demonstrated adequate convergence, suggesting that their measurement items effectively represent 

these constructs. 

 

The analysis indicates that all constructs exceeded the minimum threshold for Average Variance 

Extracted (AVE), thereby affirming that the measurement items adequately reflect the theoretical 

foundations of their respective constructs. This outcome presents compelling evidence of convergent 

validity. 
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4.9 - Discriminant Validity: 

 
Discriminant validity pertains to the extent to which a construct is genuinely separate from other 

constructs in the model, encompassing both conceptual and statistical dimensions. This approach 

guarantees that each construct within the measurement model accurately represents distinct phenomena 

that are not captured by other constructs ((Hair, Ringle, et al., n.d.); (Fornell & Larcker, 1981a). 

Discriminant validity serves to validate that a construct accurately measures its intended concept and 

maintains a distinct separation from other constructs, minimizing excessive overlap. 

 

Establishing discriminant validity in Partial Least Squares Structural Equation Modelling (PLS-SEM) 

is essential, as constructs within intricate models frequently exhibit correlations. The absence of 

established discriminant validity raises questions regarding the authenticity of the observed effects, 

leaving ambiguity about whether they can be accurately ascribed to a single construct or if they are 

affected by another variable that is conceptually similar. Consequently, the verification of discriminant 

validity is essential for establishing the model's conceptual clarity and empirical distinctiveness.  

 

4.10 - Fornell–Larcker Criterion 

 
The Fornell–Larcker criterion represents a foundational and extensively utilized approach for 

evaluating discriminant validity. The analysis involves a comparison of the square root of the Average 

Variance Extracted (AVE) for each construct against the correlations observed between that construct 

and other constructs within the model framework. 

 

(Fornell & Larcker, 1981b) assert that discriminant validity is confirmed when the square root of the 

Average Variance Extracted (AVE) for each construct exceeds the highest correlation of that construct 

with any other construct. This indicates that each construct exhibits a greater degree of variance with 

its respective indicators compared to any other construct within the model. 

 

Within the framework of your model, the constructs exhibited AVE values that spanned from 0.683 to 

0.879, leading to square roots of AVE values that ranged from 0.826 to 0.938. Upon analysis of the 

inter-construct correlation matrix, it was observed that the diagonal values, represented by the square 

root of the average variance extracted (AVE), exceeded the off-diagonal correlation values for all 

constructs. This indicates that each construct demonstrates a stronger association with its respective 
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indicators compared to other constructs, thus fulfilling the Fornell–Larcker criterion and confirming 

the presence of discriminant validity. 

 

Table 4.33 - Fornell-Larcker criterion 

 CNQ FCO HAB HEM INO PEX PRV PVL SOI UIA 

CNQ 0.908          

FCO 0.512 0.892         

HAB 0.359 0.372 0.831        

HEM 0.489 0.447 0.355 0.924       

INO 0.577 0.545 0.364 0.501 0.897      

PEX 0.640 0.618 0.427 0.582 0.754 0.883     

PRV 0.655 0.620 0.440 0.512 0.667 0.718 0.826    

PVL 0.603 0.600 0.473 0.501 0.663 0.692 0.708 0.937   

SOI 0.655 0.675 0.416 0.543 0.669 0.697 0.747 0.645 0.862  

UIA 0.681 0.638 0.472 0.574 0.662 0.757 0.758 0.693 0.746 0.886 

 

Analysis of the table reveals that all diagonal values, representing the square roots of the Average 

Variance Extracted (AVE), exceed their respective correlations with other constructs. For example, the 

square root of the Average Variance Extracted (AVE) for CNQ, which is 0.908, exceeds its maximum 

correlation with UIA, recorded at 0.681. Similarly, PEX, with a square root of AVE of 0.883, surpasses 

its highest correlation with UIA, which stands at 0.757. The observed pattern is consistent across all 

constructs, thereby fulfilling the Fornell–Larcker criterion (Fornell & Larcker, 1981a).This suggests 

that each construct accounts for a greater portion of the variance in its indicators compared to the 

variance it shares with any other construct. Consequently, the analysis reveals an absence of 

multicollinearity or conceptual overlap, thereby affirming the uniqueness of each construct within the 

measurement model. 

 

The findings of this matrix indicate that all constructs demonstrate robust discriminant validity. This 

indicates that variables such as Content Quality (CNQ), Facilitating Conditions (FCO), Perceived 

Value (PRV), and User Intention to Adopt (UIA) are statistically differentiated and embody distinct 

theoretical constructs. The observed inter-construct correlations are notably high, with values such as 

r = 0.758 between PRV and UIA, and r = 0.757 between PEX and UIA. However, these correlations 

remain lower than the respective √AVE values of 0.826 and 0.883. This indicates that while these 
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constructs exhibit a relationship, they remain distinct and assess unique dimensions of user perceptions 

and behavioral intentions. 

 

The observation of significant correlations, such as those between PRV and UIA, as well as PEX and 

UIA, is theoretically justifiable. These correlations illustrate the logical relationships among user 

experiences, perceived value, and adoption intent, all the while preserving empirical differentiation. 

The model exhibits a clear and precisely delineated measurement structure, wherein each latent 

construct makes a distinct contribution to the overarching conceptual framework. 

 

4.11 - Heterotrait–Monotrait Ratio (HTMT) - Assessment of Discriminant 

Validity 

 
The Heterotrait–Monotrait ratio of correlations (HTMT) serves as a contemporary and 

methodologically sound standard for assessing discriminant validity within the measurement model. 

The HTMT method, as introduced by Henseler, Ringle, and Sarstedt (2015), addresses the 

shortcomings of conventional measures such as the Fornell–Larcker criterion, which may not 

effectively identify a lack of discriminant validity in instances where constructs exhibit high 

correlation. 

 

The HTMT metric evaluates the extent of similarity among constructs by analysing the average 

correlations between different traits measured by different methods (heterotrait–heteromethod) in 

comparison to the average correlations within the same trait measured by the same method (monotrait–

monomethod). This assessment evaluates the empirical distinctiveness of constructs in relation to one 

another. In instances where two constructs are conceptually distinct, one would expect the HTMT ratio 

to exhibit a low value. A high HTMT ratio suggests the possibility of conceptual overlap. 

 

Table 4.34 – HTMT 

 CNQ FCO HAB HEM INO PEX PRV PVL SOI UIA 

CNQ           

FCO 0.566          

HAB 0.382 0.390         

HEM 0.541 0.489 0.376        

INO 0.637 0.595 0.376 0.546       
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PEX 0.712 0.679 0.448 0.639 0.827      

PRV 0.757 0.703 0.481 0.582 0.764 0.826     

PVL 0.660 0.650 0.478 0.543 0.717 0.753 0.801    

SOI 0.760 0.773 0.464 0.623 0.768 0.805 0.894 0.734   

UIA 0.775 0.717 0.516 0.646 0.743 0.856 0.887 0.772 0.881  

 

The HTMT analysis corroborates the previous conclusions drawn from the Fornell–Larcker criterion. 

The findings indicate that no construct pair surpasses the threshold of 0.90, with the majority of values 

residing well below 0.85, thereby affirming robust discriminant validity. 

 

The highest HTMT ratio is recorded between PRV and SOI (0.894) as well as between PRV and UIA 

(0.887), indicating a strong conceptual relationship among these constructs. This aligns with existing 

behavioral research, suggesting a strong correlation between perceived value, social influence, and user 

adoption intention. Although the correlations are substantial, the HTMT values consistently fall below 

the 0.90 threshold, indicating that the constructs maintain statistical distinctiveness. 

 

All other pairs - including CNQ–FCO (0.566), HEM–INO (0.546), and HAB–PVL (0.478) -exhibit 

moderate or low correlations, thereby affirming that the constructs assessing content quality, hedonic 

motivation, habit, and visual layout are conceptually distinct. 

 

4.12 - PATH ANALYSIS 

 
Upon establishing the reliability and validity of the measurement model, the subsequent phase in the 

Partial Least Squares Structural Equation Modeling (PLS-SEM) process involves the assessment of the 

structural model via path analysis. The structural model illustrates the proposed connections between 

latent constructs, grounded in the theoretical framework established in the research. This phase 

evaluates the causal connections between exogenous (independent) and endogenous (dependent) 

variables, aiming to ascertain the strength, direction, and statistical significance of each proposed 

pathway (Hair, Hult, Ringle, & Sarstedt, 2021). 

 

Path analysis entails the estimation of standardized path coefficients (β values), which serve to indicate 

both the strength and direction of influence among various constructs. The path coefficient quantifies 

the expected change in the dependent variable resulting from a one-unit change in the independent 



135  

variable, while controlling for other variables. Elevated positive coefficients suggest more robust 

positive correlations, while negative coefficients denote inverse associations. The evaluation of the 

statistical significance of these path coefficients is conducted through bootstrapping procedures, which 

produce T-statistics and p-values for the empirical testing of each hypothesis. A T-value exceeding 

1.96 alongside a p-value lower than 0.05, at a 95% confidence level, suggests that the observed 

relationship holds statistical significance. 

 

The assessment of the structural model encompasses not only the significance of individual paths but 

also evaluates its predictive accuracy and explanatory power through the analysis of R² (coefficient of 

determination), f² (effect size), and Q² (predictive relevance) values. Collectively, these indices 

illustrate the extent to which the model accounts for the variance in the dependent constructs and the 

significance of each predictor's contribution. The coefficient of determination, R², quantifies the extent 

to which the variance in the endogenous construct is accounted for by the exogenous variables. In 

contrast, the effect size measure, f², assesses the influence of specific predictors on the dependent 

variable. The evaluation of the model's predictive accuracy is conducted through the implementation 

of blindfolding procedures in Q² analysis. 

 

The objective of the path analysis is to assess the extent to which the hypothesized relationships 

outlined in the conceptual model receive statistical validation from the data collected. This facilitates 

the assessment of the significance of each independent construct in affecting the dependent 

construct(s). This research involved the application of path analysis to investigate the influence of 

various antecedents, including Content Quality (CNQ), Facilitating conditions(FCO), Habit (HAB), 

Hedonic Motivation (HEM), Innovativeness (INO), Performance Expectancy (PEX), Perceived Value 

(PRV), Price Value (PVL), and Social Influence (SOI), on the dependent variable User Intention to 

Adopt (UIA). 

 

The findings of the structural model are detailed through standardized path coefficients (β), T-statistics, 

and p-values, which were derived using bootstrapping with 5,000 resamples. The results offer empirical 

support for the acceptance or rejection of each hypothesis and highlight the comparative impact of each 

predictor on users' intention to adopt the platform. The following section provides a comprehensive 

analysis of the path coefficients, including their significance levels and interpretations. 
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Table 4.35 - Path analysis interpretation 

 Original 

sample 

(O) 

Sample 

mean 

(M) 

Standard 

deviation 

(STDEV) 

T statistics 

(|O/STDEV|) 

P 

values 

CNQ -> UIA 0.143 0.143 0.032 4.433 0.000 

FCO -> UIA 0.078 0.078 0.029 2.651 0.008 

HAB -> UIA 0.072 0.072 0.021 3.383 0.001 

HEM -> UIA 0.079 0.080 0.024 3.360 0.001 

INO -> UIA 0.007 0.005 0.041 0.162 0.871 

PEX -> UIA 0.221 0.221 0.045 4.958 0.000 

PRV -> UIA 0.200 0.202 0.041 4.865 0.000 

PVL -> UIA 0.079 0.080 0.034 2.358 0.018 

SOI -> UIA 0.168 0.166 0.039 4.254 0.000 
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H1: Content Quality positively influences User Intention to Adopt OTT. 

The path coefficient for CNQ (β = 0.143, t = 4.433, p = 0.000) demonstrates a statistically significant 

positive association with UIA. This indicates that the quality of content (CNQ) significantly impacts 

users' intentions to engage with OTT platforms. The provision of superior content significantly 

improves user satisfaction and fosters a greater likelihood of continued engagement or adoption of 

usage. The observed significance level (p < 0.001) and a t-value exceeding 1.96 provide evidence that 

H1 is supported. 

 

H2: Facilitating Conditions positively influences User Intention to Adopt OTT. 

The association between facilitating conditions (FCO) and UIA is noteworthy, with a coefficient of β 

= 0.078, a t-value of 2.651, and a p-value of 0.008. This suggests that the navigation simplicity, 

usability, and functional design of the platform have a favourable impact on users' intentions to adopt 

it. Despite the coefficient being smaller than certain other factors, the statistically significant result 

provides support for H2, indicating that functionality plays a meaningful role in influencing user 

intention. 

 

H3: Habit positively influences User Intention to Adopt OTT. 

The relationship between habit (HAB) and UIA is characterized by a positive and statistically 

significant effect, with a coefficient of β = 0.072, t = 3.383, and p = 0.001. This indicates that increased 

frequency and regularity of user engagement with OTT services correlates with a heightened intention 

to maintain continued usage. Habitual behavior serves as a reinforcing mechanism for the adoption of 

technology, thereby validating hypothesis H3. 

 

H4: Hedonic Motivation positively influences User Intention to Adopt OTT. 

The association between hedonic motivation (HEM) and UIA is noteworthy, with a coefficient of β = 

0.079, a t-value of 3.360, and a p-value of 0.001. This indicates that the factors of entertainment and 

enjoyment associated with OTT usage have a positive impact on users' propensity to adopt or persist 

in utilizing these platforms. HEM serves as a psychological driver that markedly improves perceived 

user satisfaction, thus providing support for H4. 

 

H5: Innovativeness positively influences User Intention to Adopt OTT. 

The relationship between innovativeness (INO) and UIA is not statistically significant, as indicated by 

the coefficients (β = 0.007), t-value (t = 0.162), and p-value (p = 0.871). The findings indicate that 

individuals' personal innovativeness, or their propensity to experiment with new technologies, does not 
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have a significant impact on their intention to adopt over-the-top (OTT) services. In this scenario, the 

adoption process appears to be influenced more by external elements, including content and usability, 

rather than by an inherent motivation to engage with new technologies. Consequently, H5 lacks 

support. 

 

H6: Performance Expectancy positively influences User Intention to Adopt OTT. 

The relationship between Performance Expectancy (PEX) and UIA is of considerable importance, as 

indicated by the statistical values (β = 0.221, t = 4.958, p = 0.000). This suggests that users' prior 

positive experiences significantly influence their intention to persist in utilizing OTT platforms. The 

elevated t-value and diminished p-value indicate the strength of this relationship, thereby substantiating 

H6. This indicates that platforms that provide seamless, tailored, and interactive experiences may 

notably enhance the intention to adopt. 

 

H7: Perceived Value positively influences User Intention to Adopt OTT. 

The correlation observed between perceived value (PRV) and UIA is both positive and statistically 

significant, with a coefficient of β = 0.200, a t-value of 4.865, and a p-value of 0.000. This indicates 

that individuals who recognize the value of OTT services-be it in relation to cost, time, or 

entertainment-exhibit a higher propensity for adoption. The robust coefficient and elevated significance 

level lend support to H7, suggesting that value perception serves as a crucial factor influencing 

adoption intention. 

 

H8: Price Value positively influences User Intention to Adopt OTT. 

The path coefficient associated with perceived visual layout (PVL) demonstrates a positive and 

statistically significant relationship, with a value of β = 0.079, t = 2.358, and p = 0.018. This indicates 

that aesthetically pleasing and thoughtfully designed platform interfaces contribute to an increased 

likelihood of users adopting OTT services. An enhanced visual experience contributes significantly to 

user satisfaction and increases the likelihood of sustained engagement. Consequently, the hypothesis 

H8 is affirmed. 

 

H9: Social Influence positively influences User Intention to Adopt OTT. 

The relationship between social influence (SOI) and UIA is notably significant, with a coefficient of β 

= 0.168, a t-value of 4.254, and a p-value of 0.000. This suggests that social influence, 

recommendations from peers, and prevailing community trends significantly enhance user intention. 

The adoption of OTT services by users appears to be influenced significantly by the endorsement and 
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frequent usage of these services within their social circles. The robust t-value and its associated 

significance provide confirmation for hypothesis H9. 

 

The findings from the path analysis reveal that eight out of the nine proposed relationships between the 

independent constructs and user intention to adopt (UIA) demonstrate statistical significance. This 

indicates that the behavior of users in adopting new technologies is predominantly shaped by 

experiential, social, and perceptual elements, including Performance Expectancy, perceived value, 

content quality, and social influence. In this analysis, Performance Expectancy (β = 0.221) and 

perceived value (β = 0.200) were identified as the most significant predictors of user intention. This 

finding underscores the critical importance of positive experiences and perceived benefits in the context 

of technology adoption. Conversely, the findings suggest that innovativeness (INO) did not have a 

significant impact on the intention to adopt, implying that the choice to engage with OTT platforms 

may be primarily influenced by functional and social factors rather than the users' intrinsic 

innovativeness. 

 

4.13 - Multi-Group Analysis (MGA) 

 
Following the assessment of the comprehensive structural model, the subsequent phase of the analysis 

involved investigating possible variations among subgroups within the dataset. The accomplishment 

was realized via Multi-Group Analysis (MGA), a methodological approach that assesses the 

significance of differences in path relationships across various categorical groups, including gender, 

age, or experience level (Hair, Hult, Ringle, & Sarstedt, 2021). This research employed MGA to 

examine the differences between genders (male and female) regarding the structural relationships that 

exist between the predictor constructs and the dependent variable, User Intention to Adopt (UIA). 

 

MGA demonstrates significant utility in the identification of moderation effects influenced by 

categorical variables. This analysis evaluates the significance of variations in estimated path 

coefficients (β values) across different groups, suggesting that the strength of a specific relationship 

may differ between groups (Henseler, Ringle, & Sinkovics, 2009). In SmartPLS, multiple 

methodologies can be employed to conduct Multi-Group Analysis (MGA), including the parametric 

test, the Welch–Satterthwaite test, and the permutation test. The permutation test utilized in this 

investigation is regarded as the most robust approach, as it facilitates the comparison of group-specific 

path coefficients without the necessity of assuming equal variances or a normal distribution of the data 
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(Sarstedt, Henseler, & Ringle, 2011). 

 

 

The MGA procedure evaluates the importance of differences among groups by utilizing p-values 

obtained through non-parametric resampling methods. When the permutation p-value is below 0.05, it 

suggests that the disparity in path coefficients between the two groups is statistically significant, 

thereby indicating a meaningful variation in the relationship across gender groups. In contrast, a p-

value exceeding 0.05 indicates the absence of a statistically significant difference between male and 

female respondents regarding the strength of that specific relationship. 

 

Table 4.36 – MGA Male & Female 

 Original 

(MALE) 

Original 

(FEMALE) 

Original 

difference 

Permutation mean 

difference 

Permutation p 

value 

CNQ -> 

UIA 

 

0.097 

 

0.204 

 

-0.107 

 

0.001 

 

0.106 

FCO -> 

UIA 

 

0.037 

 

0.115 

 

-0.078 

 

0.000 

 

0.192 

HAB -> 

UIA 

 

0.046 

 

0.109 

 

-0.064 

 

0.000 

 

0.141 

HEM -> 

UIA 

 

0.083 

 

0.085 

 

-0.002 

 

0.000 

 

0.955 

INO -> 

UIA 

 

-0.023 

 

0.036 

 

-0.059 

 

0.000 

 

0.516 

PEX -> 

UIA 

 

0.270 

 

0.146 

 

0.124 

 

0.001 

 

0.168 

PRV -> 

UIA 

 

0.219 

 

0.202 

 

0.017 

 

0.000 

 

0.842 

PVL -> 

UIA 

 

0.113 

 

0.020 

 

0.093 

 

0.001 

 

0.163 

SOI -> 

UIA 

 

0.208 

 

0.130 

 

0.079 

 

0.000 

 

0.340 
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Interpretation of results: 

The findings from the permutation-based Multi-Group Analysis indicate that there are no significant 

differences in the structural relationships between male and female respondents, as all p-values are 

above the 0.05 significance threshold. This suggests that gender does not influence the relationship 

between the independent constructs and the dependent variable, User Intention to Adopt (UIA). 

 

While there exist slight discrepancies in the path coefficients across the two groups, these differences 

do not reach statistical significance. For example, the relationship between Content Quality (CNQ) and 

UIA appears to be more pronounced among females (β = 0.204) compared to males (β = 0.097). This 

indicates that female respondents may exhibit a greater susceptibility to the quality and attractiveness 

of content in their intentions to adopt. In a similar vein, facilitating conditions (FCO → UIA) and Habit 

(HAB → UIA) demonstrate more pronounced effects in females, which may indicate an increased 

sensitivity to usability and habitual influences. Nevertheless, given that the permutation p-values 

(0.192 and 0.141, respectively) exceed the threshold of 0.05, it can be concluded that these differences 

lack statistical significance. 

 

In contrast, the effects of Performance Expectancy (PEX → UIA) and Perceived Value (PRV → UIA) 

appear to be more pronounced among male respondents (β = 0.270 and 0.219, respectively) than their 

female counterparts (β = 0.146 and 0.202). This indicates that male participants may be more 

significantly impacted by practical experiences and perceived advantages in the context of forming 

adoption intentions. Nonetheless, the results of the permutation test (p = 0.168 and p = 0.842) suggest 

that these differences do not reach statistical significance. 

 

The Hedonic Motivation (HEM), Innovativeness (INO), and Social Influence (SOI) pathways 

exhibited nearly identical relationships across genders, reinforcing the consistency of these constructs 

across various demographic subgroups. 

The findings from the MGA indicate that gender does not play a significant moderating role in any of 

the proposed relationships within the structural model. This indicates that both male and female 

participants develop their intentions to adopt OTT platforms influenced by comparable cognitive and 

experiential elements. 

 

Discussions and Implications: 

The results of the MGA suggest that gender does not yield statistically significant differences in the 

causal relationships among the constructs analysed. This is consistent with existing studies in the field 
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of technology adoption, specifically the Unified Theory of Acceptance and Use of Technology 2 

(UTAUT2), which indicates that the impact of gender on technology usage tends to decrease as 

familiarity and accessibility increase among different user demographics (Williams et al., 2015). 

The lack of notable gender disparities suggests that the intention to adopt OTT platforms is influenced 

by overarching factors such as content quality, perceived value, and user experience rather than by 

demographic differences. This observation highlights the increasing digital equality between genders, 

as both male and female users demonstrate similar levels of engagement, motivations, and patterns of 

adoption. 

 

From a managerial perspective, the findings indicate that OTT service providers could benefit from 

implementing gender-neutral marketing and engagement strategies, given that both male and female 

users exhibit comparable responses to functional, experiential, and social factors. Nevertheless, the 

minor directional differences noted such as increased content sensitivity in females and heightened 

experience-driven motivation in males may be utilized to enhance micro-targeting or personalization 

approaches within user retention and recommendation frameworks. 

 

4.14 - MGA – GEN Y AND GEN Z 

 
Subsequent to the evaluation of comprehensive structural relationships, a Multi-Group Analysis 

(MGA) was performed to examine the potential impact of generational differences on the robustness 

of the path relationships within the structural model. The analysis focused on comparing respondents 

from Generation Y (born 1981–1996) and Generation Z (born 1997–2012) to assess whether the 

predictors of User Intention to Adopt (UIA) exhibit significant differences between these two 

generational cohorts. 

 

Analysis of Multiple Groups in Partial Least Squares Structural Equation Modeling (PLS-SEM) 

facilitates the investigation of moderation effects associated with categorical variables, enabling the 

assessment of whether structural relationships maintain invariance across different subgroups (Hair, 

Ringle, et al., n.d.). This study utilized the Permutation Test method, as advocated by (Henseler et al., 

n.d.), owing to its robustness and capacity to accommodate non-normal data distributions. This 

approach assesses variations in path coefficients across different groups and evaluates statistical 

significance through non-parametric resampling techniques. 
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A p-value below 0.05 signifies a statistically significant difference between groups concerning that 

specific path, indicating that generational cohort plays a moderating role in the relationship. In contrast, 

a p-value exceeding 0.05 suggests the absence of a statistically significant difference, indicating that 

the model remains invariant across generations. 

 

Table 4.37 – MGA Generation Y and Generation Z 

 
Original 

(GY) 

 

Original (GZ) 
Original 

difference 

Permutation 

mean 

difference 

Permutation 

p value 

CNQ -> 

UIA 
0.200 0.074 0.127 0.003 0.181 

FCO -> 

UIA 
-0.014 0.062 -0.076 -0.002 0.313 

HAB -> 

UIA 
0.074 0.058 0.017 -0.002 0.798 

HEM -> 

UIA 
0.052 0.073 -0.021 -0.001 0.781 

INO -> 

UIA 
0.044 -0.095 0.138 -0.001 0.343 

PEX -> 

UIA 
0.179 0.284 -0.105 0.001 0.504 

PRV -> 

UIA 
0.168 0.233 -0.065 -0.004 0.608 

PVL -> 

UIA 
0.083 0.118 -0.035 0.000 0.712 

SOI -> 

UIA 
0.237 0.189 0.048 0.005 0.666 

 

The findings from the MGA reveal that there are no statistically significant differences between 

respondents from Generation Y and Generation Z across all structural paths, as all permutation p-values 

exceed 0.05. This finding suggests that generational cohort does not influence the relationships among 

the independent constructs (CNQ, FCO, HAB, HEM, INO, PEX, PRV, PVL, SOI) and User Intention 

to Adopt (UIA). 
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The relationships exhibit slight variations in strength between the two groups; however, these 

differences lack statistical significance. For example, the relationship between Content Quality (CNQ 

→ UIA) demonstrates a more pronounced effect in Generation Y (β = 0.200) compared to Generation 

Z (β = 0.074). This indicates that older users (Gen Y) may exhibit a greater sensitivity to content variety 

and perceived quality when forming their adoption intentions. Nevertheless, the permutation p-value 

of 0.181 suggests that this observed difference lacks statistical significance. 

 

In a similar vein, the relationships between Performance Expectancy (PEX → UIA) and Perceived 

Value (PRV → UIA) exhibit more pronounced effects for Generation Z (β = 0.284 and 0.233, 

respectively) in contrast to Generation Y (β = 0.179 and 0.168). This suggests that younger users may 

exhibit a greater inclination towards experiential satisfaction and value perceptions in their adoption 

of OTT platforms. Both p-values (0.504 and 0.608) exceed the 0.05 threshold, indicating a lack of 

significant moderation. 

 

It is noteworthy that Innovativeness (INO → UIA) and Social Influence (SOI → UIA) exhibit 

marginally elevated coefficients within Generation Y (β = 0.044 and 0.237) in comparison to 

Generation Z (β = -0.095 and 0.189). The observed pattern indicates that Generation Y users may 

exhibit a heightened responsiveness to social cues and personal innovativeness in comparison to their 

younger peers. Nonetheless, the observed effects remain non-significant (p = 0.343 and 0.666), thereby 

reinforcing the conclusion that generational differences are statistically trivial. 

 

Discussions and Implications: 

The findings from the MGA, which did not reach significance, indicate that users from both Generation 

Y and Generation Z exhibit comparable behavioral mechanisms in their intention to adopt OTT 

platforms. The findings suggest that there is model invariance across different generations, aligning 

with the perspective that digital streaming services have emerged as a predominant medium that 

transcends generational boundaries (Dwivedi et al., 2020; Hair et al., 2021). 

 

The absence of notable differences corresponds with existing research on technology acceptance and 

digital behavior, indicating that generational gaps are narrowing as a result of the extensive 

proliferation of technology and common experiences within digital environments (Venkatesh et al., 

2012). Although there are slight variations in mean path values, such as more pronounced experiential 

and value-driven influences within the Gen Z demographic, the findings substantiate that the 

fundamental factors influencing adoption behavior remain stable across different age groups. 
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From a managerial standpoint, this invariance indicates that OTT service providers have the 

opportunity to formulate cohesive marketing and engagement strategies aimed at both Generation Y 

and Z users as a collective demographic. Nonetheless, nuanced distinctions in behavioral focus 

illustrated by Gen Z’s heightened responsiveness to experiential design and value propositions in 

contrast to Gen Y’s inclination towards content quality may be utilized for the purposes of audience 

segmentation and personalization. 

 

4.15 - Importance–Performance Map Analysis (IPMA) 

 
In addition to the evaluation of the structural model, an Importance–Performance Map Analysis 

(IPMA) was undertaken to ascertain the constructs that exert the most significant influence on the 

target variable, User Intention to Adopt (UIA), as well as to assess the effectiveness of each construct 

in elucidating this variable. The Integrated Performance Measurement Approach (IPMA) transcends 

conventional path coefficient analysis by incorporating both the significance of total effects and the 

performance metrics represented by average latent variable scores. This integration provides a more 

pragmatic viewpoint on the areas where managerial or strategic focus ought to be directed (Hair, Hult, 

et al., n.d.)). 

 

In PLS-SEM, the concept of importance pertains to the relative strength of the association between an 

independent variable and the dependent construct, as indicated by the total effect, commonly 

represented by the path coefficient. Performance, conversely, denotes the mean value or degree of 

accomplishment of the independent variable measured on a standardized scale ranging from 0 to 100. 

The integration of IPMA reveals constructs that exhibit significant importance yet demonstrate low 

performance, thereby pinpointing critical areas for enhancement for decision-makers. 

 

The aim of IPMA is to transcend basic statistical significance and deliver actionable insights-

identifying the constructs that have the most substantial impact on behavioral intention and 

highlighting the areas that need focus to enhance user satisfaction and engagement (Ringle & Sarstedt, 

2016). 
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IMPORTANCE PERFORMANCE MAP TABLE 
 

 

Table 4.38 – IPMA Analysis 

 UIA 

CNQ 0.143 

FCO 0.078 

HAB 0.072 

HEM 0.079 

INO 0.007 

PEX 0.221 

PRV 0.200 

PVL 0.079 

SOI 0.168 

 

According to the IPMA findings, Performance Expectancy (PEX) exhibits the highest degree of 

significance (0.221) among all the predictors of User Intention to Adopt (UIA), followed by Perceived 

Value (PRV = 0.200) and Social Influence (SOI = 0.168). These results imply that the most important 

factors influencing adoption intention are users' past experiences with OTT platforms, their assessment 

of the service's value, and the impact of their social surroundings. 

 

The comparatively high relevance of (PEX) suggests that consumers' propensity to continue using or 

embrace OTT platforms is greatly influenced by their perceptions of usability, general happiness, and 

previous interactions. This is consistent with other studies showing that among the best indicators of 

technology adoption and sustained usage behavior are perceived utility and user experience (Alalwan 

et al., 2018). 

 

Users are highly driven by the perceived trade-off between the advantages obtained and the cost or 

effort expended, according to Perceived Value (PRV), which also shows up as a key influencer (0.200). 

This implies that customers' inclination to utilize OTT services is significantly increased by 

competitive subscription price, a wide variety of content, and platform quality. Adoption intention is 

further influenced by Social Influence (SOI) (0.168), which highlights. It explores how peer 

recommendations, social identification, and community involvement influence watching choices 

On the other hand, although having a good correlation with UIA, constructs like Content Quality(CNQ 
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= 0.143), Facilitating conditions (FCO = 0.078), Hedonic Motivation (HEM = 0.079), and Habit (HAB 

= 0.072) show somewhat lower relevance levels. This suggests that although these elements improve 

user experience, Performance Expectancy and value have a greater influence on adoption. 

Innovativeness has the lowest significance (INO = 0.007), indicating that consumers' OTT adoption 

behavior is not significantly impacted by their receptiveness to new technologies. This could be 

because streaming technologies have become so commonplace that most consumers no longer consider 

them to be innovative breakthroughs. 

 

Performance expectancy (PEX), Perceived Value (PRV), and Social Influence (SOI) were shown to be 

the most significant factors influencing User Intention to Adopt (UIA) by the Importance–Performance 

Map Analysis (IPMA). Despite the positive contributions of categories like Content Quality and 

Functional Convenience, their relative relevance is lower, indicating that consumers place a higher 

priority on sensory and value-based aspects than on fundamental functional features. These findings 

show that in order to maintain user uptake and competitive advantage, OTT platforms must concentrate 

on enhancing perceived value and experience quality. 

 

 

 

Table 4.39 – IPMA Analysis - Performance 

 Performance 

CNQ 60.216 

FCO 62.322 

HAB 56.591 

HEM 62.704 

INO 60.006 

PEX 62.579 

PRV 59.641 

PVL 63.679 

SOI 62.263 

 

The IPMA results indicate major differences between the significance and efficacy of the factors 

affecting User Intention to Adopt (UIA) OTT platforms. The construct Performance Expectancy 

(PEX) has the greatest significance (0.221), indicating that it has the most substantial impact on user 

adoption intention. The performance score of 62.579 is above average, suggesting that respondents 
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often report favorable experiences; nevertheless, additional enhancements might significantly boost 

overall adoption. This suggests that enhancing platform usability, interface fluidity, and user 

happiness might substantially increase adoption rates. 

Perceived Value (PRV) ranks as the second most significant concept (importance = 0.200; performance 

= 59.641). Notwithstanding its considerable significance, PRV's performance is rather deficient, 

indicating a critical area for managerial attention. This research suggests that customers may recognize 

potential enhancements in the cost–benefit equilibrium, subscription affordability, or perceived equity 

of pricing and features. 

 

The role of Social Influence (SOI) is significant, with an importance score of 0.168 and a performance 

metric of 62.263, highlighting the effect of peer behavior and social recommendations on adoption 

decisions. Improving social engagement features, including community-driven content, watch-party 

options, and influencer marketing, has the potential to significantly bolster this aspect. 

The assessment of Content Quality (CNQ) reveals a moderate significance score of 0.143 a long side 

a mid-range performance rating of 60.216. This indicates that users place a considerable value on 

diverse and rich content, while simultaneously suggesting that OTT platforms are currently achieving 

a satisfactory level of performance in this domain. 

 

The constructs of Facilitating conditions (FCO), Hedonic Motivation (HEM), and Perceived Visual 

Layout (PVL) exhibit a pattern of low importance coupled with high performance. This indicates that 

these elements function primarily as foundational drivers of satisfaction, rather than as significant 

differentiators influencing user adoption behavior. 

 

In contrast, Habit (HAB) demonstrates a low importance score of 0.072 and the lowest performance 

score of 56.591, suggesting that habitual usage has not yet been firmly established among the 

respondents. The implementation of personalized recommendations, loyalty features, and reminder 

notifications has the potential to transform occasional users into habitual consumers. Ultimately, 

Innovativeness (INO) exhibits the lowest significance (0.007) alongside moderate performance 

(60.006), suggesting that the inclination towards novelty has minimal influence on the adoption of OTT 

services-aligning with the perspective that streaming platforms have transitioned into mainstream 

technologies rather than remaining as innovative novelties. 

 

The analysis conducted through the Importance–Performance Map revealed that Performance 

expectancy (PEX) and Perceived Value (PRV) emerge as the most significant and performance- 
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sensitive factors influencing User Intention to Adopt (UIA). While the performance levels observed 

across various constructs were deemed satisfactory, there exists a significant opportunity to enhance 

adoption outcomes by focusing on improvements in these high-importance areas. Factors such as 

Social Influence (SOI) and Content Quality (CNQ) play a role in adoption; however, they are 

considered secondary in terms of strategic priority. The results highlight the importance of prioritizing 

user experience and perceived value as fundamental components in the growth strategies of OTT 

platforms. 

 

4.16 - R square and adjusted R square: 

 
The Coefficient of Determination (R²) serves as a fundamental metric for evaluating the predictive 

accuracy and explanatory capacity of the structural model within the framework of Partial Least 

Squares Structural Equation Modeling (PLS-SEM). This indicates the extent to which the variance in 

the endogenous (dependent) construct is accounted for by its exogenous (independent) predictors, as 

noted by Hair, Hult, Ringle, and Sarstedt (2021). The Adjusted R² takes into consideration the quantity 

of predictors incorporated within the model, offering a more cautious assessment by compensating for 

the complexity of the model. 

Established guidelines indicate that R² values of 0.75, 0.50, and 0.25 are categorized as substantial, 

moderate, and weak, respectively (Hair et al., 2021). Elevated R² values suggest that the model 

effectively accounts for a greater share of variance in the dependent variable, indicating a robust model 

fit and significant explanatory power. 

 

Table 4.40 – R square 

 
R-square R-square adjusted 

UIA 0.730 0.726 

 

The findings demonstrate that the aggregate predictors - Content Quality (CNQ), Facilitating 

Conditions (FCO), Habit (HAB), Hedonic Motivation (HEM), Innovativeness (INO), Performance 

Expectancy (PEX), Perceived Value (PRV), Price Value (PVL), and Social Influence (SOI) - account 

for roughly 73.0% of the variance in User Intention to Adopt (UIA). The Adjusted R² value of 0.726 

indicates that the model has substantial explanatory power, even when considering the number of 

independent variables. 
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This degree of explained variation is deemed significant in behavioral and social science research (Hair 

et al., 2021; Henseler et al., 2009). This indicates that the separate structures together offer a 

comprehensive account of consumers' intents to embrace OTT platforms. The little decrease from R² 

(0.730) to Adjusted R² (0.726) suggests no multicollinearity or overfitting, demonstrating model 

parsimony and statistical robustness. 

 

Table 4.41 – F Square 

 f-square 

CNQ -> UIA 0.035 

FCO -> UIA 0.011 

HAB -> UIA 0.014 

HEM -> UIA 0.014 

INO -> UIA 0.000 

PEX -> UIA 0.053 

PRV -> UIA 0.046 

PVL -> UIA 0.009 

SOI -> UIA 0.032 

 

The f² analysis indicates that among the nine predictors of User Intention to Adopt (UIA), certain 

dimensions demonstrate tiny yet significant impact sizes, whilst others contribute very minimally to 

the overall model. The most significant impacts are noted for Performance Expectancy (PEX, f² = 

0.053) and Perceived Value (PRV, f² = 0.046), both categorized within the small-to-moderate range. 

 

This suggests that eliminating these elements from the model would result in a significant decrease in 

the R² value of UIA. These findings underscore their significance as main determinants of user adoption 

behavior and correspond with previous path coefficient and IPMA results indicating that experience 

and value judgments are pivotal to the adoption process. 

Content Quality (CNQ) and Social Influence (SOI) have modest effect sizes (0.035 and 0.032, 

respectively), indicating that although their impact is less significant than that of PEX and PRV, they 

still contribute meaningfully to the formation of adoption intention. For instance, increased perceived 

content diversity and social validation both augment user engagement and confidence in OTT 

platforms. 
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In contrast, categories like Facilitating conditions (FCO), Habit (HAB), Hedonic Motivation (HEM), 

and Perceived value (PVL) have low impact sizes (between 0.009 and 0.014), suggesting they provide 

only slight further insights into understanding UIA. This indicates that people can regard these 

elements as fundamental expectations rather than distinguishing characteristics. Innovativeness (INO) 

exhibits no significant impact (f² = 0.000), indicating that consumers' receptiveness to new technologies 

does not substantially influence their desire to embrace OTT platforms-presumably due to the ubiquity 

and familiarity with streaming technologies. 

 

4.17 - MODEL FIT SUMMARY: 

 
The model fit summary offers a statistical assessment of the extent to which the proposed structural 

model accurately reflects the observed covariance matrix, thereby illustrating the alignment between 

the theoretical model and the empirical data (Hair, Hult, Ringle, & Sarstedt, 2021). In Partial Least 

Squares Structural Equation Modelling (PLS-SEM), model fit indices function as approximate 

measures of fit, contrasting with the absolute criteria utilized in covariance-based SEM. Nonetheless, 

these indices retain their significance in corroborating the overall fit of the structural model and 

confirming that the suggested relationships align with the observed data structure. 

 

Table 4.42 – Model Fit Summary 

 Saturated 

model 

Estimated 

model 

SRMR 0.053 0.053 

d_ULS 1.903 1.903 

d_G 0.657 0.657 

Chi-square 3138.001 3138.001 

NFI 0.869 0.869 

 

The findings indicate that the Standardized Root Mean Square Residual (SRMR) value for both the 

saturated and estimated models is 0.053, significantly lower than the suggested threshold of 0.08 (Hu 

& Bentler, 1999; Henseler et al., 2014). The findings suggest that the model demonstrates a strong 

overall fit, indicating that the disparity between the observed and predicted correlations is negligible. 

A reduced SRMR value indicates a diminished difference between the theoretical and empirical 

models, thereby affirming that the proposed model effectively captures the data structure. 
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The values of d_ULS (Squared Euclidean Distance) at 1.903 and d_G (Geodesic Distance) at 0.657 

provide additional evidence for the adequacy of the model. The indicators evaluate the disparity 

between the empirical correlation matrices and those implied by the model. Lower values indicate a 

superior model fit, and given that these values are comparatively small and almost identical for both 

the saturated and estimated models, they support the conclusion that the model is appropriately 

specified and devoid of estimation bias. 

 

The Chi-square statistic (3138.001) is presented for reference purposes; however, it is not considered 

a primary measure in PLS-SEM, as this technique prioritizes variance-based modeling over 

covariance-based assumptions. In contrast to CB-SEM, which employs chi-square tests to assess 

absolute model fit, PLS-SEM emphasizes predictive relevance and path relationships. This distinction 

renders the value more descriptive in nature rather than evaluative. 

 

In conclusion, the Normed Fit Index (NFI) for both models is recorded at 0.869, surpassing the 

suggested minimum threshold of 0.80. This finding suggests a satisfactory level of model fit, as noted 

by Hair et al. (2021). The preference for higher NFI values (≥ 0.90) indicates a strong model fitness; 

however, the value obtained in this study suggests that the hypothesized model accounts for 

approximately 87% of the covariance among the constructs. This level of fit is deemed acceptable 

within the context of exploratory and behavioral research models. 

 

The model fit indices collectively indicate that the proposed PLS-SEM model attains an acceptable to 

good level of overall model fit. The SRMR value suggests the presence of minimal residual 

correlations, whereas the d_ULS and d_G values reflect the internal consistency of the model. 

Furthermore, the acceptable NFI value indicates a robust correspondence between the proposed and 

observed data frameworks. The findings indicate that the constructs and structural paths of the model 

effectively capture the observed relationships among the variables, thereby affirming the theoretical 

robustness and empirical validity of the proposed framework. This finding is consistent with the 

guidance provided by Henseler et al. (2014) and Hair et al. (2021), who emphasize that the values of 

SRMR, d_ULS, and NFI together offer a robust evaluation of overall model fit in the context of 

variance-based SEM. 
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CHAPTER 5 - FINDINGS, CONCLUSION, 

SUGGESTIONS, IMPLICATIONS & FUTURE SCOPE 

5.1 - FINDINGS: 

 
5.1.1 Findings from Demographic Analysis 

 

The results obtained during the demographic analysis demonstrate that the usage of over-the-top (OTT) 

platforms is largely predominated by younger individuals. A large proportion of the respondents that 

is equivalent to 66.8 percent of the total respondents fall within the age group of 18-25. This shows 

that the digital-savvy youth demographics are the major consumers of over-the-top (OTT) content. 

There is a very equal distribution of genders, of which 52.3% of the respondents were male and 47.7% 

were female. This makes sure that the conclusions are not biased with regard to either gender based on 

gender distribution. Concerning education, most of the respondents were either graduate or post 

graduate, implying that the use of over-the-top (OTT) services is more among the well-educated 

individuals who are more knowledgeable about digital technology. Judging by the distribution of 

occupations, it becomes obvious that the largest categories are students and private workers. 

 

This implies that the number of people using over-the-top (OTT) platforms is very high among the 

academic and working population. The analysis of the device choice shows that Smartphones are the 

most common gadget, next comes Smart TV. Such a phenomenon of personal and group viewing is 

manifested in the reality that smartphones are the most widespread device. Based on the weekly use 

patterns, most of the respondents devote less than eight hours a week on over-the-top (OTT) platforms 

and this shows that they have moderate consuming behavior. Moreover, the use of over-the-top (OTT) 

services has been accepted by a considerable proportion of users over the last year, which can be 

considered the indicator of the rapid growth and the increasing market share of the services. The chi-

square analysis is additional support that demographic data including age level, education, and 

employment have significant influence in the behavior of the over-the-top (OTT) users especially in 

terms of the devices that they use and the duration that they use it. Conversely, income is not a strong 

or consistent variable that has a relation with OTT usage behavior. 
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5.1.2 Findings from Reliability and Validity Analysis 

 

As the outcomes of the reliability and validity analysis show, one can conclude that the measurement 

model that was used in the research project is both reliable and valid. All of the constructs that were 

derived out of the questionnaire have a high level of internal consistency. They are: Performance 

Expectancy, Content Quality, Perceived Value, Social Influence, Facilitating Conditions, Hedonic 

Motivation, Price Value, Personal Innovativeness, Habit and User Intention to Adopt. The value of 

Cronbach Alpha is more than the established value of 0.70 in all of the constructs and this value shows 

a high level of reliability of the measuring scales. Similarly, the Composite Reliability values are well 

above the allowable values and this served as another indication that the constructs are consistent. 

 

The fact that the factor loading of most of the indicators is above 0.70 is a sign that the items asked in 

the questionnaires are a good measure of the constructs that they are supposed to be. Based on the 

definition of convergent validity, convergent validity is indicated when the values of Average Variance 

Extracted (AVE) of all constructs are greater than 0.50. This implies that the underlying constructs 

could have contributed a considerable proportion of variance of the indicators. The FornellLarcker 

criterion as well as the HTMT ratio also suggests the presence of the discriminant validity. Such ratios 

and criteria indicate that all of the constructs are distinct and measure different aspects of OTT adoption 

behavior. Overall, the results indicate that the measurement model can be trusted and is suitable in 

completing further structural analysis. 

 

5.1.3 Findings from Structural Model (Smart PLS Analysis) 

 

The findings of the structural model analysis show that most of the hypothesized relationships are 

statistically significant and influence the intention to adopt over-the-top (OTT) platforms in a positive 

way. The ease, accessibility, and efficiency that are provided by over-the-top (OTT) services are the 

key drivers of users as can be seen in the fact that, Performance Expectancy is the most compelling 

factor throughout all the constructions. The second most relevant predictor is revealed as Perceived 

Value which implies that consumers evaluate over-the-top (OTT) platforms according to the benefits 

received relative to the pricing of the membership. Another important role is played by the social 

influence that underlines the importance of peer recommendations, the influence of other members of 

the family and interactions on social media platforms within the process of making user adoption 

choices. 
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The quality of the material is another critical aspect that proves that the availability of information of 

high quality, diversification, and engagement could contribute greatly to the increased chances of users 

adopting over-the-top (OTT) platforms. Along with it, the impact of the Facilitating Conditions, 

Hedonic Motivation, Habit, and Price Value factors are also positive and significantly impactful, even 

though their contribution is quite insignificant. According to these data, it would seem that, though 

experience and functionality factors may have a role to play in adoption, the impact of these factors is 

subordinate to the fact of considering perceived utility and value. In its turn, personal innovativeness 

does not play a significant role in user intention. This implies that the usage of over-the-top (OTT) 

services is no longer driven by something special or the readiness to experiment with new technologies; 

instead, it has become a habit. The model has a value of R2 of 0.730, which means that the model has 

great explanatory power suggesting that a large proportion of the variation in user intention is 

accounted by constructs selected. 

 

5.1.4 Findings from Multi-Group Analysis (MGA) 

 

The findings of the Multi-Group Analysis indicate that the associations between the constructs do not 

have any statistically significant differences, in terms of gender and generational groups. As per the 

analysis results, no differences exist. Although there are minor alterations in route coefficients between 

the male and female respondents, Generation Y and Generation Z respondents, these changes are not 

found to be statistically significant. Moreover, there exist certain inconsistencies between the 

generations as well. 

 

It would seem out of this that the factors that affect user intentions to adopt over-the-top (OTT) 

platforms are always in a similar direction regardless of the different groupings of demographics. Using 

the information, a conclusion can be made that users of both gender, users of different age groups 

demonstrate similar reactions to most of the factors including performance expectations, perceived 

value, social impact, and content quality. Consequently, the behavior of taking over-the-top (OTT) 

services seems to belong to the universal type and is not sensitive to gender or age peculiarities in a 

significant way. 

 

5.1.5 Findings from Importance–Performance Map Analysis (IPMA) 

 

The findings of the Importance-Performance Map Analysis will show that the most important factor 

that affects the user intention to adopt over-the-top (OTT) platforms is Performance Expectancy. The 



156  

next important factors according to the findings are the Perceived Value and Social Influence. It may 

exist between the expectation of the user and the perceived benefits as the perceived value factor is 

rather less performing, although these aspects reveal a high degree of relevance. With this in mind, it 

is seen that over-the-top (OTT) platforms ought to improve their value propositions, especially as 

concerns price and services offered. Both Hedonic Motivation and material Quality show a moderate 

level of significance and an excellent level of performance, and it means that over-the-top (OTT) 

platforms are already working relatively well in terms of providing engaging and pleasant material.  

 

The performance of Habit, however, is very poor which means that users do not have strong habitual 

usage patterns as yet. This provides a chance of platforms to generate more user interaction by offering 

customised features and a constant stream of updated content. Innovativeness at the personal level is 

of least significance which substantiates the fact that the phenomenon of over-the-top (OTT) platform 

has become a universally accepted phenomenon and is no longer viewed as a kind of innovation 

technology. Overall, the results of the IPMA shed light on the fact that improving the user experience 

and perceived value could significantly result in the increased adoption of over-the-top (OTT) services. 

 

Table 5.1 - Summary table of findings from Hypothesis 

Hypothesis 

No 

Hypothesis 

Statement 
Findings 

 

 

 

 

 

 

 

H1 

 

 

 

 

 

Content Quality 

positively influences 

User Intention to 

Adopt OTT 

The results demonstrate that content quality exerts a 

favourable and statistically significant influence on 

users' desire to embrace OTT platforms (β = 0.143, p 

< 0.001). This indicates that people are more inclined 

to embrace OTT services when they regard the 

material as high-quality, diversified, and interesting. 

Elements such as unique material, exceptional audio-

visual quality, and diverse genres significantly 

contribute to augmenting user engagement. 

Consequently, H1 is validated, affirming that content 

is a primary catalyst for OTT uptake. 
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H2 

 

 

 

 

 

Facilitating 

Conditions positively 

influence User 

Intention to Adopt 

OTT 

The findings indicate that enabling conditions exert a 

favourable and substantial influence on user intention 

(β = 0.078, p = 0.008). This suggests that availability 

to essential resources, including devices, internet 

connectivity, technical assistance, and user-friendly 

platforms, facilitates the adoption of OTT platforms 

by users. Despite the effect being minor, it 

underscores the need of a conducive technical 

environment. Therefore, H2 is endorsed. 

 

 

 

 

 

H3 

 

 

 

 

 

Habit positively 

influences User 

Intention to Adopt 

OTT 

The research indicates that habit has a substantial 

impact on user intention (β = 0.072, p = 0.001). This 

research indicates that users who regularly interact 

with OTT platforms are likely to establish habitual 

viewing patterns, hence reinforcing their decision to 

persist in usage. OTT consumption is progressively 

integrating into consumers' everyday routines. 

Consequently, H3 is corroborated. 

 

 

 

 

 

H4 

 

 

 

 

 

Hedonic Motivation 

positively influences 

User Intention to 

Adopt OTT 

The results indicate that hedonic motivation exerts a 

favourable and substantial influence on user intention 

(β = 0.079, p = 0.001). This signifies that pleasure, 

amusement, and emotional gratification obtained via 

OTT platforms significantly impact adoption choices. 

Users have a greater propensity to utilise OTT 

services when they see them as enjoyable and 

captivating. Consequently, H4 is substantiated. 

 

 

 

 

 

H5 

 

 

 

 

 

Innovativeness 

positively influences 

User Intention to 

Adopt OTT 

The findings indicate that personal innovativeness 

exerts no significant influence on user intention (β = 

0.007, p = 0.871). This indicates that the propensity 

to embrace new technologies does not markedly 

affect OTT uptake in the present scenario. OTT 

platforms have attained mainstream status, with 

adoption no longer reliant on consumers being 

inventive or early adopters. Consequently, H5 is 
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  unsupported. 

 

 

 

 

 

H6 

 

 

 

 

 

Performance 

Expectancy 

positively influences 

User Intention to 

Adopt OTT 

The results demonstrate that performance expectation 

exerts the most significant positive effect on user 

intention (β = 0.221, p < 0.001). This indicates that 

customers are strongly inclined to embrace OTT 

platforms when they regard them as beneficial, 

convenient, and effective in comparison to traditional 

media. Attributes like ubiquitous availability and an 

enhanced viewing experience substantially increase 

adoption. Therefore, H6 is robustly substantiated. 

 

 

 

 

 

H7 

 

 

 

 

 

Perceived Value 

positively influences 

User Intention to 

Adopt OTT 

The findings indicate that perceived value has a 

substantial impact on user intention (β = 0.200, p < 

0.001). This indicates that consumers assess OTT 

platforms by weighing the expense against the 

advantages. Users are more inclined to use OTT 

services when they believe the membership cost is 

warranted by the quality of content and features 

offered. Consequently, H7 is corroborated. 

 

 

 

 

 

H8 

 

 

 

 

 

Price Value 

positively influences 

User Intention to 

Adopt OTT 

The results indicate that price value exerts a positive 

and statistically significant influence on user 

intention (β = 0.079, p = 0.018). This signifies that 

competitive pricing, adaptable subscription models, 

and cost-effectiveness significantly impact adoption 

choices. Despite its small impact, it continues to be a 

vital  element  in  price-sensitive  markets. 

Consequently, H8 is corroborated. 
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H9 

 

 

 

 

 

 

 

Social Influence 

positively influences 

User Intention to 

Adopt OTT 

The research demonstrates that social influence 

exerts a substantial and significant effect on user 

intention (β = 0.168, p < 0.001). This indicates that 

endorsements from friends and family, together with 

social media discourse, substantially influence 

individuals' choices to embrace OTT services. Social 

affirmation and social influence are crucial, 

particularly during the earliest phases of adoption. 

Therefore, H9 is validated. 

 

 

 
 

 

Table 5.2 - Summary table of Objective wise Findings 

Obj. No Objectives Findings 

 

 

 

 

 

 

 

 

 

 

 

Objective 

1 

 

 

 

 

 

 

To examine the 

influence of 

technological, 

experiential, and 

perceptual factors on 

users’ intention to 

adopt OTT platforms 

The results indicate that technological, experiential, and perceptual 

elements substantially affect consumers' inclination to embrace OTT 

services.  Performance  expectation  is  identified  as the most 

significant predictor, suggesting that customers are greatly impacted 

by the ease, accessibility, and efficiency provided by OTT services. 

The perceived value is significant, indicating that consumers 

meticulously assess the cost-benefit ratio prior to embracing OTT 

services. The quality of content plays a crucial role in adoption by 

delivering entertaining, varied, and superior watching experiences, 

while social impact amplifies user intention through peer 

endorsements and social media visibility. Moreover, experiential 

elements like hedonic motivation and habit positively influence 

adoption, suggesting that pleasure and habitual use enhance user 

engagement. Nonetheless, personal innovativeness does not 

substantially affect adoption, indicating that OTT platforms have 

attained mainstream status and are no longer reliant on users' 

propensity to explore new technology. 
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Objective 

2 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

To analyse the 

relative significance 

of individual 

predictors in shaping 

user adoption 

intentions 

The examination of path coefficients and IPMA outcomes reveals 

distinct variations in the relative significance of variables affecting 

user intention. Performance expectation is recognised as the 

paramount aspect, succeeded by perceived value and social impact, 

indicating that consumers prioritise functional advantages, cost-

effectiveness, and social endorsement while embracing OTT 

platforms. The quality of content plays a significant although 

relatively moderate influence, underscoring its value as a supportive 

element rather than the principal catalyst. Additional factors, 

including enabling circumstances, hedonic motivation, habit, and 

price value, exhibit positive albeit comparatively lower impacts, 

suggesting they augment user experience but do not serve as primary 

determinants. Innovativeness exhibits minimal impact, further 

substantiating that OTT uptake is no longer propelled by novelty. 

The data indicate that adoption decisions are predominantly shaped 

by perceived utility and value, rather than by emotional or 

technological curiosity aspects. 

 

 

 

 

 

 

 

 

Objective 

3 

 

 

 

 

 

 

 

 

To evaluate the 

moderating 

relationships of 

demographic factors 

(gender, generation) 

between predictors 

and user intention to 

adopt OTT platforms 

Multi-Group Analysis results reveal that demographic parameters, 

including gender and generation, do not significantly influence the 

associations between independent variables and user desire to 

embrace OTT platforms. Minor variations in route coefficients are 

evident among groups; however, these discrepancies lack statistical 

significance. This indicates that individuals of all genders and 

generational groups exhibit comparable reactions to critical elements 

such as performance anticipation, perceived worth, social impact, 

and content quality. The results demonstrate that OTT adoption 

behavior is uniform and pervasive across demographic divisions, 

signifying the extensive acceptance and incorporation of OTT 

platforms into daily life. Consequently, demographic variables do 

not significantly modify the impact of primary predictors on 

adoption intention. 
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Objective 

4 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

To identify key 

managerial 

implications using 

Importance–

Performance Map 

Analysis (IPMA) for 

improving user 

adoption and 

engagement on OTT 

services 

The IPMA findings offer significant management insights by 

pinpointing high-impact areas for strategic focus. Performance 

expectation is identified as the paramount aspect affecting user 

intention, suggesting that OTT platforms should prioritise 

enhancements in usability, accessibility, and the entire watching 

experience. Perceived value is identified as a significant element 

with comparatively low performance, indicating a necessity to 

improve price strategies, subscription flexibility, and value 

propositions. Social influence is essential, underscoring 

opportunities for platforms to utilise word-of-mouth, influencer 

marketing, and social engagement functionalities. The quality of 

content and hedonic motivation exhibit commendable performance, 

suggesting that platforms are effectively providing compelling 

material, albeit further enhancement is essential. Habit demonstrates 

comparatively diminished performance, indicating that platforms 

must to prioritise the development of user retention tactics, including 

personalised suggestions and continuous content delivery. The 

IPMA findings underscore that enhancing user experience and 

perceived value may substantially increase OTT uptake and 

sustained engagement. 

 

 

5.2 - RECOMMENDATIONS 

 
5.2.1 - Demographic Profile Based Recommendations. 

 

 

The results show that the use of OTT is strongly skewed towards the younger generations (18-25 years) 

and can be assumed that they are the primary adoption agents. In the case of this audience, OTT 

platforms must be about video production of the most interesting, trendy and shareable content on 

social media. It can be engaged by such features as short-format content, trending recommendations, 

interactive aspects, and influencer collaborations. Simultaneously, older age categories (26+) have a 

relatively low adoption rate, which should not be overlooked by platforms. To these users, the interface 

design can be simplified, content discoverability can be enhanced and more content with family 

Oriented and informational content can be provided to encourage adoption. 
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5.2.2 - Gender-Based Recommendations 

 

The research also found no significant differences among male and female consumers that could be 

used to create a gender-neutral approach to the platform design and critical functionality. Nevertheless, 

detailed content customization can be applied. Social platforms can use the history and data on behavior 

to suggest genre specific content without relying on generalized gender segmentation. This ensures 

that everybody is included and it does not eliminate individuality. 

 

5.2.3 - Education-Based Recommendations 

 

The findings suggest the presence of an educated audience as a large proportion of users are graduates 

and postgraduates. The OTT services must focus on the quality of content, high-quality content, 

substantive content, and diverse content which should include documentaries, foreign series, and 

education programs. Informed consumers would find it easy to value information that is in depth and 

unique, hence their investment in mentally-challenging material can enhance memory. In addition, 

advanced recommendation and algorithms can be utilized to meet special tastes. 

 

5.2.4 - Occupation-Based Recommendations 

 

Considering the fact that the student and working population is the most common user group, OTT 

platforms have to align their efforts with their lifestyle trends. Cost-effective pricing scheme, material 

that is mobile friendly, and trendy entertainment are critical elements to the students. To busy 

employees, less time-consuming content, such as short episodes, personalized playlists and stop 

watching features may enhance convenience. On demand subscriptions and offline viewing options 

could also help provide service to busy consumers. 

 

5.2.5 - Income-Based Recommendations 

 

Although the aspect of income was not regarded as a major differentiator, the pricing remains an 

essential aspect. The OTT platforms must be able to sustain fair and flexible pricing frameworks that 

will cater to different income groups. The introduction of low-price membership packages, advertising-

based schemes, and integrated telecommunication packages will be able to draw low-end customers, 
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but retain the high-end users with the high-quality services and exclusive content. 

 

 

5.2.6 - Recommendations on the use of devices. 

 

The use of smartphones and smart TVs also indicates a two-fold consumption pattern. OTT services 

need to be mobile-first optimized to ensure that they work flawlessly on smartphones with the lowest 

use of data. At the same time, the enhanced smart TV interfaces to provide the viewers with immersive 

watching experiences can support the family and group usage. The cross-device synchronization 

should be easy so that the consumer can switch across the devices without inconvenience. 

 

5.2.7 - Usage Behavior (Spending Time) Recommendation. 

 

Since most users engage in small usage (less than 8 hours a week), OTT platforms can offer an 

opportunity to increase user interest. Individualized suggestions, periodic content delivery, push 

notifications, and hand-selected suggestions are some of the techniques that could encourage users to 

become more active on the site. In order to keep recurring customers interested, platforms can add 

loyalty programs and offer special early access to content. 

 

5.2.8 - OTT (Usage Duration) Recommendations Experience. 

 

The number of new users (less than one year) is an indication of a growing industry where on boarding 

is possible. Platforms need to focus on improving user on boarding experiences based on guided 

interfaces, specific recommendations, and tenure of trials. To reduce churn, unique content, loyalty 

benefits, and enhanced customization are essential to the retention initiatives of long-term customers. 

 

5.3 - Variable wise Recommendation 

 
5.3.1 - Performance Expectancy (PEX) 

 

Since the performance expectancy has already become the most important predictor of the user 

intention, OTT platforms must centre the improvement of usability and efficiency. The platforms have 

to assure buffering-free streaming, minimal buffering, easy navigation, and fast loading of the content. 

The capabilities such as cross-device syncing, offline viewing and smart search options should be 
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Continuously improved to add to the perceived utility. Any inconvenience in the user experience will 

impact negatively on adoption, with speed optimization becoming a key objective. 

 

5.3.2 - Perceived Value (PRV) 

 

Perceived value requires immediate managerial action because of its influential effect and relatively 

underperformance. OTT platforms should increase the cost benefit equilibrium through flexible pricing 

models, subscriptions, and freemium models. Adding value, content exclusiveness, device-content 

compatibility, and customized recommendations can also justify the cost of memberships. Consumer 

impression of value can be increased through articulate information about the benefits and clear pricing 

schemes. 

 

5.3.3 - Social Influence (SOI) 

 

Such a significant effect of social influence points to the idea that social ecosystems should be 

strategically used by OTT platforms. User engagement can be enhanced by the addition of such features 

as watch parties, social sharing, and recommendation based on community. The marketing approach 

should be based on collaboration with influencers, user-generated content, and viral campaigns to 

utilize peer-to-peer adoption. Favourable reviews and ratings would be able to boost trust and social 

acceptance. 

 

5.3.4 - Content Quality (CNQ) 

 

As much as content quality is a basic requirement, it is a critical component to keeping the users 

engaged. OTT providers should invest in quality content, distinctive, and diverse content with a focus 

on regional and culturally relevant content. The continued updating of the contents, genre diversity and 

exclusivity of releases play important roles in maintaining competition. Platforms need to use data 

analytics to match content offers to user interests. 

 

5.3.5 - Facilitating Conditions (FCO) 

 

The enabling factors are facilitating circumstances, which should be maintained at all times. OTT 

systems should ensure the interoperability support on a wide range of devices, contribute to improved 

performance under low bandwidth, and provide reliable technical support. More adoption can be 
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Enhanced through the implementation of lightweight applications and adaptive streaming technologies 

to improve accessibility in rural and semi-urban areas. 

 

5.3.6 - Hedonic Motivation (HEM) 

 

Since fun and amusement are important determinants of adoption, a platform should focus on 

improving the entire watching experience. These include the elements of immersive interfaces, 

interactive capabilities, gamification, and engaging information presentation. Personalization of 

content discovery and attractively designed UI/UX can contribute to the increase in user happiness and 

emotional engagement. 

 

5.3.7 - Habit (HAB) 

 

The relative weakened effectiveness of the habit implies a possibility to increase user retention. OTT 

services need to focus on the development of addictive consumption through customized suggestions, 

auto play settings, content updates, and episode drops. On-demand notifications and tailor-made 

playlists have the potential to create a long-lasting presence, gradually building into the daily routine 

of the consumers using OTT. 

 

5.3.8- Price Value (PVL) 

 

Sensitivity to price remains a major issue particularly in the developing nations. Platforms must 

introduce price flexibility plans, including student plans, family plans, and ad-supported subscriptions. 

The short-term plans, as well as trial periods, can be used to attract new customers, whereas 

affordability can be applied to retain them on a long-term basis. 

 

5.3.9 - Personal Innovativeness (INO) 

 

Since innovativeness is insignificant, the OTTs are advised to avoid focusing on complex or 

experimental features that do not contribute value that can be discerned. The focus must be set on 

increasing the basic functionality and user experience. An innovation should be user-centric and 

practical by aiming to make it convenient and interactive instead of being novel. 
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5.3.10- User Intention to Adopt (UIA) - Strategy in general. 

 

In order to enhance user intent, OTT platforms need to adopt an integrated approach that combines 

performance effectiveness, value addition, socialization and content quality. Strategies should focus 

on not only on acquiring the users, but also on the retention of the user engagement by making 

continued improvements in the user experience. 

 

5.4 - Theoretical Implications 

 
The results of this study contribute to the understanding of the adoption of technology by demonstrating 

how OTT platforms operate in a semi-autonomous area where traditional technology usage intersects 

with the pattern of media consumption. Technology Acceptance Model (TAM) and Unified Theory of 

Acceptance and Use of Technology -3 have already pointed to the importance of the perceived 

usefulness; the current research confirms that the given basic construct still possesses a strong 

explanatory value in the context of entertainment. The high influence of performance expectancy 

suggests that users do not think about OTT platforms as just a source of leisure; they also consider the 

services as being both useful and convenient as an alternative to traditional media use, which explains 

why the perceived usefulness continues to be highly relevant in digital adoption (Davis, 1989; 

Venkatesh et al., 2003; Venkatesh et al., 2012). 

 

The results also show that adoption behavior in OTT settings goes beyond functional attributes and 

largely depends on the value perception. The great importance of the perceived value reminds us that 

the users will always make an evaluation of the benefits in comparison to the cost particularly when it 

comes to the subscription-based services. This has a lot of congruence with the Value-Based Adoption 

Model, which contextualizes adoption as a trade-off between the benefits perceptions and the costs 

(Kim et al., 2007). However, the findings show that the value perception in the OTT platforms is not 

straightforward and it includes variables like pricing, content variety, availability, and overall user 

experience. This improves the theoretical context of value in digital services, indicating that there is a 

strong interrelation between the economic and experiential aspects. 

 

The current research is a special contribution as it underlines the significance of content quality as a 

key construct. Unlike the traditional technology systems, over-the-top (OTT) platforms are content 

centric in nature. The evidence shows that quality of the content is a very important factor in 
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Determining user intention. This articulates the perspectives of the media and communication theory, 

which argues that the content engagement of audience is basically anchored on the quality and 

relevance of content (Napoli, 2011). The content quality incorporated into the framework of adoption 

can be identified as the process that links the technology acceptance theories to the media consumption 

theories and gives it the model that is more applicable to the context of digital streaming environments. 

The changes in behavior processes that were revealed during the study emphasize how deliberate use 

is shifted to routine. The significance of hedonic motivation emphasizes the fact that fun and emotional 

gratification are significant in applied entertainment technologies and support the need to include the 

experience aspect in UTAUT2 (Venkatesh et al., 2012). These experiences over time will form patterns 

of behavior that become consistent as demonstrated by the positive effect of habit on user intention. 

 

This aligns with past research that has shown that with repetitive use, cognitive load reduces, and there 

is long time engagement (Limayem et al., 2007). The correlation between fun and habit shows that the 

use of OTT services is not only a one-time decision but is a process that gradually becomes a part of 

the lives of users. 

 

The results emphasize the great impact of social influence, which makes digitally mediated social 

settings more and more relevant. Conventional theories often define social influence as a phenomenon 

which is defined by inter-personal pressure. But in the environment of over-the-top (OTT) elements, 

this power is extended to include social media interactions, online reviews and community-led 

discussions. The results of this research indicate that there is a significant influence, which means that 

the choice in terms of adoption becomes more dependent on the shared experiences of digital nature, 

and the theoretical perspective of social influence in the framework of the modern technology adoption 

is further expanded. 

 

One theoretical finding is the non-substantial influence of the human innovativeness. As opposed to 

the past ideas that the innovationists are relevant in the spread of technologies, the statistics show that 

OTTs have reached a stage where adoption is no longer reliant on the willingness of users to adopt new 

technologies. The practicality, perceived worthiness, and fulfilment experienced are the major factors 

that contribute to adoption. It marks a broader shift in the technology adoption research, in which the 

focus moved towards mainstream users rather than early adopters, hence the normalisation of digital 

platforms in everyday life. 



168  

This notion of normalization is further supported by the absence of the moderating effects on gender 

and generational difference. The findings depict that the behavioral patterns of OTT adoption have a 

high level of consistency across different groups of people, which implies that digital technologies 

have received some universal access and involvement into daily activities. This is in line with the 

modern debates that indicate that the disparities between demographics in terms of technology adoption 

are reduced as the technologies become widespread and available (Venkatesh et al., 2012; Dwivedi et 

al., 2020). 

 

When considered collectively, these findings suggest that the adoption of OTT services represents a 

complex phenomenon that extends beyond the explanatory power of conventional technology 

acceptance frameworks. Rather, it necessitates a more comprehensive framework that encompasses the 

intersection of technological utility, perceived value, content experience, and social interaction. The 

integration of these dimensions enhances theoretical comprehension and offers a comprehensive 

viewpoint on user behavior within contemporary digital ecosystems. 

 

5.5 - Practical and Managerial Implications 
 

 

Figure 5.1 – OTT Ecosystem 
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The insights that were obtained from this study go beyond the methods that are implemented at the 

platform level and give significant implications for a variety of stakeholders participating in the over-

the-top (OTT) ecosystem. These stakeholders include service providers, users, and legislators. Because 

of the linked nature of digital media consumption, it is necessary to take a coordinated strategy in which 

all participating stakeholders contribute to the improvement of the ecosystem as a whole. 

 

5.5.1 - OTT service providers and companies 

 

In the perspective of OTT service providers and companies, the findings clearly show that the 

expectancy of performance and perceived value are the two critical factors determining the adoption 

by the users. It means that platforms must go beyond content provision and focus on its ease, efficiency, 

and user-friendly experience. The platform optimization investments such as improvements in 

streaming speeds, minimization of buffering issues, and cross-device compatibility matters and is 

essential to match the expectations of users. At the same time the relatively lower performance of 

perceived value indicates that there is a difference between pricing and user expectations especially in 

price sensitive markets. Companies need to adopt flexible pricing mechanisms that include tiered 

subscription, bundled telecommunications alliances and advertising-based options to enhance 

affordability and the sense of equality. 

 

The high role of social factors suggests that OTT platforms should incorporate applications of digital 

communities, influencer marketing, and social sharing facilities strategically to increase user adoption. 

Moreover, the high impact of habit also highlights the need of strategies targeted at retention such as 

personalized recommendation, AI-driven content selection, and a continuous interaction system that 

transforms the infrequent user into an active subscriber. 

 

5.5.2 - Content creators and media producers 

 

The results indicate the importance of offering high-quality, diversified, and culturally-relevant 

material to the responsible persons in the development of content and generation of media output. 

Though the quality of the material remains a factor of note, the fact that it still remains one of the 

benchmark expectations means that the sheer presence of material is no longer enough to make a 

difference. Rather, it is based on originality, richness of the story, and setting particularity. Localized 

content and stories that appeal to their respective cultures can have significant effect on increasing user 
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Engagement and expanding the edges of the market in diverse markets like India. This also provides a 

possible opportunity to the smaller producers and production firms situated in the regional areas to 

contribute greatly to the ecosystem of over-the-top (OTT) services. 

 

5.5.3 - OTT Users 

 

The paper shows that there is a shift to consumer behavior which is more value-conscious and 

experience-driven per the view of the users. Instead of being concerned with novelty, people are also 

more likely to evaluate over-the-top (OTT) platforms by their price, convenience, and content 

relevancy. The fact that these platforms are trying to keep pace with the constantly evolving demands 

of its customers means that users of the platforms will have greater amounts of variety, competitive 

prices, and improved levels of service quality. Nevertheless, the increasing impact of habit suggests 

that the users must be aware of their consumption patterns especially with regards to binge-watching 

and time management. This particularly should be remembered when it comes to binge-watching. The 

more significant revolution in the media consuming behavior would be in the increasing adoption of 

the use of over-the-top (OTT) platforms into daily lives. This shift is defined by consumers proactively 

defining their entertainment experiences that they look at. 

 

5.5.4 - Government and Policy makers 

 

These findings reveal that there is a need to improve digital infrastructure in order to facilitate the 

incessant growth of over-the-top (OTT) between the government and policymakers. Access to high-

speed internet that is reliable remains a critical element in achieving adoption especially in semi-urban 

and rural areas. The capacity of over-the-top (OTT) services can be considerably extended through the 

introduction of the policies promoting cheap access to data and digital inclusion. Moreover, with the 

current trend of over-the-top (OTT) platforms, there is an increased need to have regulatory 

frameworks that are well balanced and will guarantee fair competition, diversity of content and 

consumer protection without choking innovation. In order to make the digital ecosystem remain 

trustworthy and sustainable, one will have to address issues related to the security of personal data, the 

moderation of content, and the safeguarding of intellectual property rights. 
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5.5.5 - Industry perspective 

 

The results point toward the importance of cooperation in the perspective of an industrial ecosystem, 

Comprising the members, like technology partners, and telecommunications services suppliers. The 

bundled services can be perceived as adding over-the-top (OTT) subscriptions to either mobile or 

internet plans and this can be enhanced, which consequently encourages adoption. Scalable cloud 

infrastructure, potent analytics, and AI-based tools of user Personalization are vital prerequisites of 

high-quality user experiences. Over-the-top (OTT) platforms can be supported by technology providers 

through the provision of these features. 

 

Overall, the implications according to the stakeholder perspective are that the success of over-the-top 

(OTT) platforms will depend upon a concerted effort where companies focus on improving the user 

experience and value, content creators focus on differentiation and relevance, users focus on conscious 

use of digital media, and policymakers focus on creating an enabling and balanced environment in 

regard to regulation. This combined approach is also required as a means of sustaining development 

and competitiveness in the over-the-top (OTT) environment, which is constantly changing and 

expanding. 

 

5.6 - SOCIAL IMPLICATIONS: 

 
5.6.1-  Implications for Policy and Digital Media Governance 

 

The earlier sections focus on the management goals of OTT service providers, although the results of 

this research also hold significant consequences for policymakers and regulatory entities overseeing 

India's digital media landscape. As the integration of OTT services deepens in daily consuming habits, 

the legal framework governing these platforms need a more coherent alignment with the behavioral, 

technical, and structural elements highlighted in this study. 

 

Content Regulation and Platform Accountability 

 

India's OTT industry presently functions under a self-regulated system - the Digital Media Ethics Code 

(2021) - instead of a cohesive regulating authority similar to those overseeing conventional broadcast 

media. The results of this research indicate that content quality and perceived value are crucial 

determinants of adoption intention, implying that erratic content standards or unforeseen regulatory 
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actions may jeopardize the elements fostering platform confidence and user involvement. Policymakers 

can contemplate the establishment of more explicit and uniformly applied content categorization 

standards that reconcile artistic liberty with audience safeguarding, thereby diminishing the uncertainty 

that now defines platform-specific self-regulation. 

 

Data Privacy and Algorithmic Transparency 

 

The increasing dependence on AI-based customization and recommendation systems - fundamental to 

the technological aspects analyzed in this research - prompts concurrent governance inquiries around 

data protection and algorithmic transparency. As platforms amass more detailed behavioral data to 

enhance recommendation systems, legislators might need to fortify data protection regulations tailored 

to streaming and entertainment services, guaranteeing that users maintain significant authority over the 

collection, storage, and utilization of their viewing data for algorithmic customization. 

 

Digital Infrastructure and Equitable Access: 

 

The results on the influence of technological and infrastructural elements on adoption intention also 

have governance ramifications that extend beyond content and data policy. The ongoing urban-rural 

digital disparity highlighted in this study indicates a sustained need for policies like Digital India to 

enhance accessible broadband and mobile networks in neglected areas. In the absence of continuous 

infrastructure investment, the demographic and regional inequalities in OTT adoption shown in this 

research are expected to endure, hindering the sector's capacity to fairly serve India's populace. 

 

Toward a Coherent Digital Media Governance Framework: 

 

Collectively, these results indicate that India's OTT governance framework might improve with a more 

unified approach - one that systematically tackles content standards, data protection, and infrastructural 

parity, instead of relying on disjointed, platform-specific self-regulation. This framework would 

safeguard consumer interests while simultaneously promoting the long-term viability and credibility 

of the industry by cultivating the essential conditions of trust, accessibility, and perceived value 

identified in this study as crucial for user adoption. 

5.6.2 - Societal and Behavioral Impact of OTT Services: 

 

The rapid development of OTT platforms as stressed in the present study represents a broader change 

in the way users approach media and online information. According to the results, the convenience, 
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value, and social influence are an increasingly active driver of OTT services use, with significant 

implications to society behavior and cultural trends. 

 

One of the most important social impacts that has taken place in the recent years is the shift towards 

collective to individualized media consumption. Conversely, the over-the-top (OTT) services allow a 

person to experience personalized viewing using personal gadgets like smartphones, unlike the usual 

family viewing often done on the television. Perhaps, this shift can narrow down the scope of mutual 

socialization that takes place within families, yet it will enhance the freedom of users and the choice 

of content. Simultaneously, the launch of a service such as watch parties, and sharing of content, proves 

that digital platforms are redefining, and not eliminating, a communal viewing experience. 

 

 

The research emphasizes the increased importance of online communities and peer-based consumerism 

by pointing at the high role played by social influence in shaping the consumer purchasing behaviors. 

It is increasingly becoming usual that users are influenced by the recommendations of their friends, 

trends on the social media as well as discussions on the internet. 

Popularity is shaped collectively and thus, to such phenomena as the binge-watching trends and viral 

shows at Netflix. Although this promotes community participation and the experience of other cultures, 

this can also result in herd behavior and the fear of missing out (FOMO), which affect the watching 

behavior of users, not just their own tastes. 

 

Another important conclusion that can be made out of this discussion is the development of the routine 

consumption behaviors. The data shows that the consumption of the over-the-top (OTT) is becoming 

more and more embedded in the daily life of consumers. Although this renders entertainment and 

accessibility more accessible, it also gives cause to concern over overuse of the screen and behavior 

that contains binge viewing. Prolonged exposure to over-the-top (OTT) services can possibly impact 

productivity, sleeping and overall well-being, especially among younger users. This implies that more 

awareness regarding the consumption of media mindfully should be addressed. 

 

Besides, the paper highlights the importance of cultural representation and content diversity. OTT 

platforms provide a chance to expand audiences to regional and specialty content, thus leading to the 

inclusion and representation of a culture. This can lead to the growth of cultural identification and 

provide an avenue in which voices that are generally underrepresented are heard. The international 

nature of over-the-top (OTT) content, in its turn, is associated with the risk of cultural homogeneity, 
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where the overwhelming international discourses could ruin local norms and values. 

 

The sociological aspect of over-the-top (OTT) platforms contributes to the democratization of 

entertainment by providing people with high quality content and is accessible to people with different 

social economic backgrounds. Due to the relatively low responsiveness of income to adoption, it seems 

to be the case that the over-the-top (OTT) services are becoming increasingly accessible. This is 

supported by the data that is cheap and prices schemes flexible. Such an enhanced access can 

potentially shatter the entertainment industry barrier and enhance digital inclusiveness. 

 

At the same time, the growth of dependence on digital platforms also brings concern about the privacy 

of data and the reliance on the digital technology. The issue of data security and ethical use is becoming 

more critical due to the over-the-top (OTT) services that obtain user data to enhance Personalization. 

In the name of ensuring the trustworthiness of the users, there is need to ensure transparency and proper 

data practices. 

 

Generally, the conclusions indicate that over-the-top (OTT) platforms are not just Technological 

Innovations, but also social systems whose existence can influence the manner in which individuals interact 

with each other, acquire knowledge, and form cultural connections. Despite the reality that they place new 

challenges in regard to behavioral patterns, social connection, and online well-being, they also have 

significant advantages in regard to accessibility, Personalization, and interactivity. To combat these 

ramification, a holistic approach that encompasses the users, platforms and politicians, must be put in place. 

 

5.7 - CONCLUSION 

 
Having a special focus on the integration of the technological, experiential, and perceptual factors into 

a holistic theoretical framework, the present study was conducted with the aim to explore the factors, 

which affect the willingness to accept Over-The-Top (OTT) platforms in users. The foundation of this 

study was provided by the rising importance of over-the-top (OTT) platforms in the digital 

entertainment environment as it was suggested in the introduction chapter, which highlighted the shift 

towards the post-traditional media consumption experience and towards flexible, on-demand, and user-

centric viewing experiences. The study was done within the framework of the clearly defined aims, 

and the objective was to learn not only about the determinants of adoption, but also about the relative 

importance of these determinants, and the moderating effects, and implications that the study will have 

in practice on the stakeholders. 
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The literature review was capable of developing a strong theoretical base through the synthesis of 

insights of the available models, including the Technology Acceptance Model (TAM), the Unified 

Theory of Acceptance and Use of Technology (UTAUT/UTAUT2) and the views of the media 

consumption and behavioral theories. Although conventional frameworks can explain functional 

aspects of technology adoption quite well, this synthesis enabled the realization that the conventional 

models need to be extended to a contextual level to explain the experience and content-based nature of 

over-the-top online technology platforms. This made the research offer a comprehensive framework 

that encompassed the concepts of content quality, perceived value, hedonic motivation, habit, and 

social impact. This was to fill the divide between the literature on the adoption of technologies and the 

literature on consumption of digital media. 

 

A systematic and empirical approach of assessing the proposed model was provided in the paragraph 

on research methods. A quantitative study method was determined and a structured questionnaire, 

which was developed on the basis of the measurement scales, was utilized to gather primary data on 

998 respondents. In conducting the data analysis, the study made use of the Partial Least Squares 

Structural Equation Modelling (PLS-SEM) with SmartPLS. This approach made the data reliable both 

with regard to measurement and evaluation of structural model. Reliability and validity assessments 

indicated that reliability measurement of the dimensions was reliable. In addition, advanced techniques 

like Multi-Group Analysis (MGA) and Importance-Performance Map Analysis (IPMA) were applied 

in an attempt to provide deeper information on the moderating factors, and management priorities. 

 

The experimental data that explained the recommended model was provided in the part that entailed 

the data analysis. The study indicates that the highest determinants that dictate the intention of a user 

to utilize the over-the-top (OTT) platforms include user performance expectations, perceived value 

expectations, and social influence expectations. Some other variables such as content quality, hedonic 

motivation, habit and price value were found to possess significant beneficial effects, although the 

impact of these variables was quite low. Personal innovativeness, in turn, did not demonstrate a 

significant impact, which is why the introduction of over-the-top (OTT) services is no longer a 

phenomenon motivated by innovation but a behavioral pattern that is more widespread in the 

mainstream society. The extent of variance in user intention which could be attributed to the specified 

predictors was very high which proved the fact that the model is characterized by a high degree of 

explanatory power. Moreover, the lack of significant moderating influence of gender and age 

difference showed that the behavior of an individual with regard to adoption of over-the-top (OTT) 
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services remains the same in all the demographic groups. 

 

 

Considering all these data, the study concludes that the use of over-the-top (OTT) services is a 

phenomenon that is complex and constantly evolving. It is shaped through a combination of functional 

effectiveness, value perception, social bondage and experience. No longer are the tech-specifics the 

primary motivating force behind users, but instead, it is the effectiveness, with which platforms bring 

convenience, low prices, and meaningful content experiences that tend to get people excited. The shift 

of primary acceptance to habitual use is additional confirmation that over the top (OTT) tools are 

integrated into the daily life of the consumer as a matter of fact, which is indicative of a broader 

revolution in the behavior of digital consumption. 

 

The paper highlights the reality that over-the-top (OTT) services are positioned at the intersections of 

technology, media, and society since it is a more holistic way of addressing the issues. Their success 

depends on their ability to integrate performance, value, content, and social interaction in an ecosystem 

that is coherent. Although technology infrastructure is under consideration very crucial, the results 

underline the reality that user experience, perceived benefits, and unceasing engagement are the drivers 

of long-term sustainability. 

 

To sum up, this study provides a deep and empirically validated understanding of the adoption of over-

the-top (OTT) services through the integration of the theoretical concepts and real-life information. By 

proving that the future of over-the-top (OTT) platforms lies in delivering not only content but also a 

holistic, value-driven, and social-connected consumer experience, it contributes to both the scholarly 

literature and the practice in the industry at one and the same time. With the further development of 

the consumption of digital content, the platforms that can effectively adjust to the complex needs of 

their users will have a greater chance of reaching sustainable development and be able to compete 

efficiently. 

 

5.8 - FUTURE SCOPE AND LIMITATIONS 

 
5.8.1 – Limitations 

 

In spite of the fact that the current study provides great insights into the behavior of over-the-top (OTT) 

implementation, there are several limitations, which can be prone to, when interpreting the findings. 

The area of the research is also limited, as the information was collected in one specific place, which 
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is one of the main limitations. This can create a challenge in generalizing the results to other settings 

in different cultures or economies. Another benefit of cross-sectional study approach is that it enables 

the researcher to see what the users are doing at this single point in time, and the trends of usage of 

over-the-top (OTT) services are dynamic and constantly evolving. There is also the threat of the 

response bias, as the information that is self-reported is not necessarily the appropriate reflection of the 

actual behavior of the participants. 

 

Also, the study focuses on specific constructs, i.e., performance anticipation, perceived value, quality 

of content, and social impact. The study did not cover other factors, which may be theoretically 

significant, like psychological factors, content preferences and platform-specific features. Regardless 

of the fact that advanced quantitative tools like PLS-SEM were applied, the absence of qualitative 

understandings prevents the formation of a deeper understanding of the reasons and outcomes of user 

experiences. Such limitations are the cause to be concerned about the significance of being cautious 

When interpreting the data and precondition the further research, which can be constructed on the basis 

of the analysis and expands its area. 

 

 

5.8.2 - Future Research Avenues - 

 

Future Research Avenues 

 

While this study offers meaningful insights into the technological, experiential, and perceptual 

determinants of OTT adoption in India, several avenues remain open for future research to extend and 

deepen this understanding. 

 

Longitudinal Studies 

 

This research employs a cross-sectional framework, assessing user perceptions and adoption intentions 

at a certain moment. Considering that OTT consumption patterns change as platforms develop, content 

collections grow, and pricing strategies alter, further studies might gain from a longitudinal 

methodology – monitoring the same users' adoption intentions and actual use behaviors over various 

time intervals. This would enable researchers to differentiate between the initial motivators for 

adoption and the elements that promote enduring engagement and loyalty, a dimension that the cross-

sectional methodology of this study cannot adequately explore. 
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AI-Powered Recommendation Systems 

 

As platforms progressively depend on AI and machine learning for tailoring content suggestions, 

forecasting watching inclinations, and enhancing user interaction, forthcoming research could 

investigate the unique function of algorithmic customization as a separate element in adoption 

frameworks. This would surpass the overarching technology elements encompassed in UTAUT3, 

providing a more detailed insight into how AI-driven customization uniquely influences user trust, 

happiness, and ongoing platform engagement. 

 

Trust Mechanisms 

 

This research did not specifically conceptualize trust as an independent variable, even tho it is probably 

pertinent to the uptake of OTT services - especially in light of increasing apprehensions over data 

privacy, algorithmic clarity, and platform dependability. Subsequent investigations might integrate 

trust-comprising aspects like platform trust, data privacy trust, and content authenticity trust-as a direct 

predictor or a mediating variable in the adoption framework, thereby providing enhanced 

understanding of the interplay between trust and the technological, experiential, and perceptual 

elements analyzed herein. 

 

Comparative Interstate or Cross-Cultural Studies 

 

Considering India's considerable linguistic, cultural, and socio-economic variety, the results of this 

study may not be universally applicable to all areas and demographic groups. Future investigations 

may employ a comparative framework - analyzing adoption trends across various states, linguistic 

areas, or urban-rural settings within India - to discern regional discrepancies in the determinants of 

OTT uptake. Furthermore, cross-cultural research contrasting Indian OTT adoption trends with those 

in other emerging or developed countries may aid in determining the applicability of the UTAUT3-

based paradigm beyond India. 

 

The findings of the current research leave several potential paths of further research in the framework 

of the rapidly evolving ecosystem of over-the-top firms. Longitudinal research designs are a critical 

field that needs to be sought to explore the changing behavior of the users with time. This is particularly 

important as regards to undergoing transition of first adoption to long term engagement and devotion. 

It would be better to increase the breadth of the study by using cross-cultural or cross-country studies 

to ascertain the generalizability of the findings. This would also provide more in-depth information 
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regarding the influence of the cultural, economic, and regulatory variables on the trends of over-the-

top (OTT) adoption. 

 

 

It is possible to study the impact of advanced technologies on the behavior of the user in the future. 

Artificial intelligence, recommendation systems, and Personalization algorithms are some of the 

examples of such technologies. To make a contribution to the theoretical and practical knowledge, it 

would be useful to explore the impact of these technologies on the discovery of information, user 

happiness, and habit development. Moreover, it is possible to explore psychological and behavioral 

factors, including the predisposition to binge-watching, the digital well-being condition, and the 

broader social consequences of the over-the-top (OTT) consuming behavior, to a considerable extent. 

 

 

Even more so, to build an even more comprehensive model of over-the-top (OTT) adoption, future 

research may incorporate additional characteristics like brand loyalty, switching behavior, subscription 

fatigue, and use of multiple platforms. The employment of mixed-method techniques, i.e. the 

combination of quantitative and qualitative techniques, would lead to the development of more detailed 

results regarding the experiences and motivations of users. The use of complex analytical tools like 

machine learning and big data analytics could be used to further enhance predictive capabilities and 

expose complex behavioral patterns in the use of digital media. 
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APPENDIX – A 

SURVEY QUESTIONNAIRE 

 

I am VAGHELA NILRAJSINH JAYENDRASINH, a Ph.D. student enrolled at Gujarat 

Technological University, Ahmedabad. The data is being collected solely for research on “A Study 

of the Factors Affecting the Intention to Subscribe to OTT Services in Gujarat.” The information 

provided will be kept strictly confidential and will not be shared with any individual or 

organization. 

 

 

ENTRY LEVEL QUESTION: 

 

Are you using any OTT Platforms? 

[ ] Yes [ ] No 

 

 

BASIC INFORMATION (Confidential) 

 

Name:    

Email:   
Phone:    

 

Gender: 

[ ] Male  [ ] Female 

Age Group: 

[ ] 18–21 

[ ] 22–25 

[ ] 26–35 

[ ] Above 36 

Annual Income: 

[ ] Below 1,00,000 

[ ] 1,00,000 – 3,00,000 

[ ] 3,00,000 – 5,00,000 

[ ] 5,00,000 – 7,00,000 

[ ] Above 7,00,000 

Education Level: 
[ ] Undergraduate 
[ ] Graduate 

[ ] Postgraduate 

[ ] Professional 

[ ] Other 

Occupation: 

[ ] Self-Employed 
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[ ] Private Employee 
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[ ] Government Employee 

[ ] Student 

[ ] Homemaker 

[ ] Retired 

[ ] Others 

OTT Platforms Subscribed: 

[ ] Netflix 

[ ] Amazon Prime 
[ ] Disney+ Hotstar 
[ ] SonyLIV 

[ ] ZEE5 

[ ] JioCinema 

[ ] Others 

 

 
1. Which device do you prefer most to use OTT apps? 
[ ] Smartphone 

[ ] Smart TV 

[ ] Laptop 

[ ] Tablet 
[ ] Desktop Computer 

[ ] Streaming Device 

[ ] Other 

 

 

2. What features do you like the most in OTT apps? 

[ ] Wide Content Variety 

[ ] High-Quality Streaming 

[ ] Offline Viewing 

[ ] Personalized Recommendations 

[ ] Multiple User Profiles 

[ ] Ad-Free Option 

[ ] Cross-Platform Sync 

[ ] Customizable Subtitles 

 

 
3. How much time do you spend weekly on OTT platforms? 
[ ] Less than 5 hours 

[ ] 5–8 hours 
[ ] 9–12 hours 

[ ] 13–16 hours 
[ ] 17–20 hours 

[ ] More than 20 hours 
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4. What are the main reasons for using OTT platforms? 

[ ] Entertainment (Movies, TV Shows) 

[ ] Original Content 

[ ] Convenience (Anytime, Anywhere) 

[ ] Cost 

[ ] Variety of Content 

[ ] Recommendations 

[ ] Other 

 

 

5. You have been using OTT platforms since: 

[ ] Less than 6 months 

[ ] 6 months – 1 year 

[ ] 1–3 years 

[ ] 3–5 years 

[ ] More than 5 years 

 

 

LIKERT SCALE: 

(1 = Strongly Disagree, 7 = Strongly Agree) 

 

 

1. Personal Innovativeness 

[1][2][3][4][5][6][7] 

 

- I’d like to be one of the first to experience new things. 

- I’d like to experience a new internet function or service. 

- I think I’m a creative person. 

- I usually try new internet services before others. 

 

 

2. Facilitating Conditions 

[1][2][3][4][5][6][7] 

- I have the resources necessary to use OTT platforms. 

- I have the knowledge necessary to use the platform. 

- The platform is compatible with other systems I use. 

- Assistance is available when I face difficulties. 

 

 

3. Price Value 

[1][2][3][4][5][6][7] 

- OTT apps are reasonably priced. 
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- OTT apps offer good value for money. 

- At the current price, OTT apps provide good value. 

 

 

 

4. Habit 

[1][2][3][4][5][6][7] 

 

- Using OTT services is natural for me. 

- Using OTT services has become automatic. 

- Choosing OTT is my habit for watching content. 

- I find OTT the easiest wayto watch content. 

- I prefer OTT over other alternatives. 

 

 

5. Social Influence 

[1][2][3][4][5][6][7] 

- I would consider paying if others around me do. 

- Paying for OTT improves my social image. 

- Paying helps me connect with others. 

 

 

6. Hedonic Motivation 

[1][2][3][4][5][6][7] 

- Using OTT platforms is fun. 

- Using OTT platforms is enjoyable. 

- Using OTT platforms is entertaining. 

 

 

7. Performance Expectancy 

[1][2][3][4][5][6][7] 

 

- OTT platforms are useful for accessing information. 

- They help me access information quickly. 

- They improve my productivity. 

- They help me get timely information. 

 

 

8. Perceived Value 

[1][2][3][4][5][6][7] 

 

- Paid OTT improves viewing experience. 

- Paid OTT provides better access to content. 
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- Paid OTT increases enjoyment. 

- Paid OTT makes life convenient. 

 

 

9. Content Quality 

[1][2][3][4][5][6][7] 

- OTT provides unique and entertaining content. 

- OTT offers global content variety. 

- OTT provides regional/local content. 

 

 

10. Purchase Intention 

[1][2][3][4][5][6][7] 

 

- I intend to pay for OTT services. 

- I will continue purchasing OTT services. 

- I would recommend OTT services to others. 
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